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 This is by far the easiest page to write, but I saved it for the last.  The reason for this is 
simply the fact that I have needed to return several times to the counsel and companionship 
offered by Jesus throughout this process.  I have needed to keep the promise of Philippians 1:6 
especially close by (“[H]e who began a good work in you will be faithful to complete it”).   
Charles Spurgeon, the famed preacher, has reminded me that “by perseverance the snail reached 
the ark.” 
“I have been crucified with Christ; it is no longer I who live, but Christ lives in me; and 
the life which I now live in the flesh I live by faith in the Son of God, who loved me and gave 
Himself for me” (Galatians 2:20).  Some will see this moment as a crowning achievement and, 
likely, as a surprise coming from a student who unceremoniously earned an academic suspension 
during his first year of college.  Should this be a crown, I lay it down at the feet of Jesus; should 
it be a surprise, I urge you to personally explore what surprising thing(s) God can do in your life 
when yielded to Him. 
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ABSTRACT 
  
 College completion agendas necessarily presume year-to-year student persistence.  
Institutional efforts to retain admitted students has emerged for a variety of reasons, some 
intrinsic and others extrinsic. Some of these reasons include (1) financial exigency as institutions 
strive to retain tuition-paying students or meet prescribed enrollment and retention criteria 
currently used in performance funding strategies; (2) reputation enhancement as institutions 
attempt to ascend annual publications such as the U.S. News & World Report which rely on 
retention rates as one of several indicators used to measure institutional quality; (3) gaining a 
perceived advantage in admissions, marketing, and fundraising as persistence rates have, for 
better or worse, become a  de facto measure of quality undergraduate programs; and (4) mission 
fulfillment as institutions, especially public institutions, are tasked with contributing towards 
broadly cast social goals such as access to education, economic competitiveness, and community 
development.  Knowledge about forces that impact student attrition is critical to the development 
of preventative strategies that seek to improve student persistence rates.  One such environmental 
force that has an impact on student persistence is financial aid and a student’s ability to pay for 
their college education.  While research examining the impact of financial aid on student 
persistence has accumulated over the years, little is known about how the loss of certain types of 
aid, specifically, state-based merit aid, affects students once they enroll in an institution.  The 
majority of studies about financial aid’s impact on student persistence were conducted prior to 
the establishment of many state-wide merit scholarship programs. 
 viii 
 Tinto’s (1975, 1986, 1993) interactional theory of student departure serves as the 
theoretical framework employed in this study. Tinto (1975) states that entering college students 
bring with them specific background characteristics and initial commitments that influence the 
student’s social and academic integration at the institution that, in turn, impact subsequent 
institutional and goal commitments and, ultimately, persistence.  This study intends to examine 
pre- and post-matriculation data gathered through the admissions and financial aid processes to 
develop predictive models useful in calculating the probabilities associated with Bright Futures 
scholarship retention, institutional persistence after losing a Bright Futures scholarship award at 
the conclusion of a student’s first year of enrollment, and a student’s eligibility to recapture a 
Bright Futures scholarship award in their third year of enrollment.  Data was collected passively 
from institutional databases on 2,418 students meeting the study criteria for inclusion in the 
model building process.  Findings indicate that the models developed throughout the course of 
this study hold potential for informing institutional retention initiatives among Bright Futures 
scholarship award recipients.  
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CHAPTER ONE:  
INTRODUCTION 
Two important objectives of higher education institutions are to provide access to 
postsecondary education and to reduce rates of departure once students are enrolled.  Institutional 
attention to persistence rates has emerged for a variety of reasons, some intrinsic and others 
extrinsic.  Some of these reasons include (1) financial exigency as institutions strive to retain 
tuition-paying students or meet prescribed enrollment and retention criteria currently used in 
performance funding strategies; (2) reputation enhancement as institutions attempt to ascend 
annual publications such as the U.S. News & World Report which rely on retention rates as one 
of several indicators used to measure institutional quality; (3) gaining a perceived advantage in 
admissions, marketing, and fundraising as persistence rates have, for better or worse, become a  
de facto measure of quality undergraduate programs; and (4) mission fulfillment as institutions, 
especially public institutions, are tasked with contributing towards broadly cast social goals such 
as access to education, economic competitiveness, and community development (Eckel & King, 
2008).  Knowledge about forces that impact student attrition is critical to the development of 
preventative strategies that seek to improve student persistence rates.  One such environmental 
force that has an impact on student persistence is financial aid.  Loss of aid and, likewise, loss of 
an ability to pay, can impact student persistence and contribute to departure (Cabrera et al., 1990, 
1992; St. John, 1990; St. John, Paulsen & Starkey, 1996; St. John, Cabrera, Nora & Asker, 2000; 
Stampen & Cabrera, 1988; Tinto, 1993).   
2 
Historically a large share of student aid for postsecondary institutions was need-based 
with the objective of increasing both access and choice.  Merit-based aid constituted a relatively 
small fraction of total student financial aid, being largely confined to individual institutions’ 
attempts to attract academically proficient students and those students with differentiated skills 
and/or attributes.  However, since the early 1990s there has been a radical transformation in 
student financing as many state governments have committed millions of dollars to merit aid 
(Baum, McPherson & Steele, 2008; McClinton, 2004).  These programs, popular with both 
legislators and voters, provide for half—and in many cases, nearly all—of the tuition costs at 
participating public institutions for students who become eligible based on academic merit (Borg 
& Borg, 2007).  The Florida Bright Futures Scholarship Program is an example of this shift in 
the way students finance their higher education.  In advocating for Florida’s merit-based 
scholarship program, supporters claimed Florida Bright Futures would increase access to higher 
education for academically talented, low-income students; reward academic achievement; 
encourage Florida high school students to continue their postsecondary education within the 
State; and provide an incentive to complete degree programs “on time” (McClinton, 2004; 
Zhang, 2011; Zhang & Ness, 2010).  This Program contains three levels of awards: the Florida 
Academic Scholars Award (FAS), Florida Medallion Scholars Award (FMS) and the Florida 
Gold Seal Vocational Scholars Award (GSV).  These three awards use different eligibility 
criteria and provide different levels of financial support.  In addition to the three previously 
mentioned award categories, Florida has designed the Academic Top Scholars (ATS) program, 
which provides a select number of FAS students ranked highest within their geographic region 
with a secondary award.  High school grades and SAT/ACT scores are used to initially qualify 
for the Bright Futures Award.  Subsequent college grades and credit hours earned are considered 
in scholarship renewal. 
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The Florida Bright Futures Scholarship Program, administered by the Office of Student 
Financial Assistance-Florida Department of Education, accepted initial applications from 65,253 
eligible students, funding 53,800 students in 2010-11 (82.5 percent) of which 1,342 (2.5 percent) 
received GSV awards, 40,957 (76.1 percent) received FMS awards, 11,501 (21.4 percent) 
received FAS awards and 65 high performing Florida students received an additional ATS 
award.  Between 2006-07 and 2010-11 the Florida Academic Scholar award program grew 24.3 
percent (disbursing more than $127.3 million in 2010-11), the Florida Medallion Scholar award 
program grew 18.5 percent (disbursing more than $290.9 million in 2010-11) and the Florida 
Gold Seal Vocational Scholars award program grew at a rate of 95.5 percent (disbursing a little 
less than $4.7 million in 2010-11).  The Florida Bright Futures Scholarship Program has 
experienced steady growth over the last five years providing merit-based awards to nearly 
180,000 students (a 20.5 percent increase when compared against 2006-07 recipients) and 
disbursing more than $423.27 million (a 22 percent increase when compared against 2006-07 
disbursements). 
Statement of the Problem 
College and university administrators unable to identify students who are likely to leave 
college before completing a degree risk heightened criticism from constituents who interpret an 
institution’s retention rate as a measure of success.  A student’s inability to pay for college is a 
matter that concerns students, parents, and government leaders.  Without financial aid, many 
students face either a lack of or limited access to affordable educational or workforce 
development opportunities.  The introduction of the Florida Bright Futures Scholarship Program 
in 1997 was welcomed by many as a means to access postsecondary education, to contribute to 
an array of goals that enhance the State’s competitive position as a significant player in the 
knowledge economy, and to curb interstate student migration, popularly referred to as a “brain 
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drain.”  The popularity of the State-sponsored program has propelled it to become the second 
largest merit based program in the Country, following Georgia’s Helping Outstanding Pupils 
Educationally (HOPE) Scholarship.  The Program’s sustained popularity has coincided with a 
protracted economic downturn causing many to question whether or not the current benefits and 
award structures are resilient in the face of these challenges (Mckinney, 2009). 
During the 2010 Florida Legislative Session the Florida Bright Futures Scholarship 
Program was amended to incorporate some conservative guidance for the Program now in its 
fourteenth year in operation.  These amendments have the potential to impact the more than 
150,000 Florida high school students who graduated in 2010-11; and include: 
a. The specification of Florida Bright Futures Scholarship Program award amounts per 
credit hour (versus a percentage of tuition, as initially designed);  
b. The provision of funding for one term of graduate study (not to exceed 15 semester 
hours) at the undergraduate rate for those Florida Academic Scholars and Florida 
Medallion Scholars earning a baccalaureate degree within seven semesters or fewer; 
c. Clarifications about renewing and restoring the Bright Futures award, specifically that 
students may receive funding up to 100 percent of the required hours for their 
program of study, that the only condition under which a lost Bright Futures award 
could be restored is due to an insufficient grade point average in the first year of 
funding, and that students would be removed from the scholarship program if the 
award is lost due to insufficient hours in the first year of funding; 
d. The provision and statement of intent to increase SAT/ACT test scores for initial 
Florida Academic Scholars and Florida Medallion Scholars awards on an incremental 
basis over the next three years; and 
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e. The limiting of student eligibility by which they may receive funding through the 
Bright Futures Program for up to five years after high school graduation instead of 
seven years. 
These amendments continue to reward academic achievement while also providing 
incentives favoring full-time enrollment, four-year college completion and immediate college 
entry following high school graduation.  In addition to these incentives, the 2010 Legislature 
expressed its intent to increase the academic eligibility criteria (as it relates to SAT/ACT test 
scores) and the importance of decoupling the award amount from a percentage of tuition (as it 
was historically stated) to its current per credit hour increment.   
The Florida Bright Futures Scholarship Program was created in the 1990s, alongside as 
many as twenty-three states similarly implementing or modifying their merit aid programs, when 
state economies were robust.  According to data reported by the National Association of State 
Student Grant and Aid Program (NASSGAP), there was a nationwide increase in merit-based 
state financial aid from 2005-06 to 2009-10.  However, state budget shortfalls have resulted in 
cuts to individual merit-based aid programs since 2009-10.  Florida’s Bright Futures Program 
could soon find itself in a similar quandary due to the economic downturn which began in 2008 
unless action is taken to curb program costs.  In 2009, the Florida Legislature authorized public 
universities to raise tuition by up to fifteen percent a year in an attempt to close the gap in State 
support through the appropriation process.  This response, unpopular with students, parents and a 
number of other public constituents, was permitted until the State’s historically low tuition 
catches up to the national average.  As the Florida Legislature and State universities increase 
tuition, the value of the Bright Futures Scholarship continues to depreciate—covering a smaller 
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proportion of a student’s costs of attending—placing an increasing number of students at risk of 
departing college prior to completing their degrees. 
The effects of losing merit-based financial aid, such as Florida’s Bright Futures 
Scholarship program, on student persistence is multi-faceted and reflects a wide diversity of 
challenges for Florida’s higher education institutions, students and their families and public 
policy officials.  This research reflects the conditions present when the study cohort entered their 
first year of college in the fall of 2009.  
Completing college, a central concern of institutions, government and society, continues 
to serve as a primary justification for financial aid programs, merit-based financial aid programs 
included.  An additional layer of complexity has been introduced in recent years as state 
governments, particularly in Florida, have sought effective means by which they might incent 
students towards completing degrees in fields such as science, technology, engineering and 
mathematics (STEM Disciplines).  Majors within these disciplines are linked to the emerging 
careers that are thought to usher in and propel a knowledge economy.  As Florida competes for 
the establishment and relocation of industry, a well-educated citizenry will surely aid these 
efforts (Hu, 2008; Hickman, 2009). 
Need for the Study 
 A number of student persistence studies have examined the interaction between students 
and institutions.  As the retention rate continues to be viewed as an indicator of institutional 
success, student satisfaction and, to an extent, the college experience, it is important for higher 
education practitioners to better understand the forces that impact student persistence.  One such 
environmental force that impacts student persistence is financial aid.  Loss of aid and likewise, 
loss of an ability to pay, can impact student departure (Cabrera et al., 1990; Cabrera et al., 1992; 
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Dynarski, 2003; Stampen & Cabrera, 1988; Tinto, 1993).  A common characteristic of many of 
these studies is that they divide students into aided versus unaided groups with varying financial 
backgrounds.  Another commonly held belief from the literature is that the weighting of costs of 
attendance fundamentally shapes a student’s economic orientation toward departure from an 
institution.  Cabrera et al. (1990) asserted this view, stating that a student’s ability to pay 
constitutes a type of student characteristic that impacts his or her initial commitment to an 
institution.  Initial commitments to the institution affect the student’s perceptions of the 
institution’s commitment to the student and the opportunities for social involvement at the 
chosen institution (Braxton et al., 2004).  Similarly, ability to pay can help or hinder a student’s 
capacity to participate in the social communities of his or her institution (Cabrera et al., 1990). 
 While research examining the impact of financial aid on student persistence has 
accumulated over the years, little is known about how the loss of certain types of aid, specifically 
state-based merit aid, affects students once they enroll in an institution (Henry et al., 2004; 
Lederman, 2008).  The majority of studies about financial aid’s impact on student persistence 
were conducted prior to the establishment of many state-wide merit aid programs (Cabrera et al., 
1990; Cabrera et al., 1992; Stampen & Cabrera, 1988).  It is hypothesized that merit-based 
programs can impact retention rates through their embedded performance requirements or 
through the financial incentives of the aid itself; however, little is known about what happens to 
students if they lose their merit award (Henry et al., 2004).  This is an important consideration 
because a large proportion of students, as much as 50 percent in some states, lose their merit 
awards by the end of their first year of enrollment (Selingo, 2001).  For example, in neighboring 
Georgia with their paradigm-setting HOPE Scholarship Program, as many as 56 percent of first-
time freshmen in 2004 lost their merit scholarships after the first 30 hours of study, with only 9.3 
percent regaining the award after an additional 30 hours of study across the statewide University 
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System (University System of Georgia, 2011).  To frame this phenomenon at the institutional 
level, the University of Georgia in Athens boasts a total enrollment of 34,765 including 97 
percent of in-state freshmen earning the HOPE Scholarship.  The percentage of 2004 University 
of Georgia first-year students retaining their HOPE Scholarship was 41.9 percent after the first 
30 hours of study, with only 8 percent regaining the award after their second 30 hours of study 
(University System of Georgia, 2011).  Financially sensitive students have the most to lose by 
this disturbing trend, as loss of aid can be enough to prompt transfer to another, less expensive 
college or to trigger dropping out altogether (Tinto, 1993) because the amount of aid a student 
receives significantly impacts a student’s schooling decisions (Dynarski, 2003). 
Purpose of the Study 
 Current research and scholarship on the impact of merit-based financial aid on 
educational outcomes have concentrated around examining the evidence supporting the 
justifications for creating these programs—specifically, increased access and influencing 
decisions related to college choice (Cohen-Vogel, Ingle, Albee & Spence, 2008; Doyle, 2010; 
Dynarski, 2000, 2004; Heller & Marin, 2002; Heller & Rasmussen, 2001; Stranahan & Borg, 
2004).  When the Florida Bright Futures Scholarship Program was first introduced the State’s 
economy was quite a bit stronger than it is today.  Despite a significant reduction in State 
revenue, Florida’s Office of Student Financial Assistance disbursed more than $423 million 
dollars to 179,076 students in support of their higher education enrollment in Academic Year 
2010-11. 
 As conveyed in Table 1: “Florida Bright Futures Scholarship Disbursement History” on 
page 9, the State of Florida Legislature has invested considerable financial resources to realize 
the goals and ambitions of this merit-based aid program described above. 
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This study intended to apply predictive modeling techniques to four conditions students 
may find themselves as it relates to their merit aid award.  These conditions include students who 
meet the eligibility requirements of either the FAS or FMS award following high school 
completion; those students who retain their award after their first year of college enrollment; 
those students who return to college for their second year of enrollment despite losing either their 
FAS or FMS award; and finally, those students who become eligible for the reinstatement of 
their FAS or FMS award for their third year of enrollment.  The use of pre-matriculation data, 
specifically admission and financial aid data, when joined with student post-enrollment variables 
has been shown as a viable method for explaining a significant amount of the variance between a 
specified, dichotomous outcome such as persistence (Miller, 2007; Miller & Herreid, 2008; 
Miller & Tyree, 2009). 
 
 
Academic Year
Total Disbursed 
Scholarships
% Change from 
Previous Year
% Change from 
1997
Total Disbursed Funds
% Change from 
Previous Year
% Change from 
1997
1997-98 42,319 $69,566,969
1998-99 56,065 32% 32% $93,332,570 34% 34%
1999-00 71,005 27% 68% $131,850,932 41% 90%
2000-01 87,056 23% 106% $164,769,347 25% 137%
2001-02 98,294 13% 132% $174,914,917 6% 151%
2002-03 109,868 12% 160% $202,204,806 16% 191%
2003-04 120,637 10% 185% $235,188,754 16% 238%
2004-05 130,597 8% 209% $268,944,369 14% 287%
2005-06 140,049 7% 231% $306,335,218 14% 340%
2006-07 148,631 6% 251% $347,014,439 13% 399%
2007-08 159,170 7% 276% $379,874,911 9% 446%
2008-09 169,366 6% 300% $429,012,109 13% 517%
2009-10 177,612 5% 320% $423,532,776 -1% 509%
2010-11 179,076 1% 323% $423,269,545 0% 508%
Total 1,689,475 $3,649,811,662
Source: Florida Department of Education Office of Student Financial Assistance
Table 1:  Florida Bright Futures Scholarship Disbursement History
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Research Questions 
 This study sought to investigate the impact of losing the Florida Bright Futures 
Scholarship (FAS and FMS) awards on student persistence.  Specifically, this study plans on 
exploring the following research questions: 
1. What is the relationship between student background characteristics gathered 
during the pre-matriculation phase of admissions and financial aid processing and 
student post-enrollment variables gathered after a student matriculates in 
predicting which first-year Bright Futures Scholarship recipients will retain their 
awards after the first year of enrollment? 
2. What is the relationship between student background characteristics gathered 
during the pre-matriculation phase of admissions and financial aid processing and 
student post-enrollment variables gathered after a student matriculates in 
predicting which first-year Bright Futures Scholarship recipients will be retained 
for a second year of enrollment, even after losing their awards following the first 
year of enrollment? 
3. What is the relationship between student background characteristics gathered 
during the pre-matriculation phase of admissions and financial aid processing and 
student post-enrollment variables gathered after a student matriculates in 
predicting which returning students who lose the Bright Futures Scholarship after 
the first year of enrollment are eligible for reinstatement of Bright Futures after 
the second year of enrollment? 
The research questions for this study center on the influence of student background 
characteristics and student post-enrollment variables on retaining their Bright Futures 
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Scholarship award and the subsequent persistence decisions a student makes after the first year 
of enrollment.  Students who lose their Bright Futures Scholarships at the conclusion of their first 
year have an opportunity for restoring their awards after the second year of enrollment.  Students 
can apply for restoration after completing a minimum of at least 24 semester credit hours if 
enrolled full time for the entire academic year (or earn at least 12 semester hours if enrolled full 
time for only one term) with a minimum grade point average of 3.0 (on a unrounded and 
unweighted 4-point scale) for the Florida Academic Scholars Award or a minimum grade point 
average of 2.75 (on an unrounded and unweighted 4-point scale) for the Florida Medallion 
Scholars Award.  Substantial amounts of data are gathered from each student during the 
admissions and financial aid phase prior to matriculation.  Based on previous research pointing 
to the effectiveness of using academic, demographic and financial information, as well as post-
enrollment information about students to predict the likelihood of persistence, it stands to reason 
that this same kind of data could help predict which students are in danger of losing their Bright 
Futures Scholarships prior to enrollment and identify which students are more likely to withdraw 
from or remain at an institution after losing the award.  Similarly, these same background 
characteristics and post-enrollment variables may aid in predicting which students are more 
likely to regain the award by the time they cross over into upper division coursework—roughly 
at the 60 semester credit hour check point. 
The first hypothesis of this study asserts that student background characteristics gathered 
through the admissions and financial aid process prior to enrollment and student post-enrollment 
variables can be used to predict the probability of retaining the Bright Futures Scholarship at the 
end of the student’s first year of enrollment.  The second hypothesis states that the same 
information gathered before a student enrolls and after the student enrolls can be used to predict 
12 
the probability of a student returning to the institution for a second year of enrollment after 
losing Bright Futures following the first year.  Lastly, the third hypothesis contends that the same 
background characteristics and post-enrollment variables can be used to predict the probability of 
Bright Futures reinstatement after the second year of enrollment. 
Assumptions 
 The first assumption of this study concerns the theoretical framework employed by this 
study.  Tinto’s (1975) student departure theory states that entering college students bring with 
them specific background characteristics and initial commitments that influence the student’s 
social and academic integration at the institution that, in turn, impact subsequent institutional and 
goal commitments and, ultimately, persistence.  Provided that each construct can be linked to an 
observable variable, this statement implies that each of these constructs can be measured.  Thus, 
the emphasis of this predictive study assumes that background characteristics are measureable 
and can be linked, either directly or indirectly, to a student’s future persistence decision. 
 A second assumption is that Tinto’s model does not seek to explain student departure 
from a systems or multi-institution perspective.  Rather, the model seeks to explain departure as 
a function of the student interacting with the academic and social structures of a given institution 
(Tinto, 1993).  Persistence studies have pointed to the usefulness of applying the Tinto model in 
single-institution settings (Braxton, Brier & Hossler, 1988; Cabrera et al., 1992; Iwai & 
Churchill, 1982; Pascarella et al., 1983; Pascarella et al., 1986; Pascarella & Terenzini, 1979, 
1980; Stage, 1989; Voorhees, 1985).  Finally, it is assumed that the constructs within Tinto’s 
model, such as initial commitments to the institution and to the goal of graduation, may vary 
according to the type of institution in which they are studied (Pascarella & Chapman, 1983).  
Thus, students at residential institutions may make their persistence decisions differently from 
those in commuter settings. 
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Limitations 
 The study’s limitations include the use of extant data from only one institution.  The 
inherent limitation of this type of study prevents generalizing findings to other institutions in the 
state that serve a different educational mission or to other institutions located in states with large 
merit scholarship programs.  Without testing the resulting model at other institutions, the 
applicability of the model is limited.  However, one of the primary purposes of this research is to 
examine student departure decisions on an institutional basis.  A second limitation is missing 
data elements.  Although this study sought to examine student departure decisions after having 
lost a large merit-based scholarship, the data available for this study were not gathered with this 
specific research objective in mind.  Additionally, elements pertaining to student finances will 
likely be incomplete due to the fact that Bright Futures Scholarship recipients are not required to 
apply for financial aid.  Thus, it is difficult to estimate student ability to pay as a result of losing 
the scholarship. 
 A third limitation of this study is the inability to account for direct or indirect effects of 
social integration as they pertain to subsequent commitments to the institution.  Given the 
emphasis of this study, it is not possible to measure or account for other forms of social 
integration or engagement since no instrument that specifically measures these constructs is used 
in this study.  However, these constructs are inferred when feasible by using the University’s 
student information database to track whether or not students lived in on-campus residence 
accommodations and whether or not they joined a social fraternity or sorority.  A fourth 
limitation of the study is the homogeneity of the population.  The racial makeup of the student 
body at the study institution is mostly White.  Thus, the results of this study may be less 
generalizable to students of color. 
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Delimitations 
 Persistence in higher education is a complex phenomenon influenced by a multitude of 
variables.  The decisions to include certain variables, and exclude other variables, made by the 
researcher are referred to as delimitations.  The first delimitation of the study is the study site.  
By restricting the study to a single institution, I elected to narrow the parameters of this research 
to the persistence related decisions made by first-time-in-college students at a single campus who 
entered with a state-sponsored financial award in the fall semester of 2009.  A second 
delimitation is the theoretical framework selected as the basis of the study.  This study relies on 
Vincent Tinto’s 1975 College Student Departure Theory.  Tinto’s theory has reached near 
paradigmatic status in persistence related research and the associated propositions have been 
tested by numerous researchers over the last three decades.  An enduring element of persistence 
studies is the observation that persistence at an institute of higher education is not only dynamic, 
but that it is also a remarkably personal process.  Students interpret stimuli in a number of 
different ways and differently at subsequent times within their tenure in college.   
Another theoretical framework that has been utilized repeatedly in describing college 
student behavior is Alexander Astin’s Input-Environment-Output Model.  Astin’s training as a 
clinical and counseling psychologist provided him a developmental framework from which to 
view human behavior.  Consequently, when he transitioned to conducting research in educational 
psychology, he brought this clinical psychologist’s perspective to bear on his studies.  During his 
early research in assessing doctoral productivity, Astin became convinced that “any educational 
assessment project is incomplete unless it includes data on student inputs, student outcomes, and 
the education environment to which the student is exposed” (Astin, 1993).  The three constructs 
of Astin’s I-E-O model are inputs, environment and outcomes.  Inputs refer to those personal 
qualities the student brings initially to the education program.  Examples of student inputs might 
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include demographic information, educational background, political orientation, behavior 
patterns, degree aspirations, reasons for selecting an institution, financial status, disability status, 
career choice, major field of study and life goals.  Environment refers to the student’s actual 
experiences during the educational program.  Environmental factors may include the program, 
personnel, curricula, instructor, facilities, institutional climate, courses, teaching style, friends, 
roommates, extra-curricular activities and organizational affiliation.  Outputs “refer to the 
‘talents’ we are trying to develop in our education program” (Astin, 1993, p. 18).  Outputs are 
outcome variables that may include post-tests, consequences or end results.  In education, 
outcome measures have included indicators such as grade point average, exam scores, course 
performance, degree completion and overall course satisfaction. 
The parallels between Tinto’s College Student Departure Theory and Astin’s I-E-O 
model are apparent.  This researcher has elected to follow Tinto’s framework due to the explicit 
emphasis placed on persistence and the perceived advantages offered by Tinto’s model in 
conducting secondary data analysis. 
Definition of Terms 
For the purposes of this study, terms are defined as follows: 
 First-year students are defined as first-time, full-time students who enroll at an institution 
in the summer or fall term immediately following graduation from high school. 
 Student departure is defined as the longitudinal process of making decisions that impact a 
student’s decision to leave or stay in college (Tinto, 1975, 1986, 1993). 
 Withdrawal and dropout are defined as the act of leaving an institution of higher 
education for any reason (e.g., financial, academic, or personal) and do not constitute a 
permanent decision to leave higher education altogether.  These two terms are used 
interchangeably. 
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 Persistence and retention are defined as the student act of remaining enrolled in a chosen 
institution of higher education.  These terms include students who continue as part-time 
or full-time students while completing coursework that leads to bachelor’s degree 
completion at a given four-year institution.  These terms are used interchangeably. 
 Persistence rates and retention rates refer to the rate at which an institution continues to 
enroll students in coursework leading to a bachelor’s degree. 
 Background characteristics are defined as sets of individual attributes and dispositions 
relevant to student persistence (Tinto, 1975).  This includes pre-college student attributes 
related to socio-economic status, parents’ education level, high school curriculum, 
standardized test scores, sex, race/ethnicity, as well as the college or school of the 
student’s first declared major prior to matriculation. 
 Goal commitment is defined as a student’s psychological orientation level with regard to 
personal expectations and intensity with which expectations are held by a student (Tinto, 
1975).  Within this study, goal commitment refers to the goal of college graduation. 
 Institutional commitment is defined as a student’s predisposition toward attending a 
specific institution (Tinto, 1975).  This may include, but is not limited to, financial and 
time resources devoted to attending a specific institution, as well as stated preferences or 
encouragements to attend a specific institution. 
 Academic integration is defined as the student’s academic performance and level of 
intellectual development (Tinto, 1975).  For the purposes of this study, academic 
integration is operationalized as the student’s cumulative GPA. 
 Social integration is defined as the extent and quality of interactions with campus peers 
and faculty (Tinto, 1975).  For the purposes of this study, this construct is inferred, as it 
will not be directly measured by any given variable or instrument. 
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 Post-enrollment variables refer to variables that attempt to measure levels of academic 
and social integration.  For the purposes of this study, these variables include semester 
hours earned, cumulative GPA, on-campus housing status, and social sorority or 
fraternity membership. 
 Ability to pay is defined as a combined measure of a student’s satisfaction with the cost of 
attendance in relation to one’s socioeconomic status (Cabrera et al., 1990).  For the 
purposes of this study, socioeconomic status is operationalized as a student’s estimated 
family contribution (EFC), which is determined via completion of the Free Application 
for Federal Student Aid (FAFSA).  Students who do not complete the FAFSA will not 
have an EFC.  Thus, it can be assumed that for students with no EFC aid was not 
requested.  Therefore, ability to pay is a measure of the student’s satisfaction with the 
cost of attendance as evidenced by the absence of a request for aid. 
 Merit aid is defined as a financial aid that is awarded on the basis of test scores, 
performance, class rank, grade point average, or other such criteria of achievement 
(NASSAP, 2011).  Such awards do not require demonstrated student need.  In this study, 
merit aid is synonymous with an academic scholarship. 
 Need-based aid is defined as financial aid in the form of grants or loans that are awarded 
to students with demonstrated need.  Eligibility is based on the student’s estimated family 
contribution (EFC) as determined via completion of the Free Application for Federal 
Student Aid (FAFSA).  For the purposes of this study, need-based aid includes Pell grant, 
Supplemental Educational Opportunity Grant (SEOG), subsidized Stafford loans, and 
Perkins loans. 
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Overview of Methodology 
 This study sought to investigate the impact of losing a Florida Bright Futures Scholarship 
on student persistence.  Ultimately, this study investigated the utility of using each of the three 
processes suggested by the research questions framed earlier in this Chapter: 1) using student 
background characteristics gathered from admissions and financial aid pre-matriculation data and 
student post-enrollment variables to predict the probability of retaining the Florida Bright 
Futures Scholarship after the first year of enrollment; 2) using student background characteristics 
gathered from admissions and financial aid pre-matriculation data and student post-enrollment 
variables to predict the probability of returning to the institution for a second year, even after 
losing the Florida Bright Futures Scholarship following the first year of enrollment; and 3) using 
student background characteristics gathered from admissions and financial aid pre-matriculation 
data and student post-enrollment variables to predict which students will recapture their Florida 
Bright Futures Scholarship after the second year of enrollment.  Considering the three research 
questions and corresponding hypotheses under study, a logistic regression research design was 
employed to determine the weightings of independent variables in three separate predictive 
models.  The logistic regression model represents a mathematical attempt to relate the probability 
of some event occurring, conditional on a vector of explanatory variables (Press & Wilson, 
1978).   
Organization of Remaining Chapters 
  Chapter Two provides an overview of the relevant literature pertaining to 
empirical assessments of the Tinto model, as well as additional studies that have examined the 
impact of financial aid on persistence.  This review of the literature thoroughly grounds the study 
in theory.  Chapter Three describes the method, data, and proposed statistical analyses that will 
be used in the study.  Chapter Four presents the results of the statistical analyses conducted in 
19 
pursuit of the study’s research questions. Finally, Chapter Five offers conclusions and 
implications of the study while also identifying recommendations for further exploration and 
research. 
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CHAPTER TWO:  
REVIEW OF LITERATURE 
 An institution’s retention rate is often regarded as an indicator of student satisfaction and 
success.  These data have assumed a “coin of the realm” status as they wield a tremendous 
impact on the image and finances of an institution.  Poor retention rates negatively affect the 
stability of institutional budgets, enrollment planning and the public perception of colleges and 
universities (Braxton, Hirschy, & McClendon, 2004).  Understanding factors that impact 
retention rates remains a key concern among practitioners who seek to manage their enrollments 
more effectively (Braxton et al., 2004) and to understand the nature of the college student 
experience, in general (Braxton et al., 1997).  Studies about how students interpret their own 
college experiences provide an opportunity for practitioners to better understand how students 
ultimately choose to enroll and remain at a given institution (Braxton et al., 2004). 
Theories of Student Departure 
 To better understand the phenomenon of student departure from institutions of higher 
education, it is helpful to group theories according to the emphasis they give to different 
individual and environmental forces that shape student behavior.  Tinto’s (1986) overview of 
major theories of student departure provides the framework for exploring types of theories in this 
chapter.  Such student departure theories can generally be grouped into one of five categories: 
psychological, societal, economic, organizational and interactional.  As the name implies, the 
psychological theories emphasize the role of individual psychological attributes in the departure 
process.  The second, third and fourth are theories that, in different ways, emphasize the impact 
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of environmental forces on student behavior.  Organizational theories stress the influence of 
immediate organizational characteristics on student behavior, where societal and economic 
theories look toward broader social and economic attributes and the impact that external social 
and economic forces have on the process of student departure.  The interactional category is the 
family of theories that views student behavior as being influenced both by individual attributes 
and by environmental forces, especially those within the immediate setting of the institution in 
which students find themselves. 
Psychological Theories 
 Following World War II, psychological theories of student departure were a central focus 
of the retention literature (Tinto, 1986).  At the time, a central tenet of psychological theories 
was that student departure is a reflection of student attributes, specifically psychological 
attributes.  By sorting students into personality types, researchers sought ways to discern 
between those who stay and those who leave college by studying specific personality 
characteristics of each group.  As an example, Heilbrun (1965) argued that non-persisters were 
more likely to lack maturity, to be more rebellious, and to be less serious and dependable, in 
general.  Rose and Elton (1966) suggested that leaving college was linked to maladjustment and 
hostility directed toward the institution.  The overall theme in studies such as these implied that a 
student’s inability to persist was representative of a student’s weaknesses or failure to adjust to 
college life.  It was assumed that students would take primary responsibility for their own 
persistence.  The difficulty with these views is that they are not fully explanatory (Tinto, 1986).  
While it is clear that a student’s psychological characteristics do have some bearing on 
persistence, these characteristics do not explain all departure behavior.   
To support his argument against the explanatory utility of psychological theories, Tinto 
(1986) points to research from this theory family conducted by Sharp and Chason (1978).  In an 
22 
initial study of college student departure, the researchers found differences between persisters 
and non-persisters when measured by personality scores on the Minnesota Multiphasic 
Personality Inventory, but when Sharp and Chason attempted to replicate the results on a 
subsequent sample of students within the same institution they were unable to do so.  As a result, 
they concluded that the significant relationships found in prior research between broad 
personality traits and student persistence was situational and specific to the sample under 
investigation.  For Tinto, because the psychological theories fail to acknowledge the impact that 
situations may have on student behaviors they do not provide a suitable model of departure. 
Societal Theories 
 Representative of an environmental perspective, societal theories of student departure 
suggest that persistence is merely one part of a larger process of social attainment as it pertains to 
student involvement and goal commitment (Tinto, 1986).  The success or failure a student 
experiences is shaped by the same forces that impact social success at large.  These forces 
include various individual, institutional, or societal attributes (e.g., race, social stature, 
institutional prestige) that are representative of the student’s and institution’s place in the social 
hierarchy.  For example, some researchers argued that higher education is a type of social 
institution that seeks to promote an elitist order by maintaining existing patterns of social and 
educational inequality (Karabel, 1972; Pincus, 1980).  Pincus (1980) further argued that the low 
persistence rates within two-year colleges are representative of some educational organizations’ 
attempts to restrict educational and social opportunity within specific groups of society.  Overall, 
Tinto (1986) warned that societal theories stress the external forces (e.g., communities and 
interpersonal influences outside the institution) in student persistence without paying much 
attention to the influence of institutional forces.  Therefore, they fail to account for the impact of 
institutional characteristics on persistence rates.  Tinto (1986) does concede that societal theories, 
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whether conflict theory or structural-functional theory, are useful in aggregating broad trends in 
retention generally.  However, their insensitivity to institutional-specific forces render them 
inadequate for the purposes of explaining student departure at an institutional level.  Examples of 
these aggregated retention trends can be found in the work of George Kuh who has published 
several foundational works within the broadly defined student success body of literature.  Student 
Success in College: Creating the Conditions that Matter (2010) describes policies, programs and 
practices that a diverse set of institutions participating in the Documenting Effective Educational 
Practice (DEEP) project from the Center for Postsecondary Research at Indiana University have 
used to enhance student achievement and to create a success-oriented campus culture.  Kuh was 
the lead author on a 2011 ASHE Higher Education Report entitled Piecing Together the Student 
Success Puzzle: Research, Propositions, and Recommendations, which put forward a definition 
for student success which included academic achievement, engagement in educationally 
purposeful activities, satisfaction, acquisition of desired knowledge, skills and competencies, 
persistence, and attainment of educational objectives.  
Economic Theories 
 Economic theories attempt to explain how financial factors influence a student’s decision 
to leave an institution.  Largely based upon the economic theory of educational attainment, a 
student’s decision to leave college is influenced by economic decisions that weigh costs and 
benefits of pursuing a given academic path while accounting for scarce economic resources 
(Tinto, 1986, 1993).  Thus, students must consider the economic benefits that result from 
completing one’s education, as well as weigh the value of the financial investment needed to 
achieve that end (Tinto, 1993). 
 Over the years, studies have linked the positive impact of ability to pay and financial aid 
on student persistence (Cabrera, Nora, & Castaneda, 1992; Cabrera, Stampen, & Hansen, 1990; 
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Stampen & Cabrera, 1988).  Other studies have attempted to link students’ post-matriculation 
assessment of perceived benefits to a reevaluation of perceived financial and human capital 
costs.  However, financial variables are typically not the sole determinant of student persistence, 
largely because the financial questions of where and whether to attend a particular institution are 
considered in the pre-matriculation phase of college choice (Manski & Wise, 1983).  Tinto 
(1986, 1993) also noted that students will routinely list financial difficulties among their reasons 
for leaving when the actual reason may, in fact, be linked to dissatisfaction.  This fact simply 
illustrates Tinto’s (1986, 1993) chief criticism of economic theories.  Although economic 
theories do account for some institutional forces in the student’s departure decision, they tend not 
to address social and non-financial sources of influence that occur both inside and outside an 
institution. 
Organizational Theories 
 Organizational theories are concerned with how an institution’s organizational 
environment impacts student behavior (Birnbaum, 1991; Bolman & Deal; 2003; Tinto, 1986, 
1993).  The strength of the organizational view is its focus on an institution’s formal structure, as 
a whole, and its influence on student retention.  For example, organizational theories of departure 
such as Bean’s (1983, 1985, 1990), note that student departure is a reflection of the 
organization’s impact on socialization and student satisfaction.  Student departure, it is argued, is 
as much a function of institutional behavior as it is of the student’s.  Bean’s (1983) study 
examined the impact of organizational attributes (e.g., routinization, participation, and 
communication) and rewards (e.g., grades, practicality, and development) on student retention.  
He argued that rates of student retention would improve in institutions where policies promote 
student participation and reward students for their efforts.  Such an example illustrates how an 
organization’s decisions are bound to impact its constituents, in this case students.   
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 Typically, researchers have looked at the effect of organizational dimensions such as 
bureaucratic structure, size, faculty-student ratios and institutional resources and goals on the 
aggregate rates of student institutional departure.  For example, Kamens’ multi-institutional 
study (1971) focused on the impact of organizational size and complexity on student role 
socialization and retention.  He argued that larger institutions with distinct college “charters” (or 
‘brands’) would have lower rates of attrition because of their greater capacity to allocate students 
to more prestigious positions within society.  Such “charters,” Kamens argues, are a reflection 
not only of institutional resources but also of the links that larger institutions maintain with 
different occupational and economic groups (Kamens, 1971).  The strength of the organizational 
family of theories, for Tinto, is that they remind the researcher of the impact that the organization 
of educational institutions—their formal structures, resources and patterns of association—has 
on student retention.  However, Tinto (1986) warned that such theories lack explanatory power 
because they link student departure to a single source, rather than to the combination of factors 
that lead to departure.  Simply stated, different students leave institutions for different reasons 
and not always for reasons linked to the organizational structure of an institution. 
Interactional Theories 
 Today’s dominant view of student departure is explained by interactional theories, for 
they reflect interplay between students and institutional attributes (Tinto, 1986).  Not a simple 
mixing of psychological and organizational theories, interactional theories represent a more 
thorough view of the student’s total experience within the culture of an institution.  The main 
goals of such theories are to examine the reciprocal interaction between the student and the 
institution and to explore how departure decisions are influenced by a student’s interpretation of 
the college experience.  Instead of focusing on formal organizations alone, these theories attempt 
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to account for informal groups in which students participate, including student peer groups and 
student sub-cultures (Tinto, 1986). 
 There are several variations of interactional theory that have emerged over the years.  The 
first includes the notion of student-institution fit that regards socialization as an integral part of 
the retention process.  As Rootman (1972) noted, individuals who perceive themselves as closely 
aligned with a specific role are more likely to stay in that role than leave it.  The converse is also 
true.  The greater the discrepancy between one’s sense of self and a given role, the more likely 
one is to leave that role.  Tinto (1986) noted that this approach assumes that all types of 
departure are the same in terms of type and source, which is now known to be untrue because 
true interactional theories require more complexity. 
 Among the most complex of interactional theories are those related to Tinto’s landmark 
work on student departure theory (1975).  Drawn from the theoretical origins of the French 
sociologist Emile Durkheim and his work examining social communities and individual suicide, 
Tinto (1975) conjectured that colleges are much like social communities and that the process of 
persisting within such a community involves establishing community membership.  From this 
understanding, student decisions to leave are seen as directly and indirectly influenced by the 
individual’s social (personal) and intellectual (normative) experiences in the various 
communities that compose the world of the college.  Therefore, a student who fails to establish 
community membership commits what constitutes as a form of social suicide resulting in 
departure from the community (i.e., the institution).  Tinto’s resulting student departure model 
(1975) and its subsequent revisions (1986, 1993) yielded an inclusive model of the student 
departure process that is also systematically testable.  Over the years, this interactional model has 
been tested by numerous researchers for its ability to explain student departure from higher 
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education (Cabrera et al., 1992; Munro, 1981; Pascarella, Duby, & Iverson, 1983; Pascarella & 
Terenzini, 1980; Stage, 1989), and is discussed in greater detail in the next section. 
Tinto’s Theory of College Student Departure 
 When Tinto (1975) presented his theory of college student departure over 30 years ago, 
he introduced one of the most enduring paradigms associated with understanding student 
attrition, and to this day, it is one of the most frequently cited theories in the retention literature 
(Braxton et al., 2004).  Since then, researchers have made considerable progress towards 
understanding Tinto's college student departure theory with much attention paid to reworking 
Tinto’s (1975) first model (Braxton, 2000b; Braxton et al., 1997; Braxton et al., 2004; Tinto, 
1986, 1993). 
                                       
 
            
 
In his first model (1975) and in subsequent revisions (1986, 1993), Tinto sought to 
explain what motivates students to leave an institution before graduating.  He regarded departure 
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Social 
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Figure 1: Tinto’s Conceptual Schema for Dropout from College (1975) 
28 
as a longitudinal process through which students interact with the formal and informal 
dimensions of a given institution (Braxton et al., 1997; Braxton et al., 2004; Tinto, 1986, 1993).  
Tinto (1988) noted that college students move through a series of stages representing separation 
from past communities, transition into new communities, and incorporation into academic and 
social communities of the current institution (Elkins, Braxton & James, 2000).  Furthermore, 
Tinto (1975, 1986, 1993) noted that students come to college with certain individual 
characteristics—among them being family background, personal attributes, and pre-college 
academic experiences—that directly impact one’s departure decision, as well as their initial 
commitment to the institution and the goal of graduation.  Other researchers have also linked 
background characteristics, such as race (Astin & Oseguera, 2005; Pantages & Creedon, 1978), 
pre-college academic ability (Astin, 1975; Pantages & Creedon, 1978; Stampen & Cabrera, 
1988), socio-economic status (Munro, 1981; Pascarella & Chapman, 1983; Pascarella et al., 
1983; Pascarella & Terenzini, 1979; Pascarella, Terenzini, & Wolfe, 1986; Voorhees, 1985), first 
major (Astin, 1975), and financial aid (Astin, 1975; Henry, Rubenstein, & Bugler, 2004; Iwai & 
Churchill, 1982; Olivas, 1985; St. John, 1990; St. John, Cabrera, Nora, & Asker, 2000; Stampen 
& Cabrera, 1988; Voorhees, 1985) to persistence rates.  Tinto postulated that initial 
commitments to the institution and to the goal of graduation, coupled with the background 
characteristics that help form these commitments, influence a student’s integration into the 
academic and social structure of the institution that, in turn, reinforce subsequent goal and 
institutional commitments. 
 Tinto (1993) warned that this interactionalist approach does not represent a systems-
based or multi-institutional approach to theory, nor does it try to account for individual behavior 
after departure.  Rather, Tinto’s (1993) theory attempts to explain how an individual student 
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interacts with a specific institution, focusing “primarily, though not exclusively, on the events 
which occur within the institution following entry and/or which immediately precede entrance to 
it” (p. 112).  It is also important to note that Tinto’s model (1993) focuses on voluntary 
withdrawal, not withdrawal due to academic dismissal.  Thus, these interactions occur between 
the student and an institution’s academic and social structure and do not apply to students within 
multiple academic settings.  Finally, Tinto’s (1993) model seeks to explain longitudinal 
behavior; that is, behavior that arises from experience with an institution over time.  Braxton et 
al. (2004) suggested that although multi-institutional studies do offer insight into the aggregate 
nature of student departure, as it applies to Tinto’s model, but single-institutional studies afford a 
closer representation of the theory’s stated propositions.  This view points to the usefulness of 
evaluating post-enrollment variables as a way to assess levels of social and academic integration, 
as they relate to persistence.  Among the post-enrollment variables linked to higher persistence 
rates are GPA and hours earned (Astin, 1975; Bean, 1990; Terenzini & Pascarella, 1984), on-
campus housing (Bradburn, 2002; Levin & Clowes, 1982), and membership in a social fraternity 
or sorority (Astin, 1975; DeBard, Lake, & Binder, 2006; Lowther & Langley, 2005; Terenzini & 
Pascarella, 1984). 
 Tinto’s (1975, 1986, 1993) model proposed testable propositions for researchers.  
Braxton et al. (1997) succinctly summarized these fifteen testable propositions and offered an 
overview of studies that offer strong, moderate, or weak empirical support for Tinto’s assertions.  
These propositions, which will be discussed in greater detail below, are as follows: 
1. Student entry characteristics affect the level of initial commitment to the institution. 
2. Student entry characteristics affect the level of initial commitment to the goal of 
graduation from college. 
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3. Student entry characteristics directly affect the students’ likelihood of persistence in 
college. 
4. Initial commitment to the goal of graduation from college affects the level of academic 
integration. 
5. Initial commitment to the goal of graduation from college affects the level of social 
integration. 
6. Initial commitment to the institution affects the level of social integration. 
7. Initial commitment to the institution affects the level of academic integration. 
8. The greater the level of academic integration, the greater the level of subsequent 
commitment to the goal of graduation from college. 
9. The greater the level of social integration, the greater the level of subsequent commitment 
to the institution. 
10. The initial level of institutional commitment affects the subsequent level of institutional 
commitments. 
11. The initial level of commitment to the goal of graduation from college affects the 
subsequent level of commitment to the goal of college graduation. 
12. The greater the level of subsequent commitment to the goal of graduation from college, 
the greater the likelihood of student persistence in college. 
13. The greater the level of subsequent commitment to the institution, the greater the 
likelihood of student persistence in college. 
14. A high level of commitment to the goal of graduation from college compensates for a low 
level of commitment to the institution, and vice versa, in influencing student persistence 
in college. 
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15. A high level of academic integration compensates for a low level of social integration, 
and vice versa, in influencing student persistence in college. (p. 112) 
Braxton et al. (2004) asserted that the validity of Tinto’s student departure theory hinges 
upon strong empirical support of propositions eight and nine, which are directional in describing 
the impact of academic integration on goal commitment and the impact of social integration on 
institutional commitment.  Without affirmation for the role of academic or social integration in 
the departure process, the underpinnings of Tinto’s interactional theory would be called into 
question (Braxton et al., 2004). 
While not all evidence from the research provides similar levels of empirical support for 
all propositions in the model, the literature generally confirms Tinto’s major assertions.  A 
considerable amount of consensus regarding the potential validity of Tinto’s student departure 
model exists (Braxton et al., 1997, 2004), as researchers have extensively tested and researched 
Tinto’s (1975) model and its iterations (1986, 1993). 
Empirical Assessments of Tinto 
While the 15 propositions of Tinto’s student departure model are logically interconnected 
and strive to explain individual student behavior, it is the extent to which each of these 
propositions receive empirical backing that supports the model’s internal consistency.  In their 
study seeking to confirm the degree of empirical support for each of these propositions from 
Tinto’s model, Braxton et al. (1997) concentrated on the 1975 model only, largely because at the 
time of their study, there were so few attempts to address constructs added to the 1986 and 1993 
models (i.e., the roles of finances and communities external to the institution and their impact on 
departure decisions).  
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Figure 2: Braxton, Sullivan and Johnson’s Interrelationships Among the 13 Primary 
Propositions of Tinto’s 1975 Theoretical Schema 
 
Using the box score method described below, Braxton et al. (1997) determined the 
percentage of peer reviewed studies that confirmed each of the 15 propositions.  Strong empirical 
support for a proposition required that at least 66 percent of the studies yield a statistically 
significant affirmation.  Propositions for which moderate support existed included those with 34 
to 65 percent of the studies yielding statistically significant confirmations.  Assigned to the weak 
support category were those propositions with less than 33 percent of the studies affirming 
statistically significant results.  Propositions for which only one or two studies existed 
(regardless of significance level) were placed in the intermediate support category.  Finally, 
propositions for which two or more studies yielded statistically non-significant backing were 
placed in the no support category.  Results were restricted to those studies measuring face 
validity of Tinto’s constructs.  Therefore, only those studies that appeared to measure what they 
attempted to measure, as defined by each study’s authors, were considered. 
 Key to all social science research is the ability to replicate studies in a variety of settings 
and among various groups.  Thus, Braxton et al. (1997) summarized their review of empirical 
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results on several levels: aggregate for multi- and single-institutional studies, type of institution 
(e.g., residential and commuter), and specific student subgroups.  In determining the aggregate 
assessments of magnitude of support, Braxton et al. tested various studies from different types of 
colleges and universities and those studies focusing on different groups of students.  Support by 
institutional type included tests of a given proposition made in a particular type of college and 
university.  Tests for different student groups nested within a particular type of college and 
university were also included.  Thus, the particular type of college and university was the unit of 
analysis.  Support by student groups included only those tests conducted focusing on different 
student groups.  The student group was the unit of analysis for support by student group.  An 
overview of findings at each level follows. 
 Aggregate Support.  In terms of aggregated support for Tinto’s model, two propositions 
are strongly upheld by both multi- and single-institutional samples (Braxton et al., 1997).  These 
two propositions are: (10) the initial level of institutional commitment affects the subsequent 
level of institutional commitment and (11) the initial level of commitment to the goal of 
graduation from college affects the subsequent level of commitment to the goal of college 
graduation.  Within multi-institutional tests, robust support was found for two propositions: (2) 
student entry characteristics affect the level of initial commitment to the goal of college 
graduation and (12) the greater the level of subsequent commitment to the goal of college 
graduation, the greater the likelihood of student persistence in college. 
 Braxton et al., (1997) noted that among multi-institutional tests, not all 13 of the primary 
propositions were tested.  Thus, it is difficult to account for the internal consistency of Tinto’s 
theory across different types of institutions.  Also, none of the primary propositions received 
strong backing across all types of institutions in multi-institutional studies (Braxton et al., 1997).  
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However, single-institutional studies were conducted for all 13 of the primary propositions in 
both residential and commuter universities and found strong support for proposition 10 (i.e., the 
initial level of institutional commitment affects the subsequent level of institutional commitment) 
in both settings. 
 Of particular interest to this study, Braxton et al. (1997) found strong support for five 
propositions by studies that tested aspects of Tinto’s theory within single-institutional contexts.  
These five propositions were: (1) student entry characteristics affect the level of initial 
commitment to the institution, (9) the greater the level of social integration, the grater the level of 
subsequent commitment to the institution, (13) the greater the level of subsequent commitment to 
the institution, the greater the likelihood of student persistence in college, (14) a high level of 
commitment to the goal of graduation from college compensates for a low level of commitment 
to the institution, and vice versa, in influencing student persistence in college, and (15) academic 
integration and social integration are mutually interdependent and reciprocal in their influence on 
student persistence in college.  Among these five hypothesized relationships robustly supported 
by single-institutional assessments, two of them—9 and 13—are primary propositions.  Whereas, 
two of these five propositions—14 and 15—are adjunctive to Tinto’s formulations. 
 Support by Institutional Type.  Braxton et al. (1997) noted that commuter institutions 
provided strong backing for proposition 1 (i.e., student entry characteristics affect the level of 
initial commitment to the institution).  In addition to proposition 10 noted in the paragraph 
above, residential universities afforded strong support for six of Tinto’s expected relationships: 
(5) initial commitment to the institution affects the level of social integration, (9) the greater the 
level of social integration, the greater the level of subsequent commitment to the institution, (11) 
the initial commitment to the goal of graduation from college affects the subsequent commitment 
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to the goal of college graduation, (13) the greater the level of subsequent commitment to the 
institution, the greater the likelihood of student persistence in college, (14) a high level of 
commitment to the goal of graduation from college compensates for a low level of commitment 
to the institution, and vice versa, in influencing student persistence in college, and (15) academic 
integration and social integration are mutually interdependent and reciprocal in their influence on 
student persistence in college.  Proposition 3 (“student entry characteristics directly affect the 
student’s likelihood of persistence in college”) and Proposition 4 (“initial commitment to the 
goal of graduation from college affects the level of academic integration”) were both weakly 
supported in assessments of studies of residential colleges and universities. 
 Support by Student Group.  Braxton et al. (1997) noted that studies assessing the 13 
primary propositions used samples of both men and women but were not specific about other 
racial or ethnic groups.  Since race and ethnicity were not taken into consideration, it is 
impossible to review studies that account for particular minority subgroups.  This is significant 
given recent criticisms of Tinto’s (1986, 1993) work as it applies to underrepresented 
populations.  Guiffrida (2006) argued that the applicability of Tinto’s (1986, 1993) theory is 
limited among diverse student populations and further suggested that the theory be modified to 
account for the influence of motivational factors on a student’s academic goal commitment, as 
well as the influence of cultural norms and university social systems on a student’s motivation 
and future persistence decisions.  Given few, if any, studies accounting for such diverse 
populations, the following review of studies by Braxton et al. (1997) included only those for men 
and women. 
 Braxton et al. (1997) found that studies involving male students afforded strong support 
for proposition 9 (i.e., the greater the degree of social integration, the greater the level of 
subsequent commitment to the institution).  By contrast, studies involving women did not yield 
36 
strong backing for any of the primary propositions.  However, proposition 15 (i.e., a high level of 
academic integration compensates for a low level of social integration, and vice versa, in 
influencing student persistence in college) received strong backing.  Only modest and weak 
support was found for several of the 13 primary propositions in studies involving women.  
Among those receiving modest support were (1) student entry characteristics affect the level of 
initial commitment to the institution, (2) student entry characteristics affect the level of initial 
commitment to the goal of graduation from college, (5) initial commitment to the goal of 
graduation from college affects the level of social integration, (6) initial commitment to the 
institution affects the level of social integration, (8) the greater the level of academic integration, 
the greater the level of subsequent commitment to the goal of graduation from college.  
Additional propositions garnering modest support included (9) the greater the level of social 
integration, the greater the level of subsequent commitment to the institution, and (13) the greater 
the level of subsequent commitment to the institution, the greater the likelihood of student 
persistence in college.  Proposition 3 (i.e., student entry characteristics directly affect the 
student’s likelihood of persistence in college) received weak support among female populations. 
 Although possible shortcomings in Tinto’s theory are apparent, there is not enough 
evidence to dismiss its validity altogether (Braxton et al., 1997).  As noted in the review by 
Braxton et al. (1997), an opportunity still exists to fill gaps left by the literature with studies that 
attempt to blend the perspectives of other social theories, even economic theories, that help 
corroborate Tinto’s (1986, 1993) postulated influence of finances on student departure decisions.  
Furthermore, Guiffrida (2006) noted that the value of maintaining cultural connections among 
minority college students is especially important to their adaptation to college and warrants 
additional consideration in future revisions to Tinto’s theory. 
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Finances and Student Departure 
 One aspect of the student departure model that Tinto (1986, 1993) acknowledges as a 
shortcoming in his first version of the model is the impact of finances on persistence decisions.  
A student’s finances have since been added to the various background characteristics a student 
may bring to an institution, largely because of the role it plays in influencing initial commitment 
levels to attend a chosen institution (Braxton et al., 2004).  However, little headway has been 
made by scholars to incorporate this economic view into Tinto’s model, although this concern 
was addressed in other studies (Cabrera et al., 1992; Cabrera, Nora, & Castañeda, 1993; Cabrera 
et al., 1990; St. John, Paulsen, & Starkey, 1996; Voorhees, 1985). 
 Reliance on price-response theories and their allied theory of targeted subsidies is evident 
in research bringing about an economic approach to the investigation of student persistence 
(Kim, 2004; Manski & Wise, 1983; St. John, 1990; Stampen and Cabrera, 1988).  Essentially, 
price-response theories focus in part on economic factors whereby the social and economic 
benefits of attending college are believed to outweigh any costs and benefits associated with 
alternative activities (e.g., working full-time).  A critical component in these cost/benefit 
analyses is the student’s perception of his or her ability (or inability) to pay for college.  While 
price-response theories provide a conceptual foundation for examining persistence, the theory of 
targeted subsidies suggests that the means to influence such behavior is through subsidies 
targeted at specific groups based on their ability to pay.  Reduced tuition, direct grants, low-
interest loans and subsidized work-study programs all seek to equalize students on their ability to 
pay for college education and to increase the benefits derived from attending college. 
Ability to Pay   
In their study identifying sets of forces that impact social integration, Braxton et al (2004) 
applied a process of inductive theorizing.  Among the forces they identified were those that could 
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actually assist or impede forms of social integration in residential universities.  One of these 
forces identified was a student’s ability to pay.  As mentioned earlier, the impact of finances 
were not added to Tinto’s model until his 1986 revision.  It was assumed that once a student 
enrolled in college, finances were no longer a major consideration in persistence decisions 
(Tinto, 1986).  Since then, several researchers have been able to confirm the impact that finances 
and, more specifically, a student’s ability to pay for college has on subsequent departure 
decisions (Chen and DesJardins, 2002) 
 In their review of the student persistence literature, as it relates to the inclusion of 
financial variables in student departure models, St. John et al. (2000) noted a continuing 
disregard for the influence of finances in student-institution fit models.  Their review strived to 
highlight integrative theories that attempted to link finances to student dropout decisions.  One 
referenced study (Voorhees, 1985) examined the impact of federal campus-based financial aid on 
first-year students’ persistence rates reflected departure decisions as a two-stage process.  
However, this study did not simultaneously account for other constructs, such as the student’s 
institutional and goal commitment (St. John et al., 2000).  Voorhees (1985) noted that through 
the persistence decision process, a student’s demographic characteristics and academic ability 
determined the type of campus-based aid a student received, the level of academic performance 
displayed, and their ultimate persistence.  Among all variables included in their model, 
cumulative GPA was found to exert the largest, significant direct effect on persistence (p < .001), 
thus indicating that students with higher GPAs persisted longer in the study than those with low 
GPAs.  In turn, each type of campus-based aid program exerted positive direct effects on 
cumulative GPA, which illustrated that total direct effects for campus-based programs’ impact 
on persistence were larger than individual direct effects.  The total effect for non-significant 
variables in explaining persistence were financial need, minority status, ACT composite score, 
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and sex.  It is important to note, though, that significant negative direct effects for financial need 
and minority status were moderated by positive effects found for campus-based aid programs 
and cumulative GPA, which yielded an insignificant total effect. 
 Cabrera et al. (1990) argued that economic theory could be merged with Tinto’s 
persistence theory.  Arguing that researchers needed to separate out the direct and indirect effects 
of finances from intellectual and nonintellectual factors related to students’ college experiences, 
they advanced a model that portrayed persistence as part of a longitudinal process based on the 
student’s individual interactions with an institution (St. John et al., 2000).  Prior academic skills, 
positive associations with faculty and peers, and institutional and goal commitments were 
acknowledged for their ability to explain persistence, but their model also included constructs 
such as encouragement from external sources (i.e., parents and significant others) and ability to 
pay (St. John et al., 2000).  Cabrera et al. (1990) postulated that ability to pay played a role in 
reducing barriers to social and academic integration that, in turn, promote persistence by 
alleviating a student’s concerns about paying for college. 
 Testing their model on a longitudinal sample from the National Center for Educational 
Statistics High School and Beyond 1980 Senior Cohort, they also hypothesized that the ability to 
pay, as measured by the student’s satisfaction with the cost of attendance, would impact a 
student’s goal and institutional commitments.  Ability to pay was not found to significantly 
impact a student’s academic or social integration.  However, results of their model revealed that 
there was a statistically significant interaction between a student’s satisfaction with the costs of 
attendance and goal commitment.  This finding provides backing for Tinto’s (1975) claim that 
external factors can moderate a student’s institutional and goal commitments. 
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 Cabrera et al. (1992) further refined the Cabrera et al. (1990) model to include finances as 
a set of two interrelated elements: student’s attitude toward the amount of aid received and an 
objective component of determining whether the student actually received aid (i.e., a dummy 
variable coded as either “1” for no aid, or “2” for receiving aid).  In this sample of over 2,000 
college freshmen at a large, urban, commuter campus, most of the awards received by students 
were contingent upon demonstrated need.  Although it was believed that the awarding of 
financial aid would have a positive impact on academic integration, this hypothesis was not 
substantiated.  However, they did find that the most important variable affecting academic 
integration was satisfaction with financial aid, followed by pre-college academic variables, and 
encouragement from significant others.  As expected, commitments to the institution and to the 
goal of completing a degree had a significant direct effect on a student’s intent to persist.  The 
largest direct effects were exerted by institutional commitments, then goal commitments and 
financial aid.  These findings substantiate the claim that persistence decisions are affected by the 
relationship between finances, cognitive, and non-cognitive variables (St. John et al., 2000). 
College Choice-Persistence Nexus  
The college choice-persistence nexus model (Paulsen & St. John, 2002; St. John et al., 
1996, 2000) represents one of the most recent attempts to integrate economic perspectives into a 
student-institution fit model.  This model articulates a nexus between college choice and 
persistence in conjunction with a clarified role of financial aid-related factors as they impact 
students’ matriculation and persistence decisions.  The logic of the model argues that the initial 
commitments a student makes to an institution are specific in nature, and as students reconsider 
specific academic, social, and financial reasons for choosing a college, they are, in effect, 
making a persistence decision (St. John et al., 2000). 
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 The chief hypothesis of the nexus model assumes that persistence is shaped through a 
three-stage process.  St. John et al. (2000) summarized features of each stage.  Stage one includes 
socioeconomic factors and academic ability factors thought to impact a student’s predisposition 
to pursue a degree and perceptions of one’s financial circumstances.  Stage two includes the 
student’s evaluation of costs and benefits associated with attending a particular institution and 
the formation of an initial commitment to attend and remain at the chosen institution.  Once the 
student enrolls in college, stage three ensues where college characteristics, the student’s 
experiences in college, and the student’s academic performance help to modify or reinforce 
educational aspirations (St. John et al., 2000).  Positive social and academic experiences are 
hypothesized to reinforce or enhance the student’s perception of the benefits of remaining at and 
graduating from the institution.  Financial aid is assumed to positively affect persistence 
decisions by balancing the costs of attendance with the benefits to be derived from obtaining a 
degree (St. John et al., 2000).  Negative financial experiences, such as those associated with 
increases in tuition or the loss of a merit-based scholarship, are assumed to affect the balance 
between costs and benefits and push students toward departure.  St. John et al. (1996) established 
initial support for their nexus model, noting that inclusion of the college choice variable 
accounted for a modest increase in the proportion of variance explained.  St. John et al. (2000) 
later found that financial factors exerted effects on both college choice and persistence decisions, 
with nearly half of the total variance explained by tuition, student financial aid, food and travel, 
housing, and associated living costs. 
Both the ability to pay model (Cabrera et al., 1990, 1992) and the nexus model (St. John 
et al., 1996, 2000) illustrate that a student’s financial situation is comprised of both tangible and 
intangible factors.  Tangible elements (i.e., types of financial aid packages, personal savings) 
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deal with those factors that impact the direct affordability of college (Cabrera et al., 1990, 1992, 
1993; St. John et al., 1996, 2000).  Intangible elements deal with certain psychological aspects, 
such as the student’s perception of one’s financial situation (St. John et al., 2000).  To be 
satisfied with the costs of attending college, students need to feel that the benefits of attending 
the institution will outweigh its costs (Cabrera et al., 1990, 1992, 1993; St. John et al., 1996).  In 
framing a student’s satisfaction with college costs as a dynamic process, St. John et al, places the 
role of finances as an important component of the longitudinal persistence process described by 
Tinto in his influential 1975 article (2000).  Thus, anything that upsets the delicate balance 
between costs and benefits of attendance, the more likely a student’s attitude toward persistence 
will change. 
In Maslow’s (1954) motivation theory he argues that individuals evolve when they are 
driven to satisfy such higher-order needs as self-esteem and self-actualization.  The pursuit of a 
college degree and a concurrent intellectual development clearly fit within Maslow’s higher-
order taxonomy.  For Maslow, the desire to satisfy higher-order needs can only take place once 
basic needs are satisfied.  With regard to the student-institution fit model, the meeting of tangible 
and intangible financial needs provides the freedom to engage in and establish relationships with 
faculty and peers, to actively participate in classroom activities and to commit enough time to all 
those endeavors that promote intellectual development.  According to Maslow, dissatisfaction of 
basic needs can lead to stagnation and even regression to earlier developmental stages.  These 
basic needs become prepotent; that is, they dominate an individual’s life, diverting all efforts and 
thoughts to the satisfaction of those primary needs.  Extending Maslow’s conceptualization of 
prepotency to integrative efforts portrays a situation where a student’s pursuit of cognitive and 
affective development can be redirected when financial needs are no longer met.  Financial need 
then becomes a psychological stressor compelling the student to divert his/her attention from 
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academic endeavors to monetary concerns.  If financial circumstances remain as such, the 
student is pulled away from the academic and social domains of the institution to pursue 
alternative activities (e.g., working, obsessing over financial problems). 
The early judgments that students make about their financial situation, as they relate to 
college attendance, shape a student’s initial commitment to an institution (St. John et al., 2000), 
and empirical research supports this finding (Cabrera et al., 1990, 1992, 1993; St. John et al., 
1996).  The college choice-persistence nexus provides a way of understanding how students form 
their initial commitments to an institution.  This approach is of considerable importance to this 
study given the impact that statewide merit scholarship programs, such as Florida’s Bright 
Futures Scholarship program, have on influencing a student’s choice of college (Cornwell et al., 
2003; Cornwell et al., 2006). 
To further contextualize college affordability, the Brookings Institution’s State Grant Aid 
Study Group released a report intended to stress the important role that state grant programs play 
in making college possible for many students who could not otherwise afford to enroll 
(Brookings Institute, May 2012).   The authors of the report are careful to state that no single 
model of state grant program appropriations should be thought as optimal in every state.  The 
characteristics of the population and the circumstances in each state make the appropriate trade-
offs different for different states. Table 2: “State-level Data from Southern Region Education 
Board (SREB) Members” on page 45 suggests the diverse means by which these member states 
sought to balance these trade-offs. 
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Variables Impacting Persistence 
For the purposes of this study, only measurable variables that have been linked to 
persistence will be considered.  This study will be limited to investigating those pre-college 
variables that can be ascertained from student information gathered during the pre-matriculation 
phase of the admissions and financial aid process, and post-enrollment variables that can be 
verified by academic, housing, and student life records available in the site institution’s student 
information database.  Extensive reviews of persistence literature provide concise illustrations of 
empirical studies that have linked the impact of a student’s pre-college characteristics on 
persistence decisions (Pantages & Creedon, 1978; Pascarella & Terenzini, 2005; Tinto, 1975, 
1986).  A brief discussion of variables included in this study will be presented in this chapter. 
 
State 
% of Residents 
with a B.A. 
Degree, 2006-08
% of Students 
Attending an In-
State College, 
2008
Median Income, 
2010
Tuition and Fees, 
Four-Year 
Publics, 2009-10
Average State 
Grant Aid per 
Student, 2009-10
% of Grant Aid 
Based on Need, 
2009-10
% of Funding 
from State/Local 
Government, 
2008-09
United States 27% 82% $49,445 $7,050 $627 73% 29%
SREB Members 24% 84% $45,254 $6,286 $810 53% 30%
Alabama 22% 88% $40,976 $6,487 $125 87% 24%
Arkansas 19% 87% $38,571 $5,980 $347 69% 25%
Delaware 27% 69% $55,269 $9,012 $523 68% 24%
Florida 26% 87% $44,243 $4,444 $795 26% 37%
Georgia 27% 81% $44,108 $5,008 $1,766 0% 36%
Kentucky 20% 86% $41,236 $7,116 $1,029 49% 23%
Lousiana 20% 88% $39,443 $4,282 $883 16% 34%
Maryland 35% 65% $64,025 $7,476 $450 95% 33%
Mississippi 19% 88% $37,985 $4,952 $161 14% 31%
North Carolina 26% 87% $43,753 $4,539 $983 84% 42%
Oklahoma 22% 87% $43,400 $5,421 $538 88% 30%
South Carolina 23% 87% $41,709 $9,520 $1,780 19% 21%
Tennessee 22% 83% $38,686 $6,098 $1,335 23% 33%
Texas 25% 87% $47,464 $7,328 $630 100% 33%
Virginia 33% 81% $60,363 $7,936 $546 63% 23%
West Virginia 17% 85% $42,839 $4,980 $1,076 44% 28%
Notes and Sources
(1) Percentage of persons age 25 and over with at least BA, 2006-08; Digest of Education Statistics 2010, Table 13.
(2) Percentage of first-year students enrolled in state of residence, Fall 2008; Digest of Education Statistics 2010, Table 230.
(3) Median income, 2010; U.S. Census Bureau, Table H-8.
(4) Tuition and fees at public four-year institutions, 2009-10; The College Board, Trends in College Pricing 2011.
(5) Average grant aid per full-time equivalent student, 2009-10; NASSGAP Annual Survey 2009-10, Table 12.
(6) Percentage of state grant aid based on financial circumstances, 2009-10; NASSGAP Annual Survey 2009-10, Tables 4 and 5.
(7) State/local appropriations as percentage of operating expenditures, 2008-09; Digest of Education Statistics 2010, Tables 364 and 374.
Table 2: State-Level Data from Southern Region Education Board (SREB) Members
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Pre-Matriculation Variables 
Background characteristics, such as demographic information, academic ability, financial 
aid, and measures of initial institutional and goal commitment, have been identified as potential 
correlates to student departure decisions and, thus, may help predict student behavior (Pascarella 
& Terenzini, 2005).  Hence, there is inherent value in knowing much about students’ prior 
experiences and characteristics at the outset of their matriculation.  This is an important 
consideration since the literature indicates that most student attrition occurs during the first year 
of enrollment (Horn, 1998; Pantages & Creedon, 1978; Tinto, 1975). 
 Pre-College Academic Ability and Aptitude.  Pre-college academic ability and aptitude 
are considered among the most useful predictors of persistence in college (Astin, 1975; Johnson, 
2008; Pantages & Creedon, 1978; Stampen & Cabrera, 1988).  Astin’s (1975) longitudinal study 
of 358 two- and four-year institutions illustrated the strong predictive influence of prior 
academic ability, with high school grades yielding the most predictive power, followed by class 
rank, and test scores.  Additionally, slightly more recent studies have also found that a student’s 
high school GPA, high school rank, and standardized test scores are significantly and positively 
correlated over four semesters of persistence (House, 1999).  House’s (1999) study of 9,480 first-
time freshmen found that students with higher high school class ranks and higher ACT scores 
were more likely to persist for four semesters.  These findings were corroborated by an even 
more recent national study that found that students with SAT scores above 1000 persisted at a 
higher rate than those with SAT scores below 1000 (Bradburn, 2002). 
 Strength of Curriculum.  Adelman (1999) found the intensity and quality of a student’s 
high school curriculum to be a good predictor of bachelor’s degree completion, further noting 
that a demanding high school curriculum is a better predictor of degree completion than 
standardized test scores, class GPA, or class rank (Johnson, 2008).  However, Geiser and 
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Santelices’ (2004) recent examination of the role of Advanced Placement and honors courses 
used in admissions practices within the University of California system appears to challenge 
Adelman’s (1999) findings.  Geiser and Santelices (2004) argued that the awarding of bonus 
points for AP and honors-type courses “has little, if any, validity with respect to the prediction of 
college outcomes” (p. 24).  They found that AP exam scores were strongly linked to academic 
performance, but mere participation in honors-type courses (e.g., honors, pre-IB, IB, and dual 
enrollment) was not a statistically significant predictor of college success.  Camara & 
Michaelides (2005) countered with a response to the Geiser and Santelices (2004) study, noting 
that their work would have been much more useful had they made an attempt to account for 
multicollinearity among predictors. 
 Race and Ethnicity.  Pantages and Creedon’s (1978) review of the student persistence 
literature noted that many of the earlier studies failed to account for differences among students 
from non-majority populations.  However, as issues of fairness, equity, and access continue to 
dominate public policy in higher education, lack of knowledge of how underrepresented racial 
groups make departure decisions presents an ongoing concern for practitioners.  Astin and 
Oseguera’s (2005) analysis of longitudinal Higher Education Research Institute-Cooperative 
Institutional Research Program (HERI-CIRP) data revealed that six-year degree attainment rates 
among Puerto Ricans (41.8%), American Indians (42.1%), Mexican American/Chicanas/os 
(46.0%), and African Americans (46.3%) continue to lag behind those of Asian American 
(65.2%) and White (58.8%) students.  It is reasonable to speculate that the same factors that 
contribute to the underrepresentation of these groups in higher education, such as higher rates of 
poverty, poorer educational preparation, and lack of parental education, also contribute to higher 
rates of student departure (Astin & Oseguera, 2005). 
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 Socio-Economic Status (SES).  A seemingly infinite number of measures that can be used 
to describe a student’s socio-economic status (SES) exist.  This inconsistency of measurement 
has contributed to the confusion surrounding use of SES as a predictor of student persistence.  
Varying combinations of family educational levels, father’s occupation, family income, 
eligibility for federal aid, estimated family contributions, and measures of disposable income 
have lent themselves to multiple definitions of SES in the literature.  Despite different 
definitions, SES has been used in numerous persistence studies to test its potential influence on 
student persistence behaviors (Munro, 1981; Pascarella & Chapman, 1983; Pascarella et al., 
1983; Pascarella & Terenzini, 1979; Pascarella et al., 1986; Perna, 2006; Voorhees, 1985). 
 Parents’ education, as a component of SES, has been linked to student persistence.  For 
example, St. John et al. (1996) and Stage (1989) determined that the mother’s educational level 
is positively associated with student persistence.  The rationale supporting these findings include 
suggestions that there are many single-parent homes that are often headed by the mother, and 
mothers are often more involved than fathers in helping with children’s homework (St. John et 
al., 1996).  Additional studies have linked the education of both parents to higher levels of 
persistence, largely due to the likelihood of parental influence on a student’s academic self-
concept and achievement expectancies (House, 1999). 
Saving for college is presumed to be an objective and key expression of parental 
encouragement to pursue a college degree (Stage and Hossler, 1989; Hossler and Versper, 1993).  
Flint (1992, 1993) argues that this encouragement manifests itself when parents initiate college 
savings plans, advise their children on a range of acceptable college costs, and search for 
additional sources of financial support.  The extent of parental belief in education and the 
foundation for parental involvement can be found in a 1996 Gallup Poll of parents of college-
bound high school students.  The poll shows that the vast majority of parents (92 percent) regard 
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a college education as the most important investment they can make for their children.  The 
amount of savings for college is associated with parents’ own socio-economic status.  This same 
survey notes that two-thirds of low-income parents queried in the study had saved little—10 
percent or less of the total college educational costs.  Survey findings demonstrate that most low-
income parents expect to finance college education through financial aid.  Reliance on financial 
aid varied in direct proportion with family income.  Low-income parents were more likely to go 
into debt to finance their children’s college education than were upper-income parents (65 
percent versus 40 percent).  
In addition to socioeconomic status, parental savings seems to be conditioned by parents’ 
own knowledge of college costs and ways to finance a college education (Flint, 1992, 1993).  
Although modest research exists on parental knowledge of costs and student college choice, the 
related literature indicates that knowledge of college costs and preparation to finance college 
education are more prevalent among upper-income parents (Olson and Rosenfeld, 1984).  The 
ability of the student seems to moderate the amount and quality of parental encouragement.  
Research on occupational attainment indicates that parents provide the most encouragement to 
the child with the highest academic ability (Hossler, Braxton, and Coopersmith, 1989). 
   The use of varying SES definitions in studies has yielded mixed results.  In their review 
of the persistence literature from 1950 through 1975, Pantages and Creedon (1978) noted that 
SES did impact persistence rates, albeit in an unexpected way.  Low SES students persisted at 
higher rates than high SES students.  While Pantages and Creedon’s (1978) findings seem 
counterintuitive, Tinto’s (1975) review noted that a family’s SES is inversely related to student 
departure.  College persisters were more likely to have parents with higher levels of education 
and higher incomes.  Munro’s (1981) study of students drawn from the National Longitudinal 
Study of the High School Class of 1972, found that SES had an indirect effect on persistence that 
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was mediated by other variables.  Pascarella and Chapman’s (1983) study of 2,326 freshmen 
from multiple institutions reported similar findings, even after the results were disaggregated by 
institution type.  
 College Housing the First Major.  Astin (1975) noted that one indicator of a student’s 
educational aspirations is the intended field of study when the student first enrolls.  Although the 
actual major within Astin’s study did not contribute to the accuracy of predicting student 
departure, knowledge of one’s first major is useful to explore persistence rates among students in 
different majors.  Astin (1975) did not find any consistent pattern of dropout rates by major 
within either two- or four-year institutions.  However, Pascarella et al’s (1986) multiple 
regression study of freshman students at a Midwestern university found that majoring in liberal 
arts had a slight negative indirect effect (-0.036) and a slight negative total effect (-0.054) on 
persistence.  This finding suggests that specific types of majors may have some bearing on future 
persistence decisions. 
 Initial Institutional and Goal Commitments.  Bean (1990) noted that loyalty to the 
institution is among the factors that encourage students to remain at their chosen institution.  
Such loyalty can be characterized as a type of institutional commitment.  Loyal students feel a 
certain sense of attachment to the institution, not for the degree that it can impart but for the 
psychological component of commitment it represents. 
 Cope and Hannah (1975) believed that, “…personal commitment to either an academic or 
occupational goal is the single most important determinant of persistence in college” (p. 19).  
Tinto (1993) noted that prior institutional commitments can have a substantial amount of impact 
on subsequent commitments, and along with goal commitments, may help distinguish among the 
reasons why students leave college.  High levels of goal commitment may encourage students to 
adhere to their initial choice of college, and conversely, lower levels or the absence of goal 
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commitment may lead students to withdraw at the first sign of difficulty.  Tinto (1975, 1986, 
1993) also suggested that high levels of goal commitment can compensate for low levels of 
institutional commitment in a student’s persistence decision, and vice versa. 
 Pascarella et al. (1986) studied the impact of a summer orientation program on 
persistence among freshmen at a residential institution in the Midwest.  In this study employing 
multiple regression, the researchers found that initial commitment, along with background 
characteristics, yielded no significant direct effects on persistence.  However, both initial goal 
and institutional commitment variables had a positive, indirect effect (0.126) and a positive total 
effect (0.098) on persistence.  Pre-college goal commitment was mediated through social 
integration and subsequent goal commitment to the institution while pre-college institutional 
commitment was mediated through subsequent institutional commitment.  In another test of 
Tinto’s model, as it relates to institutional and goal commitment, Pascarella and Terenzini (1979) 
found that institutional and goal commitments made a more significant R-squared contribution 
for men, but not for women.  These gender differences were linked to impact and quality of 
faculty interactions.  The range of relationships a student had with faculty had a somewhat 
stronger positive influence on persistence for men than for women. 
 Pascarella and Terenzini (1980) employed the use of discriminant function analysis on a 
random sample of freshmen entering Syracuse University in the fall of 1976.  They attempted to 
measure constructs associated with Tinto’s model, including initial goal and institutional 
commitments, and found that the institutional and goal commitments scale made the largest 
contribution to group discrimination followed by interactions with faculty, faculty concern for 
student development, and teaching scales.  This commitment scale, however, accounted for both 
initial and subsequent commitments to the institution and to the goal of graduation.  In their test 
for integration by gender, the researchers also found that male’s levels of institutional and goal 
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commitments appeared to be more strongly associated with persistence than women’s 
commitments.  For women, the quality of peer group interactions appeared to be a more 
important factor in women’s decisions to persist. 
 Pascarella and Chapman (1983) found that initial institutional and goal commitments 
impacted rates of persistence among freshmen.  In this study of 2,326 freshman students at 11 
post-secondary institutions, Pascarella and Chapman found that the direct effects of institutional 
and goal commitments on persistence were approximately equal, thus accounting for about 12% 
of the variance and providing some empirical support for Tinto’s model.  At four-year residential 
and four-year commuter institutions, institutional commitments had a much stronger direct effect 
on persistence than goal commitment.  The exception to this finding was found among students 
at two-year commuter institutions where goal commitment had a somewhat stronger direct effect 
than institutional commitment. 
 Financial Aid.  Despite Tinto’s (1975) modest concern for finances in his first model, the 
impact of financial aid on student persistence decisions is well documented in the literature.  It 
has been long assumed that the goal of financial aid is to equalize students according to ability to 
pay and to increase benefits derived from college attendance (Cabrera et al., 1990).  Several lines 
of study have demonstrated that the receipt of aid promotes retention among students from 
identified minority groups (Astin, 1975; Olivas, 1985; St. John, 1990; St. John et al., 2000), as 
well as serving to promote overall persistence rates (Astin, 1975; Stampen & Cabrera, 1988; 
Stater, 2009).  Studies have linked students’ price sensitivity and their persistence decisions in 
response to changes in financial aid (Astin, 1975; St. John, 1990; Voorhees, 1985). 
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Loans have long been considered a controversial source of financial aid as critics 
question the value of encouraging students to take on long-term debt to finance their collegiate 
education (Astin, 1975).  However, Astin (1975) pointed to two studies in particular to refute the 
perceived inverse relationship between loans and persistence.  The first study by Blanchfield 
(1971) reported that the percentage of costs covered by loans was not related to persistence.  The 
second study by Trent and Medsker (1967) found that students who sought loans actually 
remained in college longer.  Years later, these same findings were confirmed by Iwai and 
Churchill (1982) who found that, despite slight interaction based on the student’s year in school, 
persisters—regardless of sex—relied upon more sources of aid than non-persisters.  Such 
persisters were more likely to receive funds from multiple sources, such as parents, loans, 
scholarship, work, savings, and the like.  Upon reviewing their results, Iwai and Churchill (1982) 
noted that persisters may be more motivated to succeed in school and, thus, actively seek out 
additional sources of support.  This finding suggests that there may be a link between goal 
commitments and persistence, as Tinto (1975, 1986, 1993) proposed. 
 The advent of merit-based scholarship programs has added to the complexity over 
whether financial aid helps with promoting student retention.  Henry et al.’s (2004) four-year 
study of a longitudinal database of undergraduates in the University System of Georgia 
examined the retention rates of “borderline” (p. 691) HOPE Scholars.  These students were 
described as earning their merit-based awards by meeting the bare minimum eligibility 
requirements.  These borderline scholars were compared to students who graduated from high 
school in the same year but narrowly missed earning the HOPE Scholarship, again on minimum 
eligibility requirements.  Henry et al. found a significant difference in the probability of 
persistence rates between HOPE recipients and non-recipients at four-year institutions and no 
significant differences between the two groups at two-year institutions.  Although the 
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preliminary results suggested that HOPE recipients are more likely to graduate than non-
recipients after four years, the loss of the HOPE Scholarship eliminated differences between the 
two groups at four-year institutions.  HOPE recipients at two-year institutions were still more 
likely to graduate than non-recipients, even after losing their awards. 
Post-Enrollment Variables 
 Post-enrollment variables provide a measure of a student’s academic and social 
integration within the institution (Tinto, 1975, 1986, 1993).  Post-enrollment variables that have 
been empirically linked to student persistence are highlighted below. 
 College Grade Point Average (GPA).  Students who perform well academically in 
college are more likely to persist than those who do not perform as well.  Students who lose the 
Bright Futures Scholarship usually do so for one chief reason: the student does not complete 30 
semester hours of study with a 3.0 GPA by the end of their first year of enrollment.  While 
students may successfully complete 30 hours of study, some may miss the minimum 3.0 GPA 
requirement needed to keep the scholarship.  Similarly, some students may successfully achieve 
a 3.0 GPA but fail to complete the prerequisite 30 hours needed to keep the award.  Either way, 
GPA is a crucial component in maintaining one’s eligibility for the Bright Futures Scholarship.   
 Although the loss of the award may introduce some financial impact on students’ 
decisions to remain at the institution, the student’s actual GPA may also play a role in motivating 
the student to remain at the institution (Stater, 2009).  This is largely due to the fact that a student 
has the opportunity to earn the Bright Futures Scholarship back if she or he can successfully 
achieve a 3.0 cumulative GPA and complete a total of 60 semester hours by the end of the 
sophomore year.  This program component, scholarship recapture, has prompted a host of 
strategies amongst students to increase their college GPA.  Some of these strategies to enhance 
one’s GPA include modified course taking patterns, a change in academic major, completing 
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courses at other institutions and then transferring the credits through Florida’s generous 
articulation agreements. 
 Campus Residency.  Campus residency has been linked to persistence, largely due to the 
positive impact associated with on-campus housing on students’ social integration.  Levin and 
Clowes (1982) found that students who lived on campus were more likely to graduate from a 
four-year institution.  An examination of the 1996-1998 Beginning Postsecondary Students 
Longitudinal Study (Bradburn, 2002) described background characteristics of students who 
departed college without a degree and found that among those living in college-owned housing, 
only 14.7% left college without a degree as compared to those who reported living with their 
parents (22.4%) or in another form of non-campus housing (27.9%).  Additionally, in a 2002 
study of 502 FTIC students at a research university in the Midwest, Pike reported that living on 
campus was associated with higher levels of openness to diversity than was living off campus.  
Pike’s study included students living off campus, those living in traditional residence halls, those 
living in sponsored learning communities and those living in Freshman Interest Groups.  Despite 
a limiting sample (students living off campus were underrepresented and women, minority 
students, and higher-ability students were overrepresented), the sample of students within the 
four living arrangements were typical of the students in the corresponding populations—at least 
in terms of gender, minority status and entering ability levels.  Pike’s findings that on-campus 
residency is related to an increased openness to diversity is not surprising in that most off-
campus residence decisions are often the product of the self-selection of peers or residing with a 
family member and commuting to college. 
 Fraternity or Sorority Membership.  Findings suggest that membership in social 
fraternities and sororities plays a role in students’ social integration and subsequent commitment 
to the institution, as reflected by higher persistence rates.  Terenzini and Pascarella (1984) found 
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that a student’s commitment to their living arrangements, such as residence in a social fraternity 
or sorority house, positively affected student persistence.  Similarly, Astin (1975) found that 
living in a sorority or fraternity house was positively linked to persistence and degree 
completion.  Lowther and Langley (2005) studied persistence rates among social fraternity and 
sorority members at a large, public, southern university and found that fraternity- and sorority-
affiliated students posted higher retention rates than unaffiliated students.  Conversely, DeBard et 
al. (2006) studied social fraternity- and sorority-affiliated students at a large, public, mid-western 
university and found that non-affiliated students significantly outperformed affiliated students on 
several academic measures (i.e., high school GPA, ACT score, predicted GPA, fall and spring 
GPAs, and first-year cumulative GPAs).  However, affiliated students posted significantly better 
first- to second-year retention rates than non-affiliated men (80% vs. 71%, p < .05) and women 
(74% vs. 84%, p < .05). 
 In conclusion, Tinto’s interactionalist student departure theory (1975, 1986, 1993) 
remains an enduring paradigm for studying student departure decisions.  Tinto’s (1993) 
acknowledgement that one’s financial situation may play more of a role in impacting persistence 
than was previously thought has been corroborated by studies linking the impact of finances on 
student departure decisions (Henry et al., 2004; Iwai & Churchill, 1982; Olivas, 1985; St. John, 
1990; St. John et al., 2000; Stampen & Cabrera, 1988; Voorhees, 1985).  A review of the 
literature reveals that pre- and post-matriculation variables hold continued promise for testing 
propositions in Tinto’s (1975, 1986, 1993) interactionalist student departure model, including the 
relationship of merit based aid, such as the Florida Bright Futures Scholarship, and how the loss 
of merit aid following the first year of study can impact a student’s subsequent commitments to a 
given institution and to the goal of graduation. 
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Summary 
 This chapter provided a review of literature relevant to the research questions under 
investigation.  An overview of Tinto’s interactionalist student departure model (1975) and its 15 
testable propositions were discussed, along with supporting evidence measuring the strength of 
support for each construct within the model.  Given that later iterations of Tinto’s (1986, 1993) 
model identified financial variables as a factor impacting student departure decisions, integrative 
financial theories of student persistence were reviewed.  Finally, an overview of variables that 
have been empirically linked to persistence decisions was presented for possible inclusion in this 
study.  Based on this information, data analysis procedures will be developed to address the 
research questions and discussed in greater detail in Chapter Three. 
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CHAPTER THREE:  
RESEARCH METHODS 
This study was designed to investigate the relationship of losing the Bright Futures 
Scholarship on student persistence.  Ultimately, this study planned to investigate the utility of 
using student background characteristics gathered from admissions and financial aid pre-
matriculation data and student post-enrollment variables to predict the probability of retaining 
the Bright Futures Scholarship after the first year of enrollment.  Additionally, this study 
examined the use of pre- and post-matriculation data to determine the probability of returning to 
the institution for a second year, even after losing Bright Futures following the first year of 
enrollment.  Further, using student background characteristics gathered from admissions and 
financial aid pre-matriculation data and student post enrollment variables, this study sought to 
develop a model useful to predict which students will recapture their Bright Futures scholarship 
after the second year of enrollment.   
This chapter will present the procedural design for this study and will be described in 
three subsections. In the first section, the setting and population are described.  Second, 
procedures concerning data collection and variable selection will be described.  Third, the use of 
logistic regression will be discussed as a means of analyzing the data. 
Setting and Population 
The institution in this study is a coeducational, public, urban institution located in a large-
sized city in Florida.  The Carnegie Foundation classified the study site as a comprehensive 
doctoral, majority undergraduate institution with very high research activity.  This institution 
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also participated in the Foundation’s Curricular Engagement and Outreach and Partnerships 
elective classification.  The study institution has been formally engaged in a concerted effort to 
identify and understand the experiences of its students with a stated aim of increasing the 
institution’s persistence and graduation rates.  The institution’s Executive Vice President and 
Provost and the institution’s Vice President for Student Affairs commissioned a “Student 
Success Taskforce” to “conduct a comprehensive, rigorous and evidence-based institutional 
assessment” which would result in recommendations that would lead to the establishment of a 
national model of excellence across nine dimensions.  These dimensions include: a continued 
commitment to access and diversity; a renewed focus on academic attainment; improved levels 
of college preparedness through the shaping of the admitted student profile; enhanced academic 
progress, graduation rates, time-to-graduation, and reduced disparities; reduced excess hours 
within degree programs; reduced student debt; enhanced student and alumni satisfaction; 
improved student progression rates to graduate school; and improved career placement and 
market competitiveness. 
With 39,852 students enrolled at the campus site for the fall 2009 term, slightly more 
than 75% of students (n = 29,913) were classified as undergraduate students.  Among 2,740 first-
time-in-college (FTIC), full-time freshmen, slightly more than 94% (n = 2,578) were classified 
as residents of Florida.  The freshman-to-sophomore year retention rate for the institution’s first-
time, full-time 2009 freshmen cohort was 88.25%.  Women were retained at a slightly higher rate 
(89.3%) than were the men (86.8%).  The freshman-to-sophomore Bright Futures Scholarship 
retention rate for the cohort is 89.3%, which compares favorably to the inclusive fall 2009 
freshmen cohort.   
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The ethnic distribution of the first-year student population at the drop/add period during 
the fall of 2009 was heavily overrepresented by White, Non-Hispanic students (63.5%; n = 
1,740), followed by Hispanic students (16.0%; n = 439), Asian students (10.0%; n = 275), Black 
students (7.0%; n = 192), Non-residential Alien students (1.8%; n = 49), students electing to not-
report their ethnicity (1.2%; n = 34), and American Indian students (0.4%; n = 11).  Enrollment 
at this same reference point reflected a student population that was 57.6% female and 42.4% 
male.  In order to provide additional texture while describing the student population at the study 
site, 26% of the institution’s student population received a Pell Award. 
Participants 
 First-time, full-time Florida residents who 1) were admitted for the fall 2009 semester, 2) 
were admitted to a baccalaureate degree-granting program, 3) received the Bright Futures 
Scholarship—either the Florida Academic Scholars (FAS) or the Florida Medallion Scholars 
(FMS) awards—during the first semester of enrollment and 4) enrolled at the institution for the 
fall 2009 term and persisted at the institution through the end of the spring 2011 term will be 
included in this study.  Of the 2,578 Florida residents enrolled as first-time, full-time, degree-
seeking freshmen for the fall 2009 semester at the study institution,  93.8% (n = 2,418) received 
either a FAS or a FMS award under the Florida Bright Futures Scholarship program and were 
selected for inclusion in this study. 
Procedure 
Data Collection 
 Data collection was conducted via one method.  Data pertaining to admissions and 
financial aid will be drawn from existing institutional databases.  The researcher secured 
approval from the study institution’s Institutional Review Board to access these data.  Enrollment 
data for the first-time, full-time 2009 freshman cohort will be gathered from the Office of 
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Financial Aid and the Student Information Database maintained by the institution’s Decision 
Support Department.  Data was collected from each student’s admission and financial aid file at 
the drop/add benchmark during fall enrollment and include variables that have been shown to 
impact persistence among students in the first year of enrollment.  Additional academic data 
pertaining to semester hours attempted and earned, as well as cumulative GPAs (a measure of all 
grades earned on all course work attempted) was gathered for students in the fall 2009 cohort for 
academic years 2009-10 and 2010-11.  All variables are described in greater detail in the 
“Variables” section of this chapter.  Admissions, financial aid, and post-enrollment data 
including student residency status and Greek-letter organization affiliation was gathered by way 
of the aforementioned method and merged by student identification number to yield a complete 
data set for each participant included in the study.  The data was then “blinded” by removing 
student identification numbers by a third party, thus preventing the possibility of personally 
identifying any students whose records will be included in this study. 
Variables 
 This study included variables that describe student background characteristics prior to 
matriculation, as well as variables gathered post-matriculation.  Several reviews of the student 
retention literature (Astin, 1975; Pantages & Creedon, 1978; Tinto, 1975, 1986) have suggested 
that many background variables and post-enrollment variables are linked to student persistence.  
Variables gathered from the institution’s database were included in this study to assess their 
influence on student departure decisions.  These variables are described in greater detail below.  
Please refer to the data dictionary in the Appendix for a complete listing of all variable names, 
definitions, and coding structures.  Cases for which data were unknown or missing among any of 
the potential predictor variables were not included within these analyses. 
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 Pre-Matriculation Academic Variables.  Given the usefulness of high school grade point 
averages and standardized test scores in assessing student preparedness for college (Astin, 1975; 
Bradburn, 2002; House, 1999; Pantages & Creedon, 1978; Stampen & Cabrera, 1988), variables 
representing a combined SAT score were included to test their significance as potential 
predictors of Bright Futures Scholarship retention following the first year of enrollment and in 
subsequent models.  In situations where a score on the ACT is available and has been relied upon 
to make an admission decision those scores were converted to SAT scores using the study 
institution’s conversion tables.  A student’s cumulative high school GPA (HSGPA) was used as 
a measure of academic performance in high school and included any course weightings noted on 
the student’s high school transcript.  To provide uniformity for data collection processes, all pre-
matriculation data were accessed at the “drop/add” benchmark. 
Race and Ethnicity.  Research points to ongoing degree attainment gaps among students 
from different racial and ethnic groups (Astin & Oseguera, 2005).  Furthermore, challenges to 
the Tinto persistence paradigm as it relates to minority populations suggest that the Tinto model 
fails to adequately account for the experiences of non-White students (Guiffrida, 2006; Rendon, 
Jalomo, & Nora, 2000; Tierney, 1992).  The institution collects race and ethnicity data on seven 
named groups.  Therefore, variables were created by the researcher (ETHNIC1-ETHNIC6) and 
used to represent a student’s race in an attempt to test the relationship between race and student 
scholarship persistence, with Whites serving as the reference (largest) group.  As a student’s 
ethnicity or racial identification is fairly consistent over time, these data were collected at the 
“drop/add” benchmark and included within the block of pre-matriculation variables. 
 Gender.  Gender will be represented by the variable SEX and is coded ‘0’ for female and 
‘1’ for male.  This information is collected during the admissions process and is considered to be 
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constant over time.  These data will be collected at the “drop/add” benchmark and incorporated 
within the pre-matriculation block of data. 
 College Housing the First Academic Major at Drop/Add.  Research has linked a student’s 
first major to academic performance in the first year of enrollment (Astin, 1975; Pascarella & 
Terenzini, 2005).  Therefore, the college of a student’s first major was subjected to a variable 
coding process, with students declaring majors in Arts and Sciences serving as the reference 
(largest) group.  Membership in the largest group, “Arts and Sciences,” was further subdivided 
into two groups: intended majors within the School of Humanities and the School of Social 
Sciences and a second group with intended majors within the School of Natural Sciences and 
Mathematics.  The purpose for this further subdivision is justified by the wide range of majors 
within the College.  The Schools of Humanities and Social Sciences offer degree programs in 
disciplines such as English, History and Sociology whereas the School of Natural Sciences and 
Mathematics offers degree programs in Cell Biology, Microbiology and Molecular Biology, 
Chemistry and Physics.  The decision to group students by the College housing their first major 
rather, and in the case of the College of Arts and Sciences by their Schools, than individual 
majors was purposeful and intended to ensure sufficient sample sizes throughout subsequent 
analyses. 
 Socio-Economic Status (SES).  As mentioned in Chapter Two, finding a unified definition 
of socio-economic status has proven difficult for comparing past persistence studies; however, 
the influence of SES should not be overlooked in a study that attempts to account for the 
relationship of losing a financial incentive, the Bright Futures Scholarship, to students’ 
persistence decisions.  Since there are no direct measures of SES used during the admissions 
process and not all students apply for financial aid, additional background variables representing 
SES, as a function of parents’ income, was gathered via the Free Application for Federal Student 
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Aid (FAFSA), provided that the student applied for aid.  The variable FINAIDAPP, which will 
denote whether a student filed a FAFSA, was created with FAFSA filers coded as ‘1’ and non-
filers coded as ‘0.’  Among FAFSA filers, the resulting Estimated Family Contribution (EFC), a 
monetary figure representing the amount a student’s family is expected to contribute toward the 
annual cost of attendance, was provided as an indicator of a student’s ability to pay.  Students 
who did not complete the FAFSA (e.g., non-filers) will be included in the study cohort and 
classified as members of EFC Group 11, the most affluent group of students.  This group of 
students is assumed to possess full ability to pay. 
 Financial Aid.  Identifying which students received funding in addition to the Bright 
Futures Scholarship was necessary to determine if recipients were dependent upon other forms of 
merit aid, need-based aid, or loans as a condition of continued enrollment.  Variables 
representing types of financial aid other than the Bright Futures Scholarship were created to 
denote any need-based grant (NBG), need-based loan (NBL), non-need-based loan (NNBL), and 
total non-Bright Futures aid (FUND4TOT) received in the first year of enrollment. 
Post-Enrollment Variables 
 College GPA and Hours Earned.  Numerous studies (Astin, 1975; Pascarella & 
Chapman, 1983; Pascarella & Terenzini, 1979; St. John et al., 1996; Voorhees, 1985) have 
linked a student’s freshman year grade point average and number of hours earned to persistence.  
Given that Florida Academic Scholar students must maintain a 3.0 GPA at the 30, 60, and 90 
hour check points following each academic year of study (a 2.75 GPA must be maintained in 
order to maintain Florida Medallion Scholars eligibility), it is necessary to evaluate cumulative 
GPAs and hours earned by the end of each academic year.  For the purposes of this study, only 
the first two years of enrollment were considered.  Corresponding cumulative GPAs will be 
gathered for each student at the conclusion of the spring 2010 (FYGPA) and spring 2011 
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semesters (SYGPA), typically representative of the 30 and 60 semester hour check points, to aid 
in determining Bright Futures Scholarship eligibility status at the end of the 2009-10 and 2010-
11 academic years.  Similarly, variables representing cumulative hours earned by the conclusion 
of the first (FYHRS) and second (SYHRS) year of enrollment were constructed to determine 
progress toward the earned hours requirement at the 30 and 60 hour check points. 
 Bright Futures Retention and Recapture Variables.  Using the aforementioned FYGPA 
and FYHRS variables described above, the dependent variables KEEP_FAS and KEEP_FMS 
were created to identify if a student is eligible to keep Bright Futures by the end of the first year 
of college.  Summer grades following the spring 2010 semester were not considered.  Given that 
summer terms are often used to maximize one’s chances of regaining or keeping Bright Futures 
in the absence of meeting the minimum GPA or hours needed to keep the award following the 
traditional fall-to-spring academic year, the inclusion of summer term grades are likely to include 
only those students who would otherwise lose Bright Futures by the end of the traditional fall-to-
spring academic year.  This is a slight departure from the traditional “Bright Futures GPA” based 
on grades earned at all institutions attended excluding remedial, continuing education, and non-
degree credit courses by the end of each fall-spring-summer academic year.  GETBACK_FAS 
and GETBACK_FMS, dependent variables denoting whether a student was eligible to regain 
Bright Futures (at either the FAS or FMS level) by the conclusion of the second year of 
enrollment after losing the award following the first year of enrollment, were created by 
examining the aforementioned cumulative second-year GPA (SYGPA) and second-year 
cumulative hours earned (SYHRS) variables.  Students with at least a 3.0 GPA and 60 hours 
earned by the conclusion of the second year of enrollment will be coded as ‘1’ in the 
corresponding GETBACK_FAS variable; non-eligible students will be coded as ‘0.’  Similarly, 
students with at least a 2.75 GPA and 60 hours earned by the conclusion of the second year of 
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enrollment was coded as ‘1’ in the corresponding GETBACK_FMS variable with non-eligible 
students being coded as ‘0.’ 
 Campus Residency.  The inclusion of student data concerning campus residency and 
Greek organization affiliation (hereafter fraternity and sorority membership) is to serve as a 
proxy measure for student integration into the social community of the study site.  Early studies 
interested in retention were performed by Astin (1970) and Tinto (1973).  Both Astin and Tinto 
focused initially on individual characteristics, whereas later research viewed retention within the 
context of the student interacting with the institution.  It is worthwhile to note that early retention 
studies failed to explore many of the external forces behind student attrition.  Bean added to the 
findings of Astin and Tinto in that he believed that community (family) and financial support 
were two external factors that contributed to the return of first year students (Bean, 1985). 
Astin (1973) indicated that dormitory residents were more likely than commuters to 
obtain a baccalaureate degree in four years, reported higher levels of social integration, had 
higher levels of self-confidence, and stated that they were more satisfied with their 
undergraduate experience.  In addition, his study showed that, when separated by type of 
institution, four-year colleges showed the greatest benefit from dormitory living.  Findings for 
men and women were comparable.  Astin (1977) later went on to discuss that freshman year 
residence halls are an important factor associated with graduation rates, which certainly are 
affected by first year retention. 
A similar study was conducted by Levin and Clowes (1982) to determine whether 
students who live in residence halls have higher social status, higher high school grades and 
higher aptitude than students who live at home and commute to campus.  Findings indicated that 
higher socioeconomic status and academic success in high school was associated with living in 
college residence halls.  These results supported earlier propositions made by Tinto (1973) that 
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students attending four-year colleges and living in college-owned facilities were more likely to 
graduate after four years.  Although the effects of socioeconomic status and high school grades 
on degree completion were uncertain, living in a dormitory increased the likelihood that one 
would graduate from a four-year college. 
While not a direct measure of social integration, Pike conducted a study to determine the 
relationship between living on campus and openness to diversity (Pike, 2002).  He found that 
living on campus was positively related to openness to diversity and not the product of 
differences in the backgrounds of students living on and off campus.  According to Chickering, 
living on campus, as opposed to commuting from home, has a positive effect on students due to 
fundamental differences in the types of relationships students form with significant others.  For 
students living on campus, there is a break with traditional reference groups and an introduction 
to a wide variety of new reference groups.  The impacts of these new reference groups are 
strengthened by frequent, sustained interactions around common problems and shared interests.  
Students living at home are less likely to break with traditional reference groups, and the need to 
join new reference groups is much less for commuter students.  
Information regarding campus residency (on- and off-campus) will be gathered for the 
fall term of the first and second year of enrollment (OFFCAMPUSF09, OFFCAMPUSF10, 
respectively), as living on campus has been linked to social integration on campus, and, thus, 
holds potential for impacting student persistence (Astin, 1975; St. John et al., 1996; Voorhees, 
1985). 
 Fraternity or Sorority Membership.  Membership in a social fraternity or sorority has 
been linked to higher rates of persistence (Astin, 1975; DeBrad et al., 2006; Lowther & Langley, 
2005; Terenzini & Pascarella, 1984).  Tinto contends that initially students’ background 
characteristics influence commitment, but after matriculation the individual’s experiences with 
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the social and academic aspects of an institution begin to shape these commitments.  Students 
who become adequately integrated into the social and academic systems of their college through 
participation in extracurricular activities, interactions with other students, and interactions with 
faculty develop or maintain strong commitments to attaining a college degree.  Students with 
strong commitments and intentions in these areas will be the most likely to persist in college, and 
those with weak commitments will be the most likely to withdraw. 
In a 1988 issue of the Journal of Higher Education, Tinto applied Van Gannep’s notion 
of the “rites of passage” to the longitudinal process of becoming fully integrated into the college 
community.  Although it can be said that the processes described in Tinto’s model are constantly 
at work in the students’ lives—that is, their academic and social integration and, consequently, 
their commitments are constantly being shaped by their institutional experiences—Tinto uses the 
“rites of passage” concept to describe the process of truly becoming a member of the college 
community over a longer period of time.  The rites of passage context can illuminate the specific 
processes of withdrawal for varying points during the college career (for example, why 
withdrawal during the freshman year differs from withdrawal as a senior).  Tinto describes the 
rites of passage as the process of moving from membership in one community (for example, high 
school, parents) to membership in another (college) through three related and interactive 
mechanisms: (1) separation from past communities (high-school friends, family, and so on), (2) 
transition into the new college community, and (3) incorporation into the college community 
through actually adopting the norms and behavior patterns of the new community. 
Variables denoting a student’s social fraternity or sorority membership were gathered for  
the first and second year of enrollment (GRKSS10 and GRKSS11). 
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 First-to-Second Year Retention.  FALL_10 represented the dependent retention variable 
used to predict the probability of a student’s return to the institution after losing the Bright 
Futures Scholarship following the first year of enrollment.  This value was coded as ‘1’ to denote 
students who returned to the institution for a second year of enrollment.  Those students who did 
not return was coded as ‘0.’ 
Analyses 
 Considering the three research questions and corresponding hypotheses under study, a 
logistic regression research design was employed to determine the weightings of independent 
variables in three separate predictive models.  The logistic regression model represents a 
mathematical attempt to relate the probability of some event occurring, conditional on a vector of 
explanatory variables (Cabrera, 1994; Pedhazur, 1997; Press & Wilson, 1978).  In situations 
where the goal of the analysis is outcome classification, concerns over population normality and 
equal covariance matrices are present.  This study involved a population that is believed to be 
characterized as multivariate abnormal, possessing unequal covariance matrices and several 
qualitative independent variables, ruling out the use of a similar classification technique known 
as discriminant function analysis.  While discriminant function analysis has been proved capable 
of providing some measure of correct classification, Press and Wilson’s (1978) study found that 
logistic regression correctly classifies dichotomous dependent variables more reliably than 
discriminant functional analysis.  The dichotomous dependent variables in this study and the 
inclusion of several qualitative independent variables rendered the use of logistic regression as 
an appropriate technique.  This technique was reasonable for predicting the probability of 
keeping one’s Bright Futures Scholarship after a year of enrollment, retaining students who lost 
the award after the first year, and determining covariates among returning students who recapture 
the award after an additional year of study as compared to those who do not. 
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 Hosmer and Lemeshow’s (2000) four stage model-building process was used to guide the 
development of the three predictive models associated with this study.  In stage one each variable 
were analyzed as a possible predictor by entering it, individually, into the logistic model to test 
for use in the multivariate model.  Upon completion of the univariate analyses, variables meeting 
a preliminary level of significance (p < .30) were deemed as possessing a high level of potential 
predictive power and were retained for future consideration in the multivariate model.  
Insignificant variables, not meeting the preliminary level of significance, were removed from 
future consideration for model development.  One problem with any univariate approach is that it 
ignores the possibility that a collection of variables, each of which is weakly associated with the 
outcome, can become an important predictor of outcome when taken together.   Considering this 
possibility, the significance level (p < .30) was selected as large enough to allow the suspected 
variables to become candidates for inclusion in the multivariable model.  An additional test of 
significant variables was conducted to detect multicollinearity which is helpful in identifying 
variables with high rates of interrelation.  Those variables deemed highly correlated with other 
variables were removed from subsequent consideration in the model. 
 In stage two, all potentially significant predictors were included in a multivariate model 
to determine the contribution of each variable in predicting a dichotomous outcome, adjusting for 
the effects of other terms in the model.  The decision to retain variables in the predictive logistic 
model was determined by entering all preliminary variables into the logistic regression model 
and removing those with the least discriminating power one at a time.  This procedure was 
repeated until no more new variables can be removed from the model and all remaining variables 
meet the desired significance level of (p < .15).  In stage three, tests for linearity in the logit were 
conducted on all remaining continuous variables in the main effects model.  Following Hosmer 
and Lemeshow’s guidance, the importance of each variable included in the model will be 
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verified by examining the variable’s Wald statistic and comparing each estimated coefficient 
with the coefficient from the model containing only that variable.  Lastly, in stage four, potential 
interaction terms were tested to account for any potential variable effects that may not be 
constant across the levels of another variable.   
 Research Question One was addressed by fully developing and testing the multivariate 
model predicting the probability of keeping the Bright Futures Scholarship following the first 
year of enrollment.  Research Questions Two and Three were addressed by the creation of two 
additional predictive models following all four stages of Hosmer and Lemeshow’s model-
building steps described above.  Research Question Two was addressed by developing a logistic 
regression model predicting the probability of returning to the institution for a second year after 
losing Bright Futures following the first year of study.  Research Question Three was addressed 
by the development of a logistic regression model predicting the probability of recapturing 
Bright Futures upon completion of a second year of study assuming the student returned to the 
institution after losing the award following the first year of study. 
Summary 
 The research methods and procedures used to explore this study’s three research 
questions were discussed in detail.  Discussion of database usage was presented.  Variables 
included in the study were outlined and defined.  The use of logistic regression was presented 
and discussed as an effective approach for creating three separate predictive models of student 
persistence and scholarship retention among Bright Futures Scholarship recipients.  Chapter Four 
presents the results obtained through application of these methods and procedures. 
 
 
71 
 
 
CHAPTER FOUR: 
RESULTS 
  
This chapter includes the analysis of data as they relate to each of the research questions 
in this study.  Study results are presented in the five sections described below.  The development 
of all models associated with the research questions under study will follow Hosmer and 
Lemeshow’s four-stage model-building process as described in Chapter Three.  First, an 
overview of basic demographic data is presented to describe students who keep Bright Futures 
awards and students who lose their Bright Futures award after the first year of enrollment.  
Second, stage one of the logistic model-building process was animated to identify specific pre- 
and post-matriculation variables that differentiate between students who keep Bright Futures or 
lose Bright Futures after the first year of enrollment.  Third, stages two through four of the 
logistic model-building process was used to complete the development of the first model that 
calculates the probability of keeping Bright Futures by the end of the first year of enrollment.  
Fourth, a second logistic regression model was developed, presented, and applied to determine 
the probability of a student being retained for a second year of enrollment even after losing 
Bright Futures by the end of the first year.  Fifth, the third logistic regression model using pre- 
and post-enrollment variables was developed, presented, and applied to determine the probability 
of a student reacquiring Bright Futures eligibility for the third year of study, even after returning 
to the institution without the award for the second year of enrollment. 
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Demographics 
 The fall 2009 Bright Futures cohort is comprised of 2,418 Florida resident students who 
received a Bright Futures award for the 2009-2010 academic year.  Nearly three quarters of the 
Bright Futures cohort (72.4 %; n =1,750) were classified as on-campus residents for the fall 2009 
semester.  The study cohort is mostly White (64.3%; n =1,554); followed by Hispanic (16.3%;   
n =394), Asian (10.5%; n =254), African American (7.2%; n =173), not reported (1.0%; n =23), 
Non-resident Alien (0.6%; n =14), and American Indian (0.2%; n =6).  The largest proportion of 
cohort students declared majors in STEM-related disciplines offered by the College of Arts and 
Sciences (32.9%; n =795); followed by Non-STEM related disciplines offered by the College of 
Arts and Sciences (17.4%; n =421), Engineering (14.2%; n =344), Business Administration 
(11.0%; n =267), Undergraduate Studies (6.1%; n =147), Education (4.9%; n =119), Nursing 
(4.6%; n =111), Fine and Performing Arts (4.4%; n =106), Behavioral and Community Sciences 
(2.8%; n =67), Medicine (1.3%; n =32), and undeclared (0.4%; n =9). Students in this study 
cohort were mostly female (57.4%; n =1,387). Slightly less than nine percent (8.9%; n =214) of 
the study cohort joined a social fraternity or sorority during the first year of college. 
 Academically, the mean combined SAT score for the cohort group was 1,191              
(SD = 119.04).  The mean high school grade point average for the cohort group was 3.85          
(SD = 0.36). The study group’s mean academic performance in terms of a cumulative grade point 
average at the end of the spring 2010 semester was 3.1 (SD = 0.62). During the fall 2009 and 
spring 2010 semesters the cohort mean for earned credit hours was 40.58 (SD = 16.18). Although 
51.2% of the cohort remained academically eligible to continue receiving their Bright Futures 
award beyond the first year of college, 89.3% returned to the institution for their sophomore 
year. 
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 From a financial perspective, 83.3% (n = 2,013) of the study group submitted a Free 
Application for Federal Student Aid (FAFSA) to determine their eligibility for additional need- 
and non-need based aid.  Reported on the FAFSA is an estimated family contribution (EFC) that 
denotes the amount of money a student’s family is expected to contribute toward the annual cost 
of college attendance.  Less than a quarter of the student sample (23.6%, n = 475) submitting a 
FAFSA reported an EFC of less than $1,000.  Among the 173 Black students included in this 
study, more than 95% (n = 165) submitted a FAFSA and 35.8% (n = 62) reported an annual EFC 
less than $1,000.  Among the 1,554 White students included in this study, slightly more than 
80% (n = 1,252) submitted a FAFSA and 13.8% (n = 215) reported an annual EFC less than 
$1,000.  At the other side of the financial spectrum, slightly less than 17% (n = 405) of all 
students in the Bright Futures study cohort had an annual EFC in excess of $10,000 or did not 
file a FAFSA at all.  
Analyses Relating to Research Question One 
What is the relationship between student background characteristics gathered during the pre-
matriculation phase of admissions and financial aid processing and student post-enrollment 
variables gathered after a student matriculates in predicting which first-year Bright Futures 
Scholarship recipients will retain their awards after the first year of enrollment? 
 Preliminary steps in the logistic regression model-building process were utilized to 
differentiate between students who kept their Bright Futures award and students who lost their 
Bright Futures award after the first year of enrollment.  Univariate analyses used to address 
Research Question One aided in the identification of relevant variables used to create a base 
model of Bright Futures Scholarship retention after one year of enrollment.   
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Univariate Analyses 
 A univariate analysis of each variable was conducted to determine each individual 
variable’s overall contribution to explaining variation in the dependent variable.  The dependent 
variable under study in this research question is a scholarship retention variable representing 
students who earned at least 30 credit hours and at least a 3.0 grade point average by the end of 
the spring 2010 semester.  The students who satisfied both criteria retained their Bright Futures 
scholarship award and were coded as ‘1.’ Conversely, those students who failed to satisfy both 
eligibility criteria and, thus did not maintain their Bright Futures scholarship award, were coded 
as ‘0.’  Initial variable selection for stage one of the model-building process was set at an alpha 
level of 0.30.  This more conservative screening of initial variables takes the findings of Bendel 
and Afifi (1977) into account.  These authors found that the only parameter which appreciably 
affected the relative magnitude of the stopping rule prediction errors was the number of degrees 
of freedom. Therefore, the use of a more traditional alpha level (p < 0.05) often fails to identify 
variables that may be potentially important in a model. 
 
As described in Chapter Three, potential predictor variables were selected based on 
previous research linking such variables to measures of student success.  The following pre-
admission and post-enrollment variables were entered into the preliminary logistic regression 
Not 
Retained Retained
Count 597 752 1,349
% within Gender 44.3% 55.7% 100.0%
Count 519 486 1,005
% within Gender 51.6% 48.4% 100.0%
Count 1,116 1,238 2,354
% within Gender 47.4% 52.6% 100.0%
Pearson Chi Squared = 12.60; N  = 2,354 df = 1; Asymptotic signifance value = > 0.001   
Total
Table 3: Student Retention of Bright Futures Eligibility at the Conclusion of their First 
Year of Enrollment by Gender
Bright Futures
Total
Gender
Female
Male
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model as potential predictor variables: College housing intended major at Fall 2009 drop/add 
milestone, Gender, Ethnicity, FAFSA application, Membership in social fraternity or sorority at 
Fall 2010 drop/add milestone, Residential status, High school Grade Point Average, All funds 
excluding Bright Futures award, Estimated Family Contribution, Need Based Grants, Need 
Based Loans, Non-Need Based Loans, Fall 2009 Grade Point Average, Semester Hours earned at 
the conclusion of Fall 2009, Spring 2010 Grade Point Average, Semester Hours earned at the 
conclusion of Spring 2010, and a combined score on the Scholastic Aptitude Test (SAT).  
 
Not 
Retained Retained
Count 370 426 796
% within College 46.5% 53.5% 100.0%
Count 157 232 389
% within College 40.4% 59.6% 100.0%
Count 127 137 264
% within College 48.1% 51.9% 100.0%
Count 36 30 66
% within College 54.5% 45.5% 100.0%
Count 56 58 114
% within College 49.1% 50.9% 100.0%
Count 173 164 337
% within College 51.3% 48.7% 100.0%
Count 43 62 105
% within College 41.0% 59.0% 100.0%
Count 17 14 31
% within College 54.8% 45.2% 100.0%
Count 45 59 104
% within College 43.3% 56.7% 100.0%
Count 4 3 7
% within College 57.1% 42.9% 100.0%
Count 88 53 141
% within College 62.4% 37.6% 100.0%
Count 1,116 1,238 2,354
% within College 47.4% 52.6% 100.0%
Pearson Chi-Square = 27.80 df  = 10; Asymp. Significance (2-sided) = 0.002
Table 4: College Membership of Students Retaining their Bright Futures Scholarship Award 
at the Conclusion of the First Year of College Enrollment
Bright Futures
Total
College
Arts & Sciences-
STEM
Arts & Sciences-  
Non-STEM
Business 
Administration
Behavioral and 
Community Sciences
Education
Total
Engineering
Fine and Performing 
Arts
Medicine
Nursing
Undeclared
Undergraduate 
Studies
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Table 4: “College Membership of Students Retaining their Bright Futures Scholarship 
Award at the Conclusion of the First Year of College Enrollment” is provided above to convey 
the study cohort’s ability to maintain merit-aid eligibility when examined by the academic unit 
housing their intended major at the “Drop/Add” milestone during the first college year. These 
data are important when considering the development of interventions to increase the probability 
of Bright Futures Scholarship retention at the academic unit level. 
 
 
 
 
Not 
Retained
Retained
Count 1,000 1,141 2,141
% within Greek 
Membership
46.7% 53.3% 100.0%
Count 116 97 213
% within Greek 
Membership
54.5% 45.5% 100.0%
Count 1,116 1,238 2,354
% within Greek 
Membership
47.4% 52.6% 100.0%
Pearson Chi-Square = 4.67; N  = 2,354 df  = 1; Asymp. Significance (2-sided) = 0.031
Total
Table 5: Bright Futures Retention Following the First Year of Enrollment by 
Greek Membership 
Bright Futures
Total
Greek Sorority or 
Fraternity 
Membership
No
Yes
Not 
Retained
Retained
Count 302 352 654
% within Residential Status 46.2% 53.8% 100.0%
Count 814 886 1,700
% within Residential Status 47.9% 52.1% 100.0%
Count 1,116 1,238 2,354
% within Residential Status 47.4% 52.6% 100.0%
Total
Table 6: Bright Futures Retention Following the First Year of Enrollment by Residential Status 
Bright Futures
Total
Residential Status
Off 
Campus
On Campus
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Multicollinearity Diagnostics 
 Given that multicollinearity diagnostics yield important information regarding 
explanatory variables and not the dependent variable, additional analysis to compute correlations 
among predictor variables and identify those variables that are highly correlated with others was 
performed.  The variables representing the number of Semester Hours Earned by the end of Fall 
2009 and the number of Semester Hours Earned by the end of Spring 2010 were highly 
correlated (Pearson correlation = 0.948) but serves as a criterion for Bright Futures Scholarship 
retention.  To resolve this high correlation, the data associated with the number of Semester 
Hours Earned by the end of Spring 2010 was preferred and included in the logistic regression 
model to differentiate those who retained and those who lost their Bright Futures Scholarship at 
the end of their first year of enrollment.  Similarly, the variables representing the Grade Point 
Average at the conclusion of the Fall 2009 semester and the Grade Point Average at the 
conclusion of the Spring 2010 semester were also highly correlated (Pearson correlation = 
0.844).   
 
Cumulative GPA, 
Fall 2009
Cumulative Hours, 
Fall 2009
Cumulative Hours, 
Spring 2010
Cumulative GPA, 
Spring 2010
Pearson Correlation 1 .196** .275** .844**
Sig. (2-tailed) 0.000 0.000 0.000
N 2418 2418 2354 2354
Pearson Correlation .196** 1 .948** .206**
Sig. (2-tailed) .000 0.000 .000
N 2418 2418 2354 2354
Pearson Correlation .275** .948** 1 .320**
Sig. (2-tailed) .000 0.000 .000
N 2354 2354 2354 2354
Pearson Correlation .844** .206** .320** 1
Sig. (2-tailed) 0.000 .000 .000
N 2354 2354 2354 2354
** Correlation is significant at the 0.01 level (2-tailed)
Table 7: Multicollinearity Diagnositics of Potential Variables for Model Building in Research Question One
Cumulative GPA, 
Fall 2009
Cumulative Hours, 
Fall 2009
Cumulative Hours, 
Spring 2010
Cumulative GPA, 
Spring 2010
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To employ the same logic, the data associated with the Grade Point Average recorded at 
the conclusion of the Spring 2010 semester was preferred and included into the logistic 
regression model as a potential predictor.  Again, the rationale used to defend this decision was 
that a cumulative Grade Point Average measuring academic performance at the conclusion of the 
first year of enrollment serves as a criterion for Bright Futures Scholarship retention eligibility. 
Multivariate Analyses 
Following guidelines outlined in stage two of Hosmer and Lemeshow’s logistic 
regression model-building process, an examination of the multivariate model revealed that 11 
variables were significant predictors of Bright Futures Scholarship retention: College housing 
intended major at Fall 2009 drop/add milestone, Gender, Ethnicity, FAFSA application, 
Membership in social fraternity or sorority at Fall 2010 drop/add milestone, Residential status, 
High school Grade Point Average, All funds excluding Bright Futures award, Estimated Family 
Contribution, Need Based Grants, Need Based Loans, Non-Need Based Loans, Fall 2009 Grade 
Point Average, Semester Hours earned at the conclusion of Fall 2009, Spring 2010 Grade Point 
Average, Semester Hours earned at the conclusion of Spring 2010, and a combined score on the 
Scholastic Aptitude Test (SAT).  Please recall that the dependent variable in this analysis, Bright 
Futures Scholarship Retention, was used to identify which students kept (‘1’) or lost (‘0’) the 
Bright Futures Scholarship following the first year of enrollment. 
Table 8: “Group Statistics Comparing those Students Able to Maintain Bright Futures 
Scholarship Eligibility from those Students Failing to Meet Scholarship Eligibility Following the 
First Year of Enrollment”, below, presents the 11 variables identified as significant in 
differentiating between students who retain or lose Bright Futures after the first year of 
enrollment and includes only those variables meeting the pre-established significance level        
(p < 0.30) used for screening variables. 
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Model Interpretation 
 Direct logistic regression was performed to assess the impact of a number of variables on 
the likelihood that Bright Futures Scholarship award recipients would retain their award after 
their first year of college enrollment.  The model contained twenty three variables (College 
housing intended major at Fall 2009 drop/add milestone [ten subordinate classifications 
representing academic colleges study participants could elect or declare a major from at the Fall 
2009 drop/add milestone], Gender, Ethnicity [six subordinate classifications representing the 
self-reported ethnic identity of study participants], FAFSA application, Membership in a social 
N Mean
Standard 
Deviation
Standard 
Error Mean
Not Retained 1,115 3.6920 .31495 .00943
Retained 1,238 3.9922 .33337 .00947
Not Retained 1,116 2897.56 2479.857 74.233
Retained 1,238 3086.52 2444.983 69.489
Not Retained 1,116 29533.17 37155.696 1112.227
Retained 1,238 29139.47 35948.381 1021.690
Not Retained 1,116 1237.73 1809.123 54.155
Retained 1,238 1174.94 1777.969 50.532
Not Retained 1,116 321.51 636.122 19.042
Retained 1,238 196.39 525.510 14.936
Not Retained 1,116 731.12 1365.563 40.877
Retained 1,238 622.58 1336.302 37.979
Not Retained 1,116 2.7596 .62923 .01884
Retained 1,238 3.4737 .35486 .01009
Not Retained 1,116 21.65 13.774 .412
Retained 1,238 30.85 15.262 .434
Not Retained 1,116 2.6743 .61540 .01842
Retained 1,238 3.4872 .28387 .00807
Not Retained 1,116 34.03 14.543 .435
Retained 1,238 46.49 15.279 .434
Not Retained 1,115 1161.97 113.295 3.393
Retained 1,238 1219.12 118.966 3.381
*** Levene's Test for Equality of Variances, significance value > 0.001
Need-Based Grant
Table 8: Group Statistics Comparing those Students Able to Maintain Bright Futures Scholarship 
Eligibility from those Students Failing to Meet Scholarship Eligibility Criteria Following the First Year of 
Enrollment
High School GPA
All Funds, exc. Bright Futures
Estimated Family Contribution
Combined SAT
Need-Based Loan***
Non-need Based Loan
Cumulative GPA, Fall 2009***
Cumulative Hours, Fall 2009***
Cumulative GPA, Spring 2010***
Cumulative Hours, Spring 2010***
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fraternity or sorority at the Fall 2010 drop/add milestone, Residential status, High school Grade 
Point Average, All funds excluding Bright Futures award, Estimated Family Contribution, Need 
Based Grants, Need Based Loans, Non-Need Based Loans, Spring 2010 Grade Point Average, 
Semester Hours earned at the conclusion of Spring 2010, and a combined score on the Scholastic 
Aptitude Test [SAT]).   
 The full model containing all predictors was statistically significant X 2 (23, N = 2,418) = 
1796.93, p > 0.001, indicating that the model was able to distinguish between those students able 
to retain their Bright Futures Scholarship award after their first year of study and those students 
who lost the award.  The model as a whole explained between 53.4% (Cox and Snell R square) 
and 71.3% (Nagelkerke R squared) of the variance between those students who retained and 
those students who lost their Bright Futures award after a year of enrollment, and correctly 
classified 86.1% of cases.  As shown in Table 9, only seven of the variables made a unique 
statistically significant contribution to the model (College housing intended major at the Fall 
2009 drop/add milestone, electing or declaring an intended major in the College of Arts & 
Sciences (Non-STEM disciplines); in the College of Business Administration; and in the College 
of the Arts, a student’s Grade Point Average at the end of the spring 2010 term, and the number 
of semester hours earned at the end of the spring 2010 term).  
Allison (1999) argued that interpreting parameters associated with linear probability 
models is far more intuitive than it is for logistic models.  In linear models, a coefficient of 0.5 
means that for a one-unit increase in the explanatory variable, the predicted probability for the 
event increases by 0.5.  As for explaining logit coefficients, the 0.5 coefficient denotes a 0.5 
increase in log-odds for every one-unit increase in the explanatory variable.  The strength of the 
partial relationship between an individual predictor and the predicted event, such as retaining 
Bright Futures after one year of study, can be described through use of odds ratios.  The odd 
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ratios indicate how much more or less likely the predicted event will occur depending on the 
value of an explanatory variable, controlling for the effects of the other explanatory variables in 
the model.  It should be noted that the probability of retaining Bright Futures by the end of the 
first year of enrollment was modeled rather than the probability of losing Bright Futures.  An 
odds ratio of one implies that the event is equally likely in both groups, for dichotomous 
variables, an odds ratio greater than one implies that the event is more likely among members of 
the first group.  An odds ratio of less than one indicates that the event is less likely in the first 
group as compared to non-members of the group. 
The strongest predictor of retaining a student’s Bright Futures award was a student’s 
Grade Point Average at the end of the spring 2010 term, recording an odds ratio of 290.82.  The 
mean cumulative Grade Point Average of the students meeting the eligibility requirements 
associated with their Bright Futures Scholarship was 3.49 (SD = 0.28). These students were 290 
times more likely to retain their Bright Futures Scholarship, controlling for all other factors in the 
model.  While maintaining a high Grade Point Average is an eligibility requirement associated 
with the Bright Futures award, the number of semester hours earned (the other academic 
criterion students must meet in order to retain the award), while statistically significant, recorded 
a much more modest odds ratio of 1.08. 
In order to consider research question one each pre- and post-enrollment variable was 
entered into a logistic regression model to test its use as a potential predictor variable.  
Knowledge of which variables are useful in differentiating between students who retain or lose 
Bright Futures following the first year of enrollment can be applied to future development of a 
model of Bright Futures Scholarship retention.  While it appears that students pursuing academic 
majors in particular colleges (e.g., the College of Arts & Sciences Non-STEM disciplines, the 
College of Business Administration, and the College of the Arts) and men are finding difficulty 
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retaining their Bright Futures award after their first year of study, the strongest predictor of 
Scholarship retention is a cumulative Grade Point Average above the eligibility criterion (3.0).  
Table 9 presents the logistic regression model predicting the likelihood of retaining a study 
participant’s Bright Futures Scholarship award after the first year of college enrollment is found 
on page 84. 
Summary 
 Univariate analysis was conducted comparing first-year students able to retain their 
Bright Futures Scholarship award to those students unable to meet the award retention criteria at 
the end of their first year of college enrollment.  In this study, women retained their award more 
often (55.7%) than did men (48.4%) in the study population; nearly fifty-three percent (52.6%) 
of students entering the institution retained their Bright Futures Scholarship award.  Students 
declaring an academic major at the drop/add benchmark of their first year of study were 
classified into larger groups.  Decisions about classification involved placing study participants 
into groups according to the college containing the major with an exception of a secondary 
category within the largest College at the study institution (the College of Arts and Sciences).  
Students declaring majors in the College of Arts and Sciences (STEM group), the College of 
Arts and Sciences (Non-STEM group), the College of Fine and Performing Arts, and the College 
of Nursing retained their Bright Futures award at a rate higher than the group retention measure.  
Literature described the influence of a students’ residential status as positively contributing to a 
host of variables such as persistence, academic performance perceptions of institutional support, 
engagement and commitment.  The analysis of this study population conveyed that students 
living off-campus retained their Bright Futures award at a rate slightly higher (53.8%) than those 
students living on campus (52.1%).  Membership in Greek letter organizations also proved to be 
a counter-predictive attribute as Greek men and women retained their award at a 45.5% rate 
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compared to 53.5% of non-affiliated students able to remain eligible according to established 
criteria. 
 Comparing group statistics between those students retaining their award and those 
students unable to retain their Bright Futures award also identified some interesting findings.  
Those students retaining their award carried a mean High School Grade Point Average of 3.99 
compared to a 3.69 High School Grade Point Average of those unable to remain eligible.  The 
difference between Fall 2009 GPA (retain the award = 3.47; lost eligibility = 2.75) and the 
Spring 2010 GPA (retain the award = 3.48; lost eligibility = 2.67) were reasonable similar.  The 
difference between the credit hours earned (Fall Cumulative Hours Earned [retained] = 30.85; 
[lost eligibility] = 21.65; Spring Cumulative Hours Earned [retained] = 46.49; [lost eligibility] = 
34.03) suggested a much broader distribution and presumes the collegiate credit earned prior to 
matriculation. 
Of interest to this researcher is the development of practical and accessible models that 
might prove useful to campus-based practitioners in the design and implementation of 
interventions which may target efforts to those most at risk of losing their Bright Futures award 
and may, in fact, be at greater risk of attrition citing a change in their perceived ability to pay for 
their college education.  In an attempt to offer campus-based practitioners a compressed model, 
the model building process was repeated at two earlier points in the student’s first year of 
enrollment: at matriculation and at the beginning of the spring 2010 term.  In offering these 
models at the beginning and at the mid-point of the first year of enrollment, this researcher 
anticipates being able to identify key characteristics which might aid in the identification of 
students with a greater risk of losing their Bright Futures award and, quite possibly, a greater risk 
of departing or withdrawing from college.   
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Logistic Regression Model Development at Matriculation (Drop/Add); Fall 2009.  Direct logistic 
regression was performed to assess the impact of a number of variables on the likelihood that 
Bright Futures Scholarship award recipients would retain their award after their first year of 
college enrollment from the drop/add milestone, or simply expressed, at entry. The model 
contained twenty two variables (College housing intended major at Fall 2009 drop/add milestone 
[ten subordinate classifications representing academic colleges study participants could elect or 
declare a major from at the Fall 2009 drop/add milestone], Gender, Ethnicity [six subordinate 
Lower Upper
College 22.573 10 .012
Arts & Sciences- STEM .455 .291 2.436 1 .119 1.576 .890 2.788
Arts & Sciences- Non-STEM .836 .314 7.104 1 .008 2.307 1.248 4.265
Business Administration .771 .331 5.439 1 .020 2.162 1.131 4.133
Behavioral & Community Sciences .725 .465 2.428 1 .119 2.065 .829 5.143
Education -.114 .400 .081 1 .776 .892 .407 1.956
Engineering .564 .331 2.895 1 .089 1.757 .918 3.364
Performing & Fine Arts .823 .419 3.864 1 .049 2.278 1.002 5.177
Medicine .442 .605 .534 1 .465 1.556 .475 5.096
Nursing -.286 .404 .502 1 .479 .751 .340 1.658
Undergraduate Studies 2.288 1.159 3.896 1 .048 9.859 1.016 95.655
Gender(1) -.103 .148 .479 1 .489 .902 .675 1.207
Ethnicity 3.545 6 .738
Asian .453 .696 .423 1 .516 1.573 .402 6.156
Black .186 .701 .070 1 .791 1.204 .305 4.756
Hispanic .032 .684 .002 1 .962 1.033 .271 3.944
Pacific Islander .739 1.428 .268 1 .605 2.093 .127 34.362
Not Reported .533 1.185 .202 1 .653 1.704 .167 17.387
White .069 .670 .011 1 .917 1.072 .288 3.984
FAFSA Submitted -.078 .195 .157 1 .691 .925 .631 1.357
Need-Based Loan .000 .000 .040 1 .842 1.000 1.000 1.000
Greek Membership -.172 .211 .660 1 .417 .842 .557 1.274
High School GPA .338 .233 2.110 1 .146 1.402 .889 2.212
Cumulative GPA, Spring 2010 5.673 .261 472.725 1 .000 290.823 174.399 484.969
Cumulative Hours, Spring 2010 .073 .006 152.151 1 .000 1.076 1.063 1.088
Constant -22.383 1.320 287.440 1 .000 .000
Table 9: Multivariate Model Predicting the Probability of Retaining Bright Futures Scholarship Eligibility  Following 
the First Year of Enrollment
B S.E. Wald df Sig. Exp(B)
95% C.I.for EXP(B)
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classifications representing the self-reported ethnic identity of study participants], FAFSA 
application, High school Grade Point Average, and Need Based Loans.   
The full model containing all predictors was statistically significant X 2 (20, N = 2,418) = 
494.68, p > 0.001, indicating that the model was able to distinguish between those students able 
to retain their Bright Futures Scholarship award after their first year of study and those students 
who lost the award.  The model as a whole explained between 19.0% (Cox and Snell R square) 
and 25.3% (Nagelkerke R squared) of the variance between those students who retained and 
those students who lost their Bright Futures award after a year of enrollment, and correctly 
classified 68.2% of cases.  As shown in Table 10, only six of the variables made a unique 
statistically significant contribution to the model (College housing intended major at the Fall 
2009 drop/add milestone, electing or declaring an intended major in the College of Arts & 
Sciences (Non-STEM disciplines); in the College of Business Administration; and in the College 
of the Arts, a student’s Need-based Loan Amount, and a student’s high school Grade Point 
Average).  
The strongest predictor of retaining a student’s Bright Futures award was a student’s high 
school Grade Point Average, recording an odds ratio of 16.36.  This indicated that students who 
earned an elevated high school Grade Point Average were more than 16 times likely to retain 
their Bright Futures Scholarship, controlling for all other factors in the model.  While electing or 
declaring a major housed in certain Colleges proved to be statistically significant, students 
working towards certain degree programs had a higher odds ratio of retaining their Bright 
Futures award, most notably those students beginning Non-STEM majors housed in the College 
of Arts and Sciences which recorded an odds ratio of 2.42. 
These findings reinforce the practice of admitting applicants with higher academic 
preparation as measured by the high school Grade Point Average if Bright Futures Scholarship 
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retention, and, one might argue, college student retention, persists as an institutional objective.      
Of interest to this researcher is the finding that neither ethnicity nor gender are statistically 
significant in this model for determining the likelihood of Bright Futures Scholarship retention (p 
= 0.427 and p = 0.493 respectively).   Table 10 presents the logistic regression model developed 
from the pre-matriculation data collected in pursuit of research question one at the “drop/add” 
benchmark, referred to as “at entry,” and can be found below.  
 
Again, this researcher finds great value in developing a compressed predictive model to 
enable broader practitioner application.  Cognizant of the strained resources used to support 
potentially helpful interventions designed to increase the likelihood of college student retention, 
it is important to avoid two conditions: undertreating and over-treating students.  When an 
institution perceives that they are undertreating students potentially helpful interventions are not 
Lower Upper
College 27.920 10 .002
Arts & Sciences- STEM .253 .207 1.500 1 .221 1.288 .859 1.931
Arts & Sciences- Non-STEM .883 .222 15.772 1 .000 2.418 1.564 3.738
Business Administration .554 .234 5.631 1 .018 1.741 1.101 2.751
Behavioral & Community Sciences .520 .333 2.437 1 .119 1.682 .876 3.230
Education .333 .281 1.403 1 .236 1.395 .804 2.420
Engineering .291 .230 1.598 1 .206 1.337 .852 2.098
Performing & Fine Arts .615 .289 4.518 1 .034 1.850 1.049 3.263
Medicine .464 .434 1.144 1 .285 1.591 .679 3.724
Nursing .557 .289 3.717 1 .054 1.745 .991 3.073
Undergraduate Studies .208 .875 .057 1 .812 1.231 .222 6.840
Gender(1) .070 .102 .469 1 .493 1.072 .878 1.309
Ethnicity 5.968 6 .427
Asian .595 .505 1.389 1 .239 1.813 .674 4.878
Black .139 .515 .073 1 .788 1.149 .419 3.151
Hispanic .376 .498 .570 1 .450 1.456 .549 3.864
Pacific Islander .624 1.017 .377 1 .539 1.867 .255 13.697
Not Reported 1.026 .800 1.646 1 .199 2.790 .582 13.376
White .356 .488 .532 1 .466 1.428 .548 3.717
FAFSA Submitted -.171 .129 1.763 1 .184 .842 .654 1.085
Need-Based Loan .000 .000 6.846 1 .009 1.000 1.000 1.000
High School GPA 2.795 .157 318.374 1 .000 16.363 12.037 22.244
Constant -11.386 .782 211.871 1 .000 .000
Table 10: Multivariate Model Predicting the Probability of Retaining Bright Futures Scholarship Eligibility at the 
"Drop/Add" Milestone (or at Matriculation)
B S.E. Wald df Sig. Exp(B)
95% C.I.for EXP(B)
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animated and college students retain or lose their Bright Futures Scholarship award at an 
approximate 53 percent.  As discussed throughout the review of the college student retention 
literature, a college student’s ability to pay, or perception of their ability to pay, is an important 
determinant of persistence.  Conversely, when an institution is overmatching their retention 
interventions with student need by compelling or programming potentially helpful interventions 
for all entering students there is reason to suspect declining efficacy of these efforts with 
considerable costs assumed by the institution.  To avoid these two conditions, identifying 
students with a potentially increased risk of not-retaining their Bright Futures Scholarship with 
sufficient time to animate potentially helpful interventions becomes essential for effective 
practice.  To that end, this researcher has developed a model to identify student characteristics at 
the conclusion of the fall term—or at “midpoint”—which may yield important assistance in 
identifying the students whom may benefit most from interventions animated in the Spring 2010 
semester.  The results of this model are presented below. 
Logistic Regression Model Development Following the Fall 2009 Semester; Midpoint.  Direct 
logistic regression was performed to assess the impact of a number of variables on the likelihood 
that Bright Futures Scholarship award recipients would retain their award after their first year of 
college enrollment at the conclusion of fall semester 2009.  The model contained twenty four 
variables (College housing intended major at Fall 2009 drop/add milestone [ten subordinate 
classifications representing academic colleges study participants could elect or declare a major 
from at the Fall 2009 drop/add milestone], Gender, Ethnicity [six subordinate classifications 
representing the self-reported ethnic identity of study participants], FAFSA application, High 
school Grade Point Average, Fall 2009 Grade Point Average, the number of hours earned at the 
conclusion of the Fall 2009 semester, and Need Based Loans.   
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The full model containing all predictors was statistically significant X 2 (22, N = 2,418) = 
1271.42, p > 0.001, indicating that the model was able to distinguish between those students able 
to retain their Bright Futures Scholarship award after their first year of study and those students 
who lost the award.  The model as a whole explained between 41.7% (Cox and Snell R square) 
and 55.7% (Nagelkerke R squared) of the variance between those students who retained and 
those students who lost their Bright Futures award after a year of enrollment, and correctly 
classified 79.8% of cases.  As shown in Table 11, only four of the variables made a unique 
statistically significant contribution to the model (declaring a Non-STEM academic major 
housed in the College of Arts and Sciences; declaring an academic major housed in the College 
of Behavior and Community Sciences; High School Grade Point Average; Grade Point Average 
at the conclusion of the Fall 2009 Semester; and the number of credits earned by the conclusion 
of the Fall 2009 Semester).  
The strongest predictor of retaining a student’s Bright Futures award was a student’s 
Grade Point Average at the conclusion of the Fall 2009 Semester, recording an odds ratio of 
23.27.  The students retaining their merit-based award within this “midpoint” model boasted a 
3.47 Grade Point Average (SD = 0.36) during the Fall term and were 23 times more likely to 
retain their Bright Futures Scholarship, controlling for all other factors in the model, when 
compared to those students who did not retain the award (2.76 Grade Point Average, SD = 0.63).  
While electing or declaring a major housed in certain Colleges proved to be statistically 
significant, students working towards certain degree programs had a higher odds ratio of 
retaining their Bright Futures award, most notably those students beginning Non-STEM majors 
housed in the College of Arts and Sciences and those students beginning academic majors 
housed in the College of Behavioral and Community Sciences which recorded an odds ratio of 
2.24 and 2.17 respectively.  Table 11 presents the logistic regression model developed from the 
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pre-matriculation and post-enrollment data collected in pursuit of research question one at the 
conclusion of the fall semester, referred to as “at midpoint,” and can be found below.  
 
Research Question One Summary 
 The results from the analyses associated with research question one is presented above.  
The literature describing college student departure identifies several factors that contribute to 
student persistence or student withdrawal.  The model developed to predict Bright Futures 
Scholarship retention was able to distinguish between those students able to retain their Bright 
Futures Scholarship award after their first year of study and those students who lost the award.  
Additional models were developed to assist with the identification of students who may be at a 
higher risk of losing their Bright Futures award.  Additional models were designed to distinguish 
Lower Upper
College 13.747 10 .185
Arts & Sciences- STEM .383 .250 2.341 1 .126 1.466 .898 2.394
Arts & Sciences- Non-STEM .806 .270 8.901 1 .003 2.240 1.319 3.805
Business Administration .494 .281 3.078 1 .079 1.639 .944 2.845
Behavioral & Community Sciences .787 .392 4.017 1 .045 2.196 1.018 4.738
Education .469 .347 1.827 1 .177 1.598 .810 3.156
Engineering .331 .281 1.387 1 .239 1.392 .803 2.415
Performing & Fine Arts .611 .352 3.008 1 .083 1.842 .924 3.672
Medicine .312 .529 .348 1 .555 1.366 .484 3.853
Nursing .314 .349 .810 1 .368 1.369 .691 2.711
Undergraduate Studies 1.510 1.161 1.693 1 .193 4.528 .465 44.055
Gender(1) -.109 .124 .762 1 .383 .897 .703 1.145
Ethnicity 3.755 6 .710
Asian .383 .636 .363 1 .547 1.467 .421 5.106
Black .118 .644 .034 1 .855 1.125 .318 3.979
Hispanic .192 .628 .093 1 .760 1.211 .354 4.147
Pacific Islander -.124 1.162 .011 1 .915 .883 .091 8.621
Not Reported 1.257 .997 1.590 1 .207 3.515 .498 24.798
White .140 .617 .052 1 .820 1.151 .344 3.854
FAFSA_SA(1) -.105 .161 .431 1 .511 .900 .657 1.233
Need-Based Loan .000 .000 .899 1 .343 1.000 1.000 1.000
High School GPA 1.287 .191 45.314 1 .000 3.622 2.490 5.268
Cumulative GPA, Fall 2009 3.147 .155 414.251 1 .000 23.265 17.183 31.501
Cumulative Hours, Fall 2009 .045 .005 94.314 1 .000 1.046 1.036 1.055
Constant -16.502 1.044 249.786 1 .000 .000
Table 11: Multivariate Model Predicting the Probability of Retaining Bright Futures Scholarship Eligibility  at the 
Midpoint of the First Year of Enrollment (or Following the Fall 2009 Semester)
B S.E. Wald df Sig. Exp(B)
95% C.I.for EXP(B)
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between those with a higher likelihood of losing their Bright Futures Scholarship from those 
more likely to retain the award at matriculation (drop/add milestone) and at midpoint of the study 
group’s first college year (following the Fall 2009 Semester). These models were developed in 
an attempt to provide predictive data earlier in a college student’s career where it is hypothesized 
that students would be more sensitive to Scholarship Retention interventions and potentially 
increase levels of persistence.  
Analyses Relating to Research Question Two 
What is the relationship between student background characteristics gathered during the pre-
matriculation phase of admissions and financial aid processing and student post-enrollment 
variables gathered after a student matriculates in predicting which first-year Bright Futures 
Scholarship recipients will be retained for a second year of enrollment, even after losing their 
awards following the first year of enrollment?  
Univariate Analyses 
 The initial step in building a logistic regression model followed procedures outlined by 
Hosmer and Lemeshow.  A univariate analysis of each variable was conducted to determine each 
individual variable’s overall contribution to explaining variation in the dependent variable.  The 
dependent variable under study in this research question is a student persistence variable 
representing students who returned to the study institution for the Fall 2010 semester.   
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 As described in Chapter Three, potential predictor variables were selected based on 
research linking these variables to measures of student success.  The following pre-admission 
and post-enrollment variables were entered into the preliminary logistic regression model as 
potential predictor variables: College housing intended major at Fall 2009 drop/add milestone, 
Gender, Ethnicity, FAFSA application, Membership in social fraternity or sorority at Fall 2010 
drop/add milestone, Residential status, High school Grade Point Average, All funds excluding 
Bright Futures award, Estimated Family Contribution, Need Based Grants, Need Based Loans, 
Non-Need Based Loans, Fall 2009 Grade Point Average, Semester Hours earned at the 
No Yes
Count 39 331 370
% within College 10.5% 89.5% 100.0%
Count 40 117 157
% within College 25.5% 74.5% 100.0%
Count 14 113 127
% within College 11.0% 89.0% 100.0%
Count 4 32 36
% within College 11.1% 88.9% 100.0%
Count 11 45 56
% within College 19.6% 80.4% 100.0%
Count 32 141 173
% within College 18.5% 81.5% 100.0%
Count 7 36 43
% within College 16.3% 83.7% 100.0%
Count 1 16 17
% within College 5.9% 94.1% 100.0%
Count 4 41 45
% within College 8.9% 91.1% 100.0%
Count 1 3 4
% within College 25.0% 75.0% 100.0%
Count 15 73 88
% within College 17.0% 83.0% 100.0%
Count 168 948 1,116
% within College 15.1% 84.9% 100.0%
Table 12: College Membership of Retained Students (Fall 2010 or Second Year of College 
Enrollment) After Losing Bright Futures Scholarship Eligibility at the Conclusion of the First 
Year of College Enrollment
Retained Fall 2010
Total
College
Arts & Sciences-STEM
Arts & Sciences-Non-
STEM
Business Administration
Undeclared
Undergraduate Studies
Total
Behavioral and 
Community Sciences
Education
Engineering
Fine and Performing 
Arts
Medicine
Nursing
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conclusion of Fall 2009, Spring 2010 Grade Point Average, Semester Hours earned at the 
conclusion of Spring 2010, and a combined score on the Scholastic Aptitude Test (SAT).  
 
Multicollinearity Diagnostics 
 Given that multicollinearity diagnostics yield important information regarding 
explanatory variables and not the dependent variable, additional analysis to compute correlations 
among predictor variables and identify those variables that are highly correlated with others was 
performed.  The variables representing the number of Semester Hours Earned by the end of Fall 
2009 and the number of Semester Hours Earned by the end of Spring 2010 were highly 
correlated (Pearson correlation = 0.942) but serves as a criterion for Bright Futures Scholarship 
N Mean
Standard 
Deviation
Standard    
Error Mean
Not Retained 168 3.6743 .34491 .02661
Retained 947 3.6952 .30943 .01005
Not Retained 168 3012.12 2528.190 195.054
Retained 948 2877.26 2471.995 80.287
Not Retained 168 25124.07 32107.563 2477.152
Retained 948 30314.53 37942.103 1232.302
Not Retained 168 908.47 1628.626 125.651
Retained 948 1296.08 1833.893 59.562
Not Retained 168 412.79 685.564 52.892
Retained 948 305.34 625.951 20.330
Not Retained 168 1072.50 1729.301 133.418
Retained 948 670.62 1282.137 41.642
Not Retained 168 2.4121 .83762 .06462
Retained 948 2.8212 .56323 .01829
Not Retained 168 19.64 13.725 1.059
Retained 948 22.00 13.759 .447
Not Retained 168 2.1215 .86025 .06637
Retained 948 2.7723 .50157 .01629
Not Retained 168 28.46 15.399 1.188
Retained 948 35.01 14.168 .460
Not Retained 168 1188.10 118.943 9.177
Retained 947 1157.34 111.692 3.630
Table 13: Group Statistics of Retained Students (Fall 2010 or Second Year of College Enrollment) After 
Losing Bright Futures Scholarship Eligibility at the Conclusion of the First Year of College Enrollment
High School GPA
All Funds, excluding Bright Futures
Estimated Family Contribution
Cumulative GPA (Spring 2010)
Cumulative Hours (Spring 2010)
Combined SAT
Need Based Grant
Need Based Loan
Non-need Based Loan
Cumulative GPA (Fall 2009)
Cumulative Hours (Fall 2009)
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retention.  To resolve this high correlation, the data associated with number of semester hours 
earned by the end of Spring 2010 was preferred and included in the logistic regression model to 
differentiate those who retained and those who lost their Bright Futures Scholarship at the end of 
their first year of enrollment. Similarly, the variables representing the Grade Point Average at the 
conclusion of the Fall 2009 semester and the Grade Point Average at the conclusion of the 
Spring 2010 semester were also highly correlated (Pearson correlation = 0.772). To employ the 
same logic, the data associated with the Grade Point Average recorded at the conclusion of the 
Spring 2010 semester was preferred and included into the logistic regression model as a potential 
predictor.  
 
 Again, the rationale used to defend this decision was that a Grade Point Average greater 
than or equal to a 3.0 (on a 4.0 scale) serves as a criterion for Bright Futures Scholarship 
Cumulative 
GPA Fall 
2009
Cumulative 
Hours Fall 
2009
Cumulative 
Hours Spring 
2010
Cumulative 
GPA Spring 
2010
All Funds, 
excluding 
Bright 
Futures
Estimated 
Family 
Contribution
High School 
GPA
Need Based 
Grant
Need Based 
Loan
Non-need 
Based Loan
SAT 
Combined
Pearson Correlation 1 -.036 .054 .772
** .011 -.016 .266
** .024 -.082
** -.027 -.026
Sig. (2-tailed) .234 .074 .000 .708 .599 .000 .417 .006 .360 .395
N 1116 1116 1116 1116 1116 1116 1115 1116 1116 1116 1115
Pearson Correlation -.036 1 .942
**
-.071
* .050 -.026 .079
** .006 .011 .000 .182
**
Sig. (2-tailed) .234 0.000 .017 .095 .377 .008 .837 .720 .988 .000
N 1116 1116 1116 1116 1116 1116 1115 1116 1116 1116 1115
Pearson Correlation .054 .942
** 1 .058 .048 -.026 .109
** .005 .005 -.009 .177
**
Sig. (2-tailed) .074 0.000 .051 .108 .381 .000 .856 .864 .763 .000
N 1116 1116 1116 1116 1116 1116 1115 1116 1116 1116 1115
Pearson Correlation .772
**
-.071
* .058 1 -.006 -.016 .296
** .043 -.083
** -.050 -.104
**
Sig. (2-tailed) .000 .017 .051 .852 .597 .000 .154 .005 .093 .000
N 1116 1116 1116 1116 1116 1116 1115 1116 1116 1116 1115
Pearson Correlation .011 .050 .048 -.006 1 -.604
**
.102
**
.691
**
.406
**
.403
** -.013
Sig. (2-tailed) .708 .095 .108 .852 .000 .001 .000 .000 .000 .663
N 1116 1116 1116 1116 1116 1116 1115 1116 1116 1116 1115
Pearson Correlation -.016 -.026 -.026 -.016 -.604
** 1 -.096
**
-.525
**
-.338
**
-.156
**
.086
**
Sig. (2-tailed) .599 .377 .381 .597 .000 .001 .000 .000 .000 .004
N 1116 1116 1116 1116 1116 1116 1115 1116 1116 1116 1115
Pearson Correlation .266
**
.079
**
.109
**
.296
**
.102
**
-.096
** 1 .049 -.084
** -.028 .061
*
Sig. (2-tailed) .000 .008 .000 .000 .001 .001 .105 .005 .354 .041
N 1115 1115 1115 1115 1115 1115 1115 1115 1115 1115 1115
Pearson Correlation .024 .006 .005 .043 .691
**
-.525
** .049 1 .167
**
-.207
**
-.141
**
Sig. (2-tailed) .417 .837 .856 .154 .000 .000 .105 .000 .000 .000
N 1116 1116 1116 1116 1116 1116 1115 1116 1116 1116 1115
Pearson Correlation -.082
** .011 .005 -.083
**
.406
**
-.338
**
-.084
**
.167
** 1 .119
** -.048
Sig. (2-tailed) .006 .720 .864 .005 .000 .000 .005 .000 .000 .110
N 1116 1116 1116 1116 1116 1116 1115 1116 1116 1116 1115
Pearson Correlation -.027 .000 -.009 -.050 .403
**
-.156
** -.028 -.207
**
.119
** 1 .003
Sig. (2-tailed) .360 .988 .763 .093 .000 .000 .354 .000 .000 .923
N 1116 1116 1116 1116 1116 1116 1115 1116 1116 1116 1115
Pearson Correlation -.026 .182
**
.177
**
-.104
** -.013 .086
**
.061
*
-.141
** -.048 .003 1
Sig. (2-tailed) .395 .000 .000 .000 .663 .004 .041 .000 .110 .923
N 1115 1115 1115 1115 1115 1115 1115 1115 1115 1115 1115
Non-need 
Based Loan
SAT Combined
** Correlation is significant at the 0.01 level (2-tailed).
* Correlation is significant at the 0.05 level (2-tailed).
Table 14: Multicollinearity Diagnositics of Potential Variables for Model Building in Research Question Two
Cumulative 
GPA Fall 2009
Cumulative 
Hours Fall 2009
Cumulative 
Hours Spring 
2010
Cumulative 
GPA Spring 
2010
All Funds, 
excluding Bright 
Futures
Estimated 
Family 
Contribution
High School 
GPA
Need Based 
Grant
Need Based 
Loan
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retention eligibility at the end of the first year of enrollment.  Both scenarios addressing high 
levels of correlation between variables measuring the number of semester hours earned in both 
fall and spring semesters and the term grade point average for the same time period were found 
to be statistically significant at the 0.01 level (two-tailed). 
Multivariate Analyses 
An examination of the multivariate model revealed that 11 variables were significant 
predictors of Bright Futures Scholarship retention: College housing intended major at Fall 2009 
drop/add milestone, Gender, Ethnicity, FAFSA application, Membership in social fraternity or 
sorority at Fall 2010 drop/add milestone, Residential status, High school Grade Point Average, 
All funds excluding Bright Futures award, Estimated Family Contribution, Need Based Grants, 
Need Based Loans, Non-Need Based Loans, Fall 2009 Grade Point Average, Semester Hours 
earned at the conclusion of Fall 2009, Spring 2010 Grade Point Average, Semester Hours earned 
at the conclusion of Spring 2010, and a combined score on the Scholastic Aptitude Test (SAT).   
Model Interpretation 
 Direct logistic regression was performed to assess the impact of a number of variables on 
the likelihood that a student would return to the institution after losing a Bright Futures 
Scholarship award following the first year of college enrollment. The initial model contained 
twenty nine variables (College housing intended major at Fall 2009 drop/add milestone [ten 
subordinate classifications representing academic colleges study participants could elect or 
declare a major from at the Fall 2009 drop/add milestone], Gender, Ethnicity [six subordinate 
classifications representing the self-reported ethnic identity of study participants], FAFSA 
application, Membership in social fraternity or sorority at Fall 2010 drop/add milestone, 
Residential status, High school Grade Point Average, All funds excluding Bright Futures award, 
Estimated Family Contribution, Need Based Grants, Need Based Loans, Non-Need Based Loans, 
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Spring 2010 Grade Point Average, Semester Hours earned at the conclusion of Spring 2010, and 
a combined score on the Scholastic Aptitude Test [SAT]).   
 The full model containing all predictors was statistically significant X 2 (23, N = 1,115) = 
230.47, p > 0.001, indicating that the model was able to distinguish between those students 
returning to the institution after losing their Bright Futures Scholarship award following their 
first year of study and those students who did not return.  The model as a whole explained 
between 18.7% (Cox and Snell R square) and 32.7% (Nagelkerke R squared) of the variance 
between those students who returned and those students who did not return to the institution after 
losing their Bright Futures award following their first year of enrollment, and correctly classified 
88.2% of cases.   
 As shown in Table 15, seven of the variables made a unique statistically significant 
contribution to the model (declaring a non-STEM major within the College of Arts and Sciences, 
Combined SAT, High School Grade Point Average, Need-Based Grant, a student’s Grade Point 
Average at the end of the spring 2010 term, the number of semester hours earned following the 
spring 2010 term, and not submitting a Free Application for Federal Student Aid [FAFSA]). 
 The strongest predictor of returning to the study institution for a second year after 
failing to retain a student’s Bright Futures award was a student’s cumulative Grade Point 
Average at the conclusion of the spring 2010 term, recording an odds ratio of 5.36.  These 
students earned a mean cumulative Grade Point Average of 2.77 (SD = 0.52) and were 5 times 
more likely to return to the institution for their second year despite losing their Bright Futures 
Scholarship following their first year of enrollment, controlling for all other factors in the model.   
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Summary 
 In Research Question Two interest was paid to which students, whom after falling below 
Bright Futures Scholarship award retention criteria, returned to the study institution for a second 
year of enrollment.  Of the students meeting these criteria (n = 1,116), 84.9% were retained to 
the institution (n = 948).  Students were not retained evenly across college membership, again 
based on academic major declaration at the drop/add benchmark, Fall 2009.  Students pursuing 
academic degrees in the College of Arts and Sciences Non-STEM group were retained at a rate 
of 74.5%, the College of Engineering at a rate of 81.5% and to the College of Education at a rate 
of 80.4%.  Citing concerns of multicollinearity between Fall 2009 GPA and Spring 2010 GPA 
and Cumulative Hours Earned by Fall 2009 and Cumulative Hours Earned by Spring 2010, the 
Lower Upper
College 17.632 10 .061
Arts & Sciences- STEM .164 .417 .154 1 .695 1.178 .520 2.669
Arts & Sciences- Non-STEM -.935 .429 4.748 1 .029 .393 .169 .910
Business Administration .032 .479 .005 1 .946 1.033 .404 2.643
Behavioral & Community Sciences .002 .670 .000 1 .997 1.002 .270 3.726
Education -.592 .546 1.176 1 .278 .553 .190 1.613
Engineering -.475 .436 1.188 1 .276 .622 .265 1.461
Performing & Fine Arts -.259 .595 .190 1 .663 .772 .241 2.475
Medicine .161 1.109 .021 1 .885 1.174 .134 10.330
Nursing -.174 .683 .065 1 .798 .840 .220 3.204
Undergraduate Studies .276 1.288 .046 1 .830 1.318 .106 16.458
Ethnicity 10.879 6 .092
Asian -18.591 10148.194 .000 1 .999 .000 0.000
Black -19.001 10148.194 .000 1 .999 .000 0.000
Hispanic -18.471 10148.194 .000 1 .999 .000 0.000
Pacific Islander 2.635 21803.874 .000 1 1.000 13.945 0.000
Not Reported -21.262 10148.194 .000 1 .998 .000 0.000
White -19.260 10148.194 .000 1 .998 .000 0.000
FAFSA Submited .834 .316 6.949 1 .008 2.303 1.239 4.281
High School GPA -1.034 .334 9.576 1 .002 .356 .185 .685
Need-Based Grant .000 .000 5.010 1 .025 1.000 1.000 1.000
Non-Need Based Loan .000 .000 2.241 1 .134 1.000 1.000 1.000
Cumulative GPA, Spring 2010 1.679 .174 93.256 1 .000 5.359 3.812 7.534
Cumulative Hours, Spring 2010 .035 .008 19.234 1 .000 1.036 1.020 1.053
Combined SAT -.002 .001 3.934 1 .047 .998 .996 1.000
Constant 21.418 10148.194 .000 1 .998 2003963750.183
Table 15: Multivariate Model Predicting the Probability of Returning to the Institution After Losing Bright Futures Following the 
First Year of Enrollment
B
Standard 
Error
Wald df Sig. Exp(B)
95% C.I.for EXP(B)
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later measures were added to the model to attempt to explain the variance.  Returning students 
yielded a 2.77 Grade Point Average, as compared to a 2.12 Grade Point Average of those 
students electing not to return to the institution and 35.01 Cumulative Hours Earned compared to 
28.46 Cumulative Hours Earned by those electing not to return for a second year of enrollment. 
 Some effort was dedicated to describe the role that a student’s perceived ability to pay for 
college has on persistence related decisions. Comparing the Estimated Family Contribution 
(EFC), returning students reported a mean sum of $30,314.53 where students electing not to 
return to the institution for their second year of study reported a mean EFC sum of $25,124.07.  
To provide additional context to this discussion this researcher developed a variable to represent 
All Funds, excluding Bright Futures.  Returning students reported a mean sum of $2,877.07 of 
available financial assistance other than Bright Futures.  Students electing to not return to the 
study institution reported a mean sum of $3,012.12 of available assistance other than their Bright 
Futures award.  This finding suggests that students are perhaps less sensitive to the loss of Bright 
Futures awards than previously assumed and presents the possibility of enhanced family support 
as a means to close the gap between a perceived inability and a perceived ability to pay for 
college. 
Research Question Two Summary 
Pre- and post-enrollment variables were entered into a logistic regression model to test its 
utility as a potential predictor variable.  The second research question explored the relationship 
between these data and predicting which students would return to the institution after losing their 
Bright Futures Scholarship award following their first year of college enrollment from those who 
would not return to the institution.  Knowledge of which variables are useful in differentiating 
between students who return to the institution for their second year despite losing their Bright 
Futures awards following the first year of enrollment can be applied to the future development of 
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a model of student retention.  A review of these results appears to suggest that students pursuing 
academic majors within a particular college, the College of Arts & Sciences Non-STEM 
disciplines (β = -0.935; p = 0.029), and those with higher measures of academic preparation in 
high school, specifically, High School Grade Point Average (β = -1.304; p = 0.002) and 
Combined SAT (β = -0.002; p = 0.047) are encountering more difficulty in returning to the study 
institution after losing their Bright Futures award at the conclusion of their first year of 
enrollment.  The strongest predictor of student persistence into their second year of enrollment, 
again despite the loss of a student’s Bright Futures Scholarship award following their first year, 
is a student’s cumulative Grade Point Average at the end of the Spring 2010 semester (β = 1.679; 
p > 0.001).  
Analyses Relating to Research Question Three 
What is the relationship between student background characteristics gathered during the pre-
matriculation phase of admissions and financial aid processing and student post-enrollment 
variables gathered after a student matriculates in predicting which returning students who lose 
the Bright Futures Scholarship after the first year of enrollment are eligible for reinstatement of 
Bright Futures after the second year of enrollment? 
Preliminary steps in the logistic regression model-building process were utilized to 
differentiate between students who regained Bright Futures Scholarship eligibility for their third 
year of enrollment from those students who persisted into their third year of enrollment without 
meeting Bright Futures Scholarship eligibility criteria.  Univariate analyses used to address 
Research Question One aided in the identification of relevant variables used to create a base 
model of Bright Futures Scholarship recapture after a second year of enrollment.  This resulting 
model will be discussed in further detail in the analyses associated with Research Question 
Three. 
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Univariate Analyses 
 A univariate analysis of each variable was conducted to determine each variable’s overall 
contribution to explaining variation in the dependent variable.  The dependent variable under 
study in this research question is a scholarship recapture variable representing students who 
earned at least 60 cumulative credit hours and at least a 3.0 cumulative Grade Point Average by 
the end of the Spring 2011 semester.  Those eligible to recapture their Bright Futures award were 
coded as ‘1,’ and those students who did not meet Bright Futures award eligibility were coded as 
‘0.’  Initial variable selection for stage one of the model-building process was set at an alpha 
level of 0.30.  This more conservative screening of initial variables takes the findings of Bendel 
and Afifi (1977) into account.  These authors found that use of a more traditional alpha level (p < 
0.05) often fails to identify variables that may be potentially important in a model. 
 As described in Chapter Three, potential predictor variables were selected after reviewing 
previous research linking such variables to measures of student success.  The following pre-
admission and post-enrollment variables were entered into the preliminary logistic regression 
model as potential predictor variables: College housing intended major at Fall 2009 drop/add 
milestone, Gender, Ethnicity, FAFSA application, Membership in social fraternity or sorority at 
Fall 2010 drop/add milestone, Residential status, High school Grade Point Average, All funds 
excluding Bright Futures award, Estimated Family Contribution, Need Based Grants, Need 
Based Loans, Non-Need Based Loans, Fall 2009 Grade Point Average, Semester Hours earned at 
the conclusion of Fall 2009, Spring 2010 Grade Point Average, Semester Hours earned at the 
conclusion of Spring 2010, and a combined score on the Scholastic Aptitude Test (SAT).   
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Remained 
Ineligible
Recaptured
Count 225 65 290
% within College 77.6% 22.4% 100.0%
Count 70 28 98
% within College 71.4% 28.6% 100.0%
Count 84 9 93
% within College 90.3% 9.7% 100.0%
Count 25 3 28
% within College 89.3% 10.7% 100.0%
Count 28 13 41
% within College 68.3% 31.7% 100.0%
Count 107 21 128
% within College 83.6% 16.4% 100.0%
Count 25 7 32
% within College 78.1% 21.9% 100.0%
Count 11 4 15
% within College 73.3% 26.7% 100.0%
Count 19 12 31
% within College 61.3% 38.7% 100.0%
Count 2 1 3
% within College 66.7% 33.3% 100.0%
Count 47 11 58
% within College 81.0% 19.0% 100.0%
Count 643 174 817
% within College 78.7% 21.3% 100.0%
Pearson Chi-Square: 23.47 (df = 10); Asymp. Significance (2-sided) = 0.009
Total
Engineering
Fine and Performing 
Arts
Medicine
Nursing
Undeclared
Undergraduate Studies
Table 16: Students "Recapturing" Bright Futures in the Third Year of Enrollment, by College Housing 
First Major
Bright Futures
Total
College
Arts & Sciences-STEM
Arts & Sciences-Non-
STEM
Business Administration
Behavioral and 
Community Sciences
Education
Remained 
Ineligible
Recaptured
Count 332 113 445
% within Gender 74.6% 25.4% 100.0%
Count 311 61 372
% within Gender 83.6% 16.4% 100.0%
Count 643 174 817
% within Gender 78.7% 21.3% 100.0%
Pearson Chi-Square: 9.78 (df = 1); Asymp. Significance (2-sided) = 0.002
Total
Table 17: Students "Recapturing" Bright Futures in the Third Year of Enrollment, by Gender
Bright Futures
Total
Gender
Female
Male
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Multicollinearity Diagnostics 
 Given that multicollinearity diagnostics yield important information regarding 
explanatory variables and not the dependent variable, additional analysis to compute correlations 
among predictor variables and identify those variables that are highly correlated with others was 
performed.  The variables representing the number of Semester Hours Earned by the end of Fall 
2009 and the number of Semester Hours Earned by the end of Spring 2010 were highly 
correlated (Pearson correlation = 0.961) but serves as a criterion for Bright Futures Scholarship 
retention.  To resolve this high correlation, the data associated with number of Semester Hours 
Earned by the end of Spring 2010 was preferred and included in the logistic regression model to 
differentiate those who retained and those who lost their Bright Futures Scholarship at the end of 
their first year of enrollment.  Similarly, the variables representing the Grade Point Average at 
the conclusion of the Fall 2009 semester and the Grade Point Average at the conclusion of the 
Remained 
Ineligible
Recaptured
Count 62 16 78
% within Ethnicity 79.5% 20.5% 100.0%
Count 55 19 74
% within Ethnicity 74.3% 25.7% 100.0%
Count 125 23 148
% within Ethnicity 84.5% 15.5% 100.0%
Count 2 0 2
% within Ethnicity 100.0% 0.0% 100.0%
Count 2 2 4
% within Ethnicity 50.0% 50.0% 100.0%
Count 385 112 497
% within Ethnicity 77.5% 22.5% 100.0%
Count 12 2 14
% within Ethnicity 85.7% 14.3% 100.0%
Count 643 174 817
% within Ethnicity 78.7% 21.3% 100.0%
Pearson Chi-Square: 7.17 (df = 6); Asymp. Significance (2-sided) = 0.305
Total
Table 18: Students "Recapturing" Bright Futures in the Third Year of Enrollment, by Ethnicity
Bright Futures
Total
Ethnicity
Asian
Black
Hispanic
Pacific Islander
Not Reported
White
Not Reported
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Spring 2010 semester were also highly correlated (Pearson correlation = 0.754).  To employ the 
same logic, the data associated with the Grade Point Average recorded at the conclusion of the 
Spring 2010 semester was preferred and included into the logistic regression model as a potential 
predictor.  Again, the rationale used to defend this decision was that a Grade Point Average 
greater than or equal to a 3.0 (on a 4.0 scale) serves as a criterion for Bright Futures Scholarship 
retention eligibility at the end of the first year of enrollment. 
 
Multivariate Analyses 
Following guidelines outlined in stage two of Hosmer and Lemeshow’s (1989) logistic 
regression model-building process, an examination of the multivariate model revealed that three 
variables were significant predictors of Bright Futures Scholarship retention: Spring 2010 Grade 
Cumulative 
GPA,       
Fall 2009
Cumulative 
Hours,    Fall 
2009
Cumulative 
Hours, Spring 
2010
Cumulative 
GPA,   
Spring 2010
All Funds, 
excl. Bright 
Futures
Estimated 
Family 
Contribution
High School 
GPA
Need Based 
Grant
Need Based 
Loan
Non-Need 
Based Loan
Combined 
SAT
Pearson Correlation 1 -.139
**
-.102
**
.754
** .001 -.040 .251
** .013 -.085
* -.023 -.007
Sig. (2-tailed) .000 .003 .000 .984 .254 .000 .711 .014 .505 .830
N 832 832 832 832 832 832 831 832 832 832 831
Pearson Correlation -.139
** 1 .961
**
-.221
** .035 -.010 .046 -.022 -.014 .027 .195
**
Sig. (2-tailed) .000 0.000 .000 .309 .766 .189 .523 .681 .434 .000
N 832 832 832 832 832 832 831 832 832 832 831
Pearson Correlation -.102
**
.961
** 1 -.188
** .042 -.012 .056 -.025 -.005 .028 .229
**
Sig. (2-tailed) .003 0.000 .000 .223 .735 .106 .463 .896 .419 .000
N 832 832 832 832 832 832 831 832 832 832 831
Pearson Correlation .754
**
-.221
**
-.188
** 1 .004 -.056 .288
** .029 -.033 -.014 -.055
Sig. (2-tailed) .000 .000 .000 .900 .104 .000 .399 .337 .685 .114
N 832 832 832 832 832 832 831 832 832 832 831
Pearson Correlation .001 .035 .042 .004 1 -.620
**
.120
**
.710
**
.411
**
.365
** -.040
Sig. (2-tailed) .984 .309 .223 .900 .000 .001 .000 .000 .000 .252
N 832 832 832 832 832 832 831 832 832 832 831
Pearson Correlation -.040 -.010 -.012 -.056 -.620
** 1 -.093
**
-.546
**
-.337
**
-.160
**
.114
**
Sig. (2-tailed) .254 .766 .735 .104 .000 .008 .000 .000 .000 .001
N 832 832 832 832 832 832 831 832 832 832 831
Pearson Correlation .251
** .046 .056 .288
**
.120
**
-.093
** 1 .042 -.077
* -.006 .084
*
Sig. (2-tailed) .000 .189 .106 .000 .001 .008 .226 .027 .870 .015
N 831 831 831 831 831 831 831 831 831 831 831
Pearson Correlation .013 -.022 -.025 .029 .710
**
-.546
** .042 1 .179
**
-.199
**
-.171
**
Sig. (2-tailed) .711 .523 .463 .399 .000 .000 .226 .000 .000 .000
N 832 832 832 832 832 832 831 832 832 832 831
Pearson Correlation -.085
* -.014 -.005 -.033 .411
**
-.337
**
-.077
*
.179
** 1 .132
**
-.074
*
Sig. (2-tailed) .014 .681 .896 .337 .000 .000 .027 .000 .000 .034
N 832 832 832 832 832 832 831 832 832 832 831
Pearson Correlation -.023 .027 .028 -.014 .365
**
-.160
** -.006 -.199
**
.132
** 1 -.003
Sig. (2-tailed) .505 .434 .419 .685 .000 .000 .870 .000 .000 .927
N 832 832 832 832 832 832 831 832 832 832 831
Pearson Correlation -.007 .195
**
.229
** -.055 -.040 .114
**
.084
*
-.171
**
-.074
* -.003 1
Sig. (2-tailed) .830 .000 .000 .114 .252 .001 .015 .000 .034 .927
N 831 831 831 831 831 831 831 831 831 831 831
Cumulative 
GPA,       
Spring 2010
Table 19: Multicollinearity Diagnositics of Potential Variables for Model Building in Research Question Three
Cumulative 
GPA, Fall 
2009
Cumulative 
Hours,         
Fall 2009
Cumulative 
Hours,    
Spring 2010
Combined 
SAT
** Correlation is significant at the 0.01 level (2-tailed).
* Correlation is significant at the 0.05 level (2-tailed).
All Funds, 
excl. Bright 
Futures
Estimated 
Family 
Contribution
High School 
GPA
Need Based 
Grant
Need Based 
Loan
Non-Need 
Based Loan
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Point Average, Semester Hours earned at the conclusion of Spring 2010, and a combined score 
on the Scholastic Aptitude Test (SAT).  Please recall that the dependent variable in this analysis, 
Bright Futures Scholarship Recapture, was used to identify which students recaptured (‘1’) or 
remained ineligible (‘0’) for the Bright Futures Scholarship following the second year of 
enrollment. 
 
Model Interpretation 
 Direct logistic regression was performed to assess the impact of a number of variables on 
the likelihood that Bright Futures Scholarship award recipients would recapture their award after 
their second year of college enrollment.  The model contained fifteen variables (College housing 
intended major at Fall 2009 drop/add milestone [ten subordinate classifications representing 
N Mean
Standard 
Deviation
Standard 
Error Mean
Remained Ineligible 642 3.6862 .29947 .01182
Recaptured 174 3.8252 .29662 .02249
Remained Ineligible 643 2845.61 2495.704 98.421
Recaptured 174 3160.60 2417.618 183.279
Remained Ineligible 643 30831.19 38159.486 1504.863
Recaptured 174 28198.51 36855.690 2794.023
Remained Ineligible 643 1289.18 1815.174 71.583
Recaptured 174 1375.07 1935.355 146.719
Remained Ineligible 643 307.09 628.491 24.785
Recaptured 174 298.22 598.530 45.374
Remained Ineligible 643 670.22 1263.728 49.837
Recaptured 174 616.98 1239.726 93.983
Remained Ineligible 643 2.7987 .52948 .02088
Recaptured 174 3.0595 .47682 .03615
Remained Ineligible 643 21.84 12.917 .509
Recaptured 174 24.54 16.967 1.286
Remained Ineligible 643 2.7596 .43026 .01697
Recaptured 174 3.0689 .37846 .02869
Remained Ineligible 643 35.00 13.202 .521
Recaptured 174 38.84 17.050 1.293
Remained Ineligible 642 1148.61 110.853 4.375
Recaptured 174 1173.91 115.969 8.792
Need Based Grant
Table 20: Group Statistics of Study Cohort Entering the Third Year of Enrollment Subdivided by Bright Futures 
Scholarship Eligibility ("Recapture" and "Remained Ineligible")
High School GPA
All Funds excluding Bright Futures
Estimated Family Contribution
Combined SAT
Need Based Loan
Non-Need Based Loan
Cumulative GPA, Fall 2009
Completed Hours, Fall 2009
Cumulative GPA, Spring 2010
Completed Hours, Spring 2010
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academic colleges study participants could elect or declare a major from at the Fall 2009 
drop/add milestone], Gender, Ethnicity [six subordinate classifications representing the self-
reported ethnic identity of study participants], High school Grade Point Average, Spring 2010 
Grade Point Average, Semester Hours earned at the conclusion of Spring 2010, and a combined 
score on the Scholastic Aptitude Test [SAT]).   
 The full model containing all predictors was statistically significant X 2 (15, N = 816) = 
132.57, p > 0.001, indicating that the model was able to distinguish between those students able 
to recapture their Bright Futures Scholarship award after their second year of study from those 
students who remained ineligible for the award.  The model as a whole explained between 15.0% 
(Cox and Snell R square) and 23.2% (Nagelkerke R squared) of the variance between those 
students who recaptured and those students who remained ineligible their Bright Futures award 
after a second year of enrollment, and correctly classified 79.4% of cases.  
 
Lower Upper
College 13.210 10 .212
Arts & Sciences- STEM .189 .395 .230 1 .632 1.208 .557 2.621
Arts & Sciences- Non-STEM .699 .439 2.537 1 .111 2.012 .851 4.758
Business Administration -.555 .520 1.140 1 .286 .574 .207 1.590
Behavioral & Community Sciences -.280 .732 .147 1 .702 .756 .180 3.169
Education .367 .529 .481 1 .488 1.443 .512 4.071
Engineering -.036 .463 .006 1 .939 .965 .390 2.390
Performing & Fine Arts .290 .590 .242 1 .623 1.337 .421 4.251
Medicine .795 .710 1.253 1 .263 2.214 .551 8.902
Nursing .724 .554 1.709 1 .191 2.063 .697 6.113
Undergraduate Studies 1.605 1.324 1.469 1 .225 4.979 .371 66.737
High School GPA .677 .338 4.015 1 .045 1.969 1.015 3.818
Cumulative GPA, Spring 2010 2.025 .269 56.516 1 .000 7.577 4.469 12.848
Completed Hours, Spring 2010 .031 .007 21.202 1 .000 1.031 1.018 1.045
Combined SAT .002 .001 5.099 1 .024 1.002 1.000 1.004
Gender .323 .220 2.158 1 .142 1.381 .898 2.124
Constant -13.601 1.681 65.461 1 .000 .000
Table 21: Multivariate Model Predicting the Probability of Recapturing Bright Futures Scholarship Eligibility Entering 
the Third Year of College Enrollment
B S.E. Wald df Sig. Exp(B)
95% C.I.for EXP(B)
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 As shown in Table 21, only four of the variables made a unique statistically significant 
contribution to the model (a student’s High School Grade Point Average, a student’s Combined 
SAT score, a student’s Cumulative Grade Point Average at the end of the spring 2010 term, and 
the number of semester hours earned at the end of the spring 2010 term).  
The strongest predictor of retaining a student’s Bright Futures award was a student’s 
Grade Point Average at the end of the spring 2010 term, recording an odds ratio of 7.58.  This 
group of students earned a mean cumulative Grade Point Average of 3.07 (SD = 0.38) and were 
more than 7 times more likely to recapture their Bright Futures Scholarship, controlling for all 
other factors in the model.  While maintaining a 3.0 Cumulative Grade Point Average is an 
eligibility requirement associated with the Bright Futures award, the number of semester hours 
earned (the other academic criterion students must meet in order to retain the award), while 
statistically significant, recorded an odds ratio of 1.03. 
Summary 
 In the third research question attention was directed to identify the relationship between 
pre-matriculation, academic and other related variables among those students returning to the 
study institution for a third year of study and recapturing Bright Futures award criteria after 
losing the award during the second year of study.  This study population associated with 
Research Question Three contained 817 students.  Of this group 174 students (21.3%) recaptured 
the Bright Futures award as compared to 78.7% of the group who remained enrolled at the study 
institution without the award.  Again, Bright Futures award eligibility was not evenly distributed 
as women recaptured the award at a rate of 25.4% when compared to men who regain eligibility 
at a rate of 16.4%.  As it concerns ethnic identity, Black students recaptured Bright Futures 
eligibility at a rate of 25.7%, higher than the study rate (21.3%) and the percentage of White 
students in the group (22.5%).  Students progressing through academic programs in the College 
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of Arts and Sciences Non-STEM group recaptured their eligibility at a rate of 28.6% (n = 28); 
the College of Education (31.7%, n = 13); the College of Medicine (26.7%, n = 4); and the 
College of Nursing (38.7%, n = 12). 
 Comparing group statistics of those who recaptured Bright Futures eligibility and those 
students who remained ineligible was noteworthy in that the two groups were remarkably tightly 
differentiated.  The mean Cumulative Spring 2010 GPA for those students able to recapture the 
award was 3.06 as compared to a mean GPA of 2.75.  Similarly, the mean Cumulative Hours 
Earned at the Spring 2010 benchmark for those recapturing the award was 38.84 as compared to 
35.00 mean Cumulative Hours Earned. 
Research Question Three Summary 
In summary, each pre- and post-enrollment variable was entered into a logistic regression 
model to test its use as a potential predictor variable.  Knowledge of which variables are useful in 
differentiating between students who recapture or remain ineligible for a Bright Futures 
Scholarship award following a student’s second year of enrollment can be applied to future 
development of a model of Bright Futures Scholarship retention.  While it appears that students 
pursuing academic majors in particular colleges (e.g., the College of Arts & Sciences Non-
STEM disciplines, the College of Medicine, and the College of Nursing) and those students who 
entered the study institution without declaring a major at matriculation are finding difficulty 
retaining their Bright Futures award after their first year of study, the strongest predictor of 
Scholarship recapture is a cumulative Grade Point Average above the eligibility criterion (3.0). 
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CHAPTER FIVE 
CONCLUSIONS, IMPLICATIONS, and RECOMMENDATIONS 
 
 This chapter will discuss conclusions, implications, and recommendations stemming 
from results presented in Chapter Four.  The discussion will be presented in the order that the 
research questions were explored.  A brief summary of major findings associated with each 
research question will be followed by a discussion of these findings that include links to previous 
research, limitations encountered during analysis, and suggestions for future model improvement 
and administrative practice. 
Research Question One 
What is the relationship between student background characteristics gathered during the pre-
matriculation phase of admissions and financial aid processing and student post-enrollment 
variables gathered after a student matriculates in predicting which first-year Bright Futures 
Scholarship recipients will retain their awards after the first year of enrollment? 
Summary of Findings 
 Variables gathered during the pre-matriculation stage of the admissions and financial aid 
process and variables gathered after a student enrolls were used to differentiate between students 
who lost the Bright Futures Scholarship and those who retained the scholarship after the first 
year of study.  Care was applied to assess the degree to which distinct variables measured highly 
correlated data by conducting multicollinearity diagnostics. The model developed to respond to 
the first research question did suggest predictive power [X2 (23, N = 2,418) = 1796.93, p > 0.001; 
53.4% Cox and Snell R square; 71.3% Nagelkerke R squared] and suggests the model’s utility in 
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targeting students at some degree of risk of falling below the Scholarship Eligibility measures. 
The model developed to approximate Bright Futures Scholarship Retention risk at the conclusion 
of the first college year was able to accurately predict 86.1% of cases. The strongest predictor of 
retaining a student’s Bright Futures award was a student’s Grade Point Average at the end of the 
spring 2010 term, recording an odds ratio of 290.82.  Those students able to retain their merit-
based award earned a 3.49 Cumulative Grade Point Average (SD = 0.28) and were more than 
290 times more likely to retain their Bright Futures Scholarship, controlling for all other factors 
in the model.  While maintaining a 3.0 Grade Point Average is an eligibility requirement 
associated with the Bright Futures award, the number of semester hours earned (the other 
academic criterion students must meet in order to retain the award), while statistically 
significant, recorded an odds ratio of 1.08. 
 The same model building steps were pursued to develop a “student entry” and a 
“midpoint” model. These secondary and tertiary models were pursued to determine the utility of 
predictive models at earlier points in a students’ engagement with the study institution. Variables 
were studied for multicollinearity and a multivariate model was generated for each additional 
point of engagement.  
 Variables gathered during the pre-matriculation stage of the admissions and financial aid 
process were used to develop a “student entry” model to predict cases in which students would 
have a higher risk of losing their Bright Futures Scholarship and in which students had a higher 
probability of retaining the merit-based scholarship.  The model developed to predict Bright 
Futures Scholarship retention using pre-matriculation data did suggest predictive power [X2 (20, 
N = 2,418) = 494.68, p > 0.001; 19.0% Cox and Snell R square; 25.3% Nagelkerke R squared] 
and suggests the model’s utility in targeting students at some degree of risk of falling below the 
Scholarship Eligibility measures. This model was able to accurately predict 68.2% of cases.  
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 The strongest predictor of retaining a student’s Bright Futures award in the “student 
entry” model was a student’s high school Grade Point Average, recording an odds ratio of 16.36.  
This indicated that students who earned an elevated high school Grade Point Average (3.99, SD 
= 0.33) were 16 times more likely to retain their Bright Futures Scholarship, controlling for all 
other factors in the model.  While electing or declaring a major housed in certain Colleges 
proved to be statistically significant, students working towards certain degree programs had a 
higher odds ratio of retaining their Bright Futures award, most notably those students beginning 
Non-STEM majors housed in the College of Arts and Sciences which recorded an odds ratio of 
2.42. 
 Similarly, the “midpoint” model suggested predictive power [X 2 (22, N = 2,418) = 
1271.42, p > 0.001; 41.7% Cox and Snell R square; 55.7% Nagelkerke R squared] and further 
suggests this model’s utility in targeting students at some degree of risk of falling below the 
Scholarship Eligibility measures prior at the conclusion of the Fall 2009 semester. The model, 
developed to approximate Scholarship Retention risk at “midpoint,” was able to accurately 
predict 79.8% of cases.  The strongest predictor of retaining a student’s Bright Futures award 
was a student’s Grade Point Average at the conclusion of the Fall 2009 Semester, recording an 
odds ratio of 23.27.  Those students predicted to retain their merit-based award through the 
“midpoint model” earned a mean Grade Point Average of 3.47 (SD = 0.36) and were more than 
23 times more likely to retain their Bright Futures Scholarship, controlling for all other factors in 
the model.  While electing or declaring a major housed in certain Colleges proved to be 
statistically significant, students working towards specific degree programs had a higher odds 
ratio of retaining their Bright Futures award, most notably those students beginning Non-STEM 
majors housed in the College of Arts and Sciences and those students beginning academic majors 
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housed in the College of Behavioral and Community Sciences which recorded an odds ratio of 
2.24 and 2.17 respectively.   
Discussion 
 Merely analyzing the groups to which students belong will not suffice for accurately 
identifying which students will retain or lose Bright Futures after one year of study.  No model 
can definitively predict which students will retain or lose Bright Futures after the first year of 
study.  However, understanding which variables are linked to greater probabilities of losing 
Bright Futures after the first year of study can be useful in identifying groups of students who 
would benefit from specific retention outreach strategies, as well as additional academic 
counseling addressing the management of student expectations about retaining the award.  
Knowledge of student membership in any of the groups represented by these variables does 
provide some indication of which students should be identified for additional retention initiatives 
designed towards preserving one’s Bright Futures Scholarship.  Furthermore, such knowledge 
aids in identifying which variables warrant additional consideration in building a model of Bright 
Futures Scholarship retention for use with students beginning their first year of study at the 
institution. 
 Additional models were developed, specifically a model relying on data collected prior to 
enrollment to predict which Bright Futures Scholarship award-winners seem to be more “at risk” 
of not retaining their merit-based award at the beginning of their first college year and a model 
relying on data collected prior to enrollment and academic data (earned credit hours and College 
GPA) obtained following the study cohort’s first academic semester (Fall 2009). The decision to 
pursue these additional models was to enable early notification of “at risk” attributes so that 
interventions could be targeted at an earlier point when students are potentially more sensitive to 
the intervention’s effect.  The literature describing the practice of intrusive academic advising, 
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especially advising at-risk college and university students, should be reviewed and considered 
when developing interventions to intersect students with a greater propensity for losing merit-
based aid such as the Florida Bright Futures award. A cursory review of this literature frames 
students as “at-risk” when they share one or more of the following attributes, students who: are 
ethnic minorities, are academically disadvantaged, have disabilities, are of low socioeconomic 
status, and are probationary students. As a students’ ability to pay or perceived ability to pay for 
college presents itself as a factor in some student departure decisions, the suitability of intrusive 
advising should be considered.  
 Considering the influence of the Grade Point Average on a student’s predicted Bright 
Futures Scholarship retention across each of the models developed in the exploration of Research 
Question One (i.e., at student entry, at midpoint, and at the conclusion of the first college year) 
and citing this measure of academic performance as an eligibility criteria associated with the 
Award itself, concerted attention is recommended when “treating” those students at greater risk 
of losing their Bright Futures Scholarship at the end of their first college year.  Conducting post-
hoc transcript audits to track course-taking behaviors is recommended to future researchers to 
explore whether taking courses in discernable sequences, at particular times of day, and in 
conjunction with other courses has a negative impact on Bright Futures Scholarship retention.  
An additional recommendation for future research would involve an examination of the degree to 
which students are taught by members of the faculty, regular adjunct instructors, graduate 
teaching assistants, or by professional staff teaching first year experience seminar courses. 
Research Question Two 
What is the relationship between student background characteristics gathered during the pre-
matriculation phase of admissions and financial aid processing and student post-enrollment 
variables gathered after a student matriculates in predicting which first-year Bright Futures 
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Scholarship recipients will be retained for a second year of enrollment, even after losing their 
awards following the first year of enrollment? 
Summary of Findings 
 Direct logistic regression was performed to assess the impact of a number of variables on 
the likelihood that a student would return to the institution after losing a Bright Futures 
Scholarship award following the first year of college enrollment. The full model containing all 
predictors was statistically significant X 2 (23, N = 1,115) = 230.47, p > 0.001, indicating that the 
model was able to distinguish between those students returning to the institution after losing their 
Bright Futures Scholarship award following their first year of study and those students who did 
not return.  The model as a whole explained between 18.7% (Cox and Snell R square) and 32.7% 
(Nagelkerke R squared) of the variance between those students who returned and those students 
who did not return to the institution after losing their Bright Futures award following their first 
year of enrollment and correctly classified 88.2% of cases.  
 Only seven of the variables made a unique statistically significant contribution to the 
model. These variables including a student’s declaration of a non-STEM major within the 
College of Arts and Sciences, Combined SAT, High School Grade Point Average, Need-Based 
Grant, a student’s cumulative Grade Point Average at the end of the spring 2010 term, the 
number of cumulative semester hours earned following the spring 2010 term, and not submitting 
a Free Application for Federal Student Aid [FAFSA].  The strongest predictor of returning to the 
student institution despite failing to retain a student’s Bright Futures award was a student’s 
cumulative Grade Point Average at the end of the spring 2010 term, recording an odds ratio of 
5.36.  The mean cumulative Grade Point Average of persisting students was 2.77 (SD = 0.50) at 
the conclusion of their first year of enrollment. These students were 5 times more likely to return 
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to the institution for their second year despite losing their Bright Futures Scholarship following 
their first year of enrollment, controlling for all other factors in the model.  
Discussion 
 These findings corroborate previous research pointing to measures of pre-college 
academic ability and aptitude as useful predictors of persistence, assuming that higher college 
grade point averages are linked to higher rates of persistence (Astin, 1975; Pantages & Creedon, 
1978; Stampen & Cabrera, 1986). This phenomenon was confirmed when comparing the mean 
cumulative Grade Point Average at the conclusion of the Spring 2010 semester between those 
students who persisted into their second college year despite falling below the Bright Futures 
Scholarship Eligibility Requirements to those who elected not to persist. Students from the 
sample persisting into their second year carried a mean cumulative Grade Point Average of 2.77 
(SD = 0.50) where students electing not to return to the institution for a second year earned a 
mean cumulative Grade Point Average of 2.12 (SD = 0.86).  
 As the institution ascends in statewide popularity and selectivity, more Bright Futures 
Scholarship recipients are likely to enroll. Loss of merit-based aid beyond the first year of study 
results in a considerable financial burden that the student must absorb should they elect to 
continue their college experience.  There are several approaches to mediate this increased 
financial burden including employment, loans, departing from higher education, or transferring 
to a less expensive institution. One strategy that could be pursued to mediate student departure 
among the neediest students is to award institution-based grants that fill the gap between the cost 
of attendance and other need-based grants (e.g., Pell grants) for which the student may be 
eligible. While this approach could address a student’s immediate concerns over their ability to 
pay, this strategy would also require the institution to incur an even larger financial burden as a 
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condition of retaining students who are academically eligible to return to the institution after 
losing Bright Futures awards. 
 Returning to the institution without the Bright Futures Scholarship may also signal that, 
in this setting, students who received Bright Futures for the first year, lost it, and returned 
anyway may have been satisfied with the cost of attendance even without the award, a situation 
that Cabrera et al. (1990) refer to as ability to pay. Cabrera et al. (1992) found that merely 
receiving a financial aid package did not positively impact students’ attitude toward aid, 
therefore a measure of one’s ability to pay, did impact academic integration. St. John et al. 
(2000) pointed to a three stage process of a choice-persistence nexus where, in the second state, 
students evaluate the costs and benefits associated with attending a particular institution along 
with their initial commitment to attend and remain at a chosen institution.  
 Research that explores the financial range in which students experience diminished 
satisfaction with aid could be used to guide policies regarding institution-based aid. Such aid 
could be used to address financial need when students are ineligible for Federal grants, such as 
Pell, and/or when students’ perceived ability to pay changes enough to prompt departure from 
the institution. Therefore, the utility of the model might be further enhanced by including a 
measure of student satisfaction with one’s aid package, or specifically, the role that state-funded 
merit aid played in facilitating enrollment at the institution. 
 The decision to remain at the institution may also be potentially linked to issues of social 
integration and collectivist cultural norms that hold potential for influencing students’ 
motivational orientation (Guiffrida, 2006). Similarly, increased probabilities of returning to the 
institution among members of social fraternities and sororities, despite losing Bright Futures 
following the first year of study, suggest that at this institution, such affiliations could constitute 
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a form of social integration that mediates subsequent persistence decisions and strengthens 
institutional commitment, as Tinto (1975, 1986, 1993) suggests.  
 While institutional commitment may increase as a result of social integration, the model 
does not accurately account for income levels among Black students or members of social 
fraternities or sororities. As mentioned previously, nearly 17% of all Bright Futures-eligible 
students in this cohort did not submit a FAFSA, and it can be inferred that among those who did 
not submit a FAFSA that ability to pay was not a concern great enough to deter one from 
enrolling at the institution. In this cohort, 35.8% of Black students who submitted a FAFSA were 
placed in the least affluent EFC grouping (with an annual EFC of less than $1,000), as compared 
to 13.8% of White students who also submitted FAFSAs and were placed into the least affluent 
EFC grouping.  If a financially-sensitive student loses Bright Futures by the end of the first year, 
the need for assuming a greater financial burden increases thus placing additional pressure on the 
student. The implications associated with the loss of merit-based aid clearly include student 
departure.  Future research is recommended to explore whether the loss of Bright Futures 
prompts a future application for need or non-need based loans, as this phenomenon was not 
explored due to the complexity of the institution’s student financial aid database. The student’s 
financial standing and eligibility for certain types of aid (excluding the Bright Futures 
Scholarship) at the point of first enrollment were among the only financial determinants used in 
developing this model. This model could be further enhanced by including variables that account 
for the amount and type of aid a student received beyond the first year of study. 
 Given that membership in a fraternity or sorority is more common among students with 
more discretionary income, it is possible that participation in said groups might have more to do 
with a correlation between affluence and educational attainment rather than between social 
integration and subsequent persistence decisions. Future studies may inform practice by more 
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fully exploring the relationship among ability to pay, satisfaction with the cost of attendance, and 
subsequent enrollment patterns.  Citing the limitation associated with relying on a proxy measure 
to explore social integration (Greek organization membership and campus residency), further 
study might be interested in measuring other types of engagement such as student government 
participation and extracurricular activities sponsored by civic engagement departments. 
 Research has linked a student’s first major to persistence decisions (Aston, 1975; 
Pascarella & Terenzini, 1986). However, discernment over course difficulty continues after a 
student enrolls in college given that students in different majors do not take the same courses 
during the first year. What is not known is if students actively avoid pursuing academically 
intense majors as a strategy for keeping one’s grade point average high and, therefore, retain 
Bright Futures eligibility. This might explain why students declaring majors in Engineering and 
in STEM majors offered by the institution’s College of Arts and Sciences do not do as well at 
retaining Bright Futures beyond the first year. The course requirements associated with these 
programs of study are deemed more difficult in addition to being more prescribed and 
regimented at the outset of the student’s college careers resulting in difficulty in avoiding 
challenging courses during the first year. Given that college grade point average is one criterion 
for retaining Bright Futures, this requirement may inadvertently provide an incentive for not 
declaring a degree in a STEM discipline or other programs perceived to be academically intense 
if retaining the award is more important to the student than one’s chosen major (Lederman, 
2008). This is troublesome given the state- and nationwide emphasis on raising academic 
standards and encouraging students to pursue science, technology, engineering, and mathematics 
(STEM) careers as a means of increasing the state’s and nation’s academic competitiveness 
(Burd, 2006). Therefore, an inability to isolate course-taking patterns among a large number of 
majors available to students at the institution is another limitation associated with this study. 
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Additional research on course-taking patterns would provide better insight about course 
progressions and specific majors linked to higher rates of Bright Futures Scholarship retention. 
 While a student’s high school grade point average and combined score on the SAT (or 
converted ACT score) were evaluated as measures of pre-college academic performance and 
aptitude, what could not be accounted for was the difficulty of the schools from which these 
students graduated. It is also difficult to know whether the strength or difficulty of one’s first-
year course schedule is a primary determinant of retaining Bright Futures. Individual course 
taking patterns during the first year were not isolated or explored in this study. Therefore, there is 
no way to know if the students in question were involved in low academic risk-taking activities, 
such as enrolling in courses that have more generous grade distributions or avoiding traditional 
“gatekeeper” courses with historically high rates of failure or course withdrawal. Again, 
knowledge of course taking patterns, as well as historical rates of course withdrawal or failure 
within certain types of courses popular among first-year students, could improve the application 
of this model on future cohorts. Knowledge of such trends could further augment the institution’s 
supplemental instruction initiatives that focus on peer-to-peer tutoring or mentoring in 
traditionally difficult or “gatekeeper” courses at the institution. 
Research Question Three 
What is the relationship between student background characteristics gathered during the pre-
matriculation phase of admissions and financial aid processing and student post-enrollment 
variables gathered after a student matriculates in predicting which returning students who lose 
the Bright Futures Scholarship after the first year of enrollment are eligible for reinstatement of 
Bright Futures after the second year of enrollment? 
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Summary of Findings 
 Direct logistic regression was performed to assess the impact of a number of variables on 
the likelihood that Bright Futures Scholarship award recipients would recapture their award after 
their second year of college enrollment.  The model contained fifteen variables.  The full model 
containing all predictors was statistically significant X 2 (15, N = 816) = 132.57, p > 0.001, 
indicating that the model was able to distinguish between those students able to recapture their 
Bright Futures Scholarship award after their second year of study from those students who 
remained ineligible for the award.  The model as a whole explained between 15.0% (Cox and 
Snell R square) and 23.2% (Nagelkerke R squared) of the variance between those students who 
recaptured and those students who remained ineligible their Bright Futures award after a second 
year of enrollment, and correctly classified 79.4% of cases.   
 The strongest predictor of recapturing a student’s Bright Futures award was a student’s 
cumulative Grade Point Average at the end of the spring 2010 term, recording an odds ratio of 
7.58.  The mean cumulative Grade Point Average of those students meeting the Bright Futures 
Scholarship Eligibility Requirements for their third year of study was 3.07 (SD = 0.38). These 
students were 7 and a half times more likely to recapture their Bright Futures Scholarship, 
controlling for all other factors in the model.  While maintaining a 3.0 Grade Point Average is an 
eligibility requirement associated with the Bright Futures award, the number of semester hours 
earned (the other academic criterion students must meet in order to retain the award), while 
statistically significant, recorded an odds ratio of 1.03, which is interpreted as a modest, positive 
predictor. The influence of a student’s Combined SAT score (or converted ACT score) was 
statistically significant but only minimally so (recording an odds ratio of 1.002). Comparing the 
mean Combined SAT scores of both groups (students able to recapture Bright Futures = 1173.9, 
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SD = 115.97; students unable to meet Scholarship Eligibility = 1148.6, SD = 110.85) only serves 
to reinforce this slight difference. 
Discussion 
 As noted previously, a predictive model’s utility lies in its ability to calculate 
probabilities of experiencing a particular event, as opposed to predicting which students will 
experience an event such as recapturing Scholarship Eligibility in the third year of study after 
losing Bright Futures at the conclusion of the first college year.  Once again, cumulative Grade 
Point Average at the end of the first college year and cumulative credit hours earned at the 
conclusion of the first college year persist as the strongest, statistically significant factors in the 
developed model. While cumulative credit hours yielded a modest influence, a student’s 
Combined SAT score (or converted ACT score) also represents a modest, yet statistically 
significant effect. Comparing the mean cumulative Grade Point Average of those students able to 
meet the eligibility requirements of the Bright Futures Scholarship, thus recapturing the Award,  
(3.07, SD = 0.38) to those who remained ineligible (2.76, SD = 0.43) is encouraging. While just 
more than 20 percent of study participants were able to regain eligibility, the spread between 
mean Grade Point Averages between the two conditions is quite a bit tighter. This observation 
may suggest that study participants are more accustomed to the norms and practices associated 
with successful student progression and have developed a heightened sense of academic self-
efficacy.  Recommendations for future research include developing qualitative interventions to 
explore student motivation, goal commitment, and academic self-efficacy amongst students 
entering the study institution with a merit-based award such as Florida Bright Futures.   
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Conclusion 
 Student affairs practitioners continue to directly contribute to the responsibility for 
reducing rates of student departure at a given institution. However, with the importance ascribed 
to increasing institutional retention and graduation rates to meet essential commitments made to 
several groups of stakeholders such as state legislative bodies, a common refrain heard on 
campuses today is that “retention is everybody’s business.” Therefore, knowledge about the 
forces that impact student persistence is a critical component of any practitioner’s job. One such 
environmental force that has an impact on student persistence is financial aid. Loss of aid and, 
likewise, loss of an ability to pay, can impact student departure (Cabrera et al., 1990, 1992; St. 
John, 1990; St. John et al., 1996, 2000; Stampen & Cabrera, 1996; Tinto, 1993). Understanding 
factors that promote student success and scholarship retention remain a key concern to 
practitioners who seek to manage their enrollments more effectively. 
 The findings of this study, again, drawing on data associated with a study cohort entering 
the study institution in the fall of 2009, suggest that the use of admissions and financial aid data, 
gathered during the pre-matriculation stage of student enrollment, as well as data gathered after a 
student enrolls, are useful for building models of Bright Futures Scholarship retention, student 
retention after losing Bright Futures following the first year of study, and Bright Futures 
Scholarship recapture following a second year of study. The model-building process used in this 
study confirms that a practical model does not need to contain complex terms, data 
transformations, or interactions to be useful to institutional practitioners. Taken as whole, the 
results indicate that Tinto’s (1975, 1986, 1993) propositions concerning preliminary 
commitments to the institution and to the goal of graduation may play a role in determining 
which students are likely to retain Bright Futures, to return to the institution after losing Bright 
Futures, and to recapture Bright Futures following a second year of study. 
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 Although data were gathered from only one institution, the resulting model can be used 
by other institutions in the state of Florida to predict probabilities of retaining Bright Futures 
following the first year of study, returning to the institution after losing Bright Futures following 
the first year of study, and recapturing Bright Futures following a second year of study. 
Similarly, institutions in states with comparable statewide merit scholarship programs could 
benefit from developing similar models. Given the widespread popularity of Bright Futures 
throughout the state of Florida, these models would be further enhanced through application of 
unit-record data from the Florida Board of Governors, if it were made readily available to 
researchers. However, differences in database structures among state institutions, non-uniform 
definitions for isolating variables of interest, complexity of programming skills needed to 
transform and analyze such data, and lack of political support add to the difficulty of conducting 
a state-wide study such as this.  As the initial eligibility for the Bright Futures Scholarship 
continue to reward heightened academic performance at the secondary level and as increasingly 
diverse groups of students begin their coursework, replicating the procedures outlined in this 
research is important and, in fact, necessary should effective models of merit-based aid retention 
guide practice and inform policy. 
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Appendix A 
Florida Bright Futures Breakout of Student Counts and Total Costs 
 
 
 
 
 
 
 
 
 
Academic Year
Initially Eligible 
Disbursed Students
Renewing Disbursed 
Students
Total Disbursed 
Students
Total Disbursements
1997-1998 23,710 18,609 42,319 $69,566,969
1998-1999 25,343 30,722 56,065 $93,332,570
1999-2000 28,529 42,476 71,005 $131,850,932
2000-2001 32,255 54,801 87,056 $164,769,347
2001-2002 33,050 65,244 98,294 $174,914,917
2002-2003 36,834 73,034 109,868 $202,204,806
2003-2004 39,921 80,716 120,637 $235,188,754
2004-2005 42,994 87,603 130,597 $268,944,369
2005-2006 44,960 95,089 140,049 $306,335,218
2006-2007 47,216 101,415 148,631 $347,014,439
2007-2008 50,499 108,671 159,170 $379,874,911
2008-2009 52,497 116,869 169,366 $429,012,109
2009-2010 53,520 124,092 177,612 $423,532,776
2010-2011 53,800 125,276 179,076 $423,269,545
2011-2012 51,751 122,296 174,047 $333,832,498
2012-2013 44,846 118,134 162,980 $312,150,590
2013-2014 41,142 112,658 153,800 $303,419,763
2014-2015 24,321 104,224 128,545 $257,201,066
Total 727,188 1,581,929 2,309,117 $4,856,415,579
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Appendix B 
Florida High School Graduates Eligible for Bright Futures 
 
 
 
 
 
 
 
 
 
 
Postsecondary 
Academic Year
Estimated Florida 
Public and Private 
High School 
Graduates from 
Previous Academic 
Year
Initially Eligible 
Bright Futures 
Students
Percentage of High 
School Graduates 
Eligible for Bright 
Futures
Initially Eligible 
Bright Futures 
Students Disbursed
Percentage of High 
School Graduates 
Disbursed
1997-1998 103,700 30,701 30% 23,710 23%
1998-1999 107,700 32,048 30% 25,343 24%
1999-2000 112,200 35,614 32% 28,529 25%
2000-2001 116,950 39,729 34% 32,255 28%
2001-2002 121,400 40,580 33% 33,050 27%
2002-2003 131,600 43,040 33% 36,834 28%
2003-2004 137,100 45,067 33% 39,921 29%
2004-2005 140,600 50,965 36% 42,994 31%
2005-2006 143,300 53,703 37% 44,960 31%
2006-2007 147,700 55,993 38% 47,216 32%
2007-2008 154,693 59,706 39% 50,499 33%
2008-2009 164,258 62,360 38% 52,497 32%
2009-2010 169,393 64,004 38% 53,520 32%
2010-2011 172,349 65,253 38% 53,800 31%
2011-2012 173,088 64,345 37% 51,751 30%
2012-2013 172,273 55,513 32% 44,846 26%
2013-2014 177,947 52,154 29% 41,142 23%
2014-2015 176,841 35,694 20% 24,321 14%
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Appendix C 
Florida Bright Futures Disbursement History by Ethnicity 
 
 
 
 
 
 
 
 
 
 
 
Academic Year White (%)
Black or African 
American (%)
Hispanic (%)
Pacific 
Islander/Asian 
(%)
American 
Indian/Alaska 
Native (5)
Other* (%)
Total Bright 
Futures Students 
Disbursed
1997-1998 32,107      (76%) 2,912     (7%) 4,322       (10%) 2,211     (5%) 122     (0.3%) 645       (2%) 42,319
1998-1999 42,725      (76%) 3,793     (7%) 5,686       (10%) 2,792     (5%) 157     (0.3%) 912       (2%) 56,065
1999-2000 53,415      (75%) 4,832     (7%) 7,341       (10%) 3,363     (5%) 198     (0.3%) 1,856     (3%) 71,005
2000-2001 64,724      (74%) 6,030     (7%) 9,513       (11%) 4,076     (5%) 231     (0.3%) 2,482     (3%) 87,056
2001-2002 72,678      (74%) 6,751     (7%) 11,149     (11%) 4,501     (5%) 271     (0.3%) 2,944     (3%) 98,294
2002-2003 80,240      (73%) 7,726     (7%) 13,295     (12%) 5,152     (5%) 270     (0.2%) 3,185     (3%) 109,868
2003-2004 83,738      (69%) 7,979     (7%) 15,136     (13%) 5,380     (4%) 320     (0.3%) 8,084     (7%) 120,637
2004-2005 90,487      (69%) 8,740     (7%) 17,210     (13%) 5,636     (4%) 320     (0.2%) 8,204     (6%) 130,597
2005-2006 95,890      (68%) 9,425     (7%) 19,383     (14%) 6,243     (4%) 363     (0.3%) 8,745     (6%) 140,049
2006-2007 100,290     (67%) 9,894     (7%) 21,339    (14%) 6,558     (4%) 387     (0.3%) 10,163    (7%) 148,631
2007-2008 105,816     (66%) 10,610    (7%) 23,999    (15%) 7,048     (4%) 417     (0.3%) 11,280    (7%) 159,170
2008-2009 110,554     (65%) 11,490    (7%) 26,924    (16%) 7,528     (4%) 436     (0.3%) 12,434    (7%) 169,366
2009-2010 113,146     (64%) 12,291    (7%) 31,829    (18%) 7,694     (4%) 401     (0.2%) 12,251    (7%) 177,612
2010-2011 111,137     (62%) 12,813    (7%) 35,454    (20%) 7,829     (4%) 354     (0.2%) 11,489    (6%) 179,076
2011-2012 104,956     (60%) 13,012     (7%) 37,672    (22%) 7,751     (4%) 314     (0.2%) 10,342    (6%) 174,047
2012-2013 97,044      (60%) 11,887     (7%) 37,312    (23%) 7,491     (5%) 255     (0.2%) 8,991     (6%) 162,980
2013-2014 90,634      (59%) 10,587     (7%) 36,732    (24%) 7,420     (5%) 202     (0.1%) 8,225     (5%) 153,800
2014-2015 76,292      (59%) 8,084      (6%) 30,584     (24%) 6,714     (5%) 162     (0.1%) 6,709     (5%) 128,545
* Includes multiracial students and students whose race is unknown.
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Appendix D 
Florida Bright Futures Students Meeting Renewal Requirements 
 Although students are initially awarded Bright Futures scholarships based on high school 
achievement, students renew their awards based on earned hors and grade point average at the 
postsecondary institution last attended. The chart below shows the percentage of students who 
met the renewal requirements each academic year. 
 
 
 
Academic 
Year
Eligibility 
Status
Bright 
Futures 
Award
Students 
Disbursed
Students 
Meeting 
Renewal 
Requirements
Percentatge 
Meeting 
Renewal 
Requirements
FAS FMS GSV
Initial Bright 
Futures 
Students
Renewal 
Bright 
Futures 
Students
1997-1998 Initial BFFAS 7,011 6,201 88%
1997-1998 Initial BFFMS 9,861 6,444 65%
1997-1998 Initial BFGSV 6,838 4,095 60%
1997-1998 Renewal BFFAS 11,608 11,329 98%
1997-1998 Renewal BFFMS 3,174 2,885 91%
1997-1998 Renewal BFGSV 3,827 3,275 86%
1997-1998 42,319 34,229 81% 94% 72% 69% 71% 94%
1998-1999 Initial BFFAS 7,453 6,598 89%
1998-1999 Initial BFFMS 15,576 10,624 68%
1998-1999 Initial BFGSV 2,314 1,226 53%
1998-1999 Renewal BFFAS 14,132 13,641 97%
1998-1999 Renewal BFFMS 9,569 8,317 87%
1998-1999 Renewal BFGSV 7,021 6,065 86%
1998-1999 56,065 46,471 83% 94% 75% 78% 73% 91%
1999-2000 Initial BFFAS 7,926 7,061 89%
1999-2000 Initial BFFMS 18,201 12,590 69%
1999-2000 Initial BFGSV 2,402 1,247 52%
1999-2000 Renewal BFFAS 16,348 15,892 97%
1999-2000 Renewal BFFMS 22,221 19,740 89%
1999-2000 Renewal BFGSV 3,907 3,355 86%
1999-2000 71,005 59,885 84% 95% 80% 73% 73% 92%
2000-2001 Initial BFFAS 6,031 5,499 91%
2000-2001 Initial BFFMS 24,184 17,225 71%
2000-2001 Initial BFGSV 2,040 1,187 58%
2000-2001 Renewal BFFAS 18,443 18,007 98%
2000-2001 Renewal BFFMS 34,296 30,979 90%
2000-2001 Renewal BFGSV 2,062 1,679 81%
2000-2001 87,056 74,576 86% 96% 82% 70% 74% 92%
2001-2002 Initial BFFAS 6,345 5,683 90%
2001-2002 Initial BFFMS 25,495 17,481 69%
2001-2002 Initial BFGSV 1,210 645 53%
2001-2002 Renewal BFFAS 18,390 17,732 96%
2001-2002 Renewal BFFMS 45,078 39,908 89%
2001-2002 Renewal BFGSV 1,776 1,378 78%
2001-2002 98,294 82,827 84% 95% 81% 68% 72% 90%
ALL
ALL
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Academic 
Year
Eligibility 
Status
Bright 
Futures 
Award
Students 
Disbursed
Students 
Meeting 
Renewal 
Requirements
Percentatge 
Meeting 
Renewal 
Requirements
FAS FMS GSV
Initial Bright 
Futures 
Students
Renewal 
Bright 
Futures 
Students
2002-2003 Initial BFFAS 7,064 6,461 91%
2002-2003 Initial BFFMS 28,447 20,379 72%
2002-2003 Initial BFGSV 1,323 755 57%
2002-2003 Renewal BFFAS 18,055 17,614 98%
2002-2003 Renewal BFFMS 53,676 49,115 92%
2002-2003 Renewal BFGSV 1,303 1,094 84%
2002-2003 109,868 95,418 87% 96% 85% 70% 75% 93%
2003-2004 Initial BFFAS 7,705 7,025 91%
2003-2004 Initial BFFMS 30,812 21,970 72%
2003-2004 Initial BFGSV 1,404 782 57%
2003-2004 Renewal BFFAS 18,091 17,632 98%
2003-2004 Renewal BFFMS 61,430 56,054 92%
2003-2004 Renewal BFGSV 1,195 1,001 84%
2003-2004 120,637 104,464 87% 96% 85% 70% 75% 93%
2004-2005 Initial BFFAS 8,560 7,815 91%
2004-2005 Initial BFFMS 32,967 23,236 70%
2004-2005 Initial BFGSV 1,467 850 58%
2004-2005 Renewal BFFAS 18,912 18,441 98%
2004-2005 Renewal BFFMS 67,543 61,389 91%
2004-2005 Renewal BFGSV 1,148 933 81%
2004-2005 130,597 112,664 86% 96% 84% 68% 74% 92%
2005-2006 Initial BFFAS 9,010 7,815 90%
2005-2006 Initial BFFMS 34,511 23,236 69%
2005-2006 Initial BFGSV 1,439 850 54%
2005-2006 Renewal BFFAS 20,690 18,441 97%
2005-2006 Renewal BFFMS 73,039 61,389 91%
2005-2006 Renewal BFGSV 1,360 933 83%
2005-2006 140,049 120,342 86% 95% 84% 68% 73% 92%
2006-2007 Initial BFFAS 9,302 8,442 91%
2006-2007 Initial BFFMS 36,451 25,793 71%
2006-2007 Initial BFGSV 1,463 829 57%
2006-2007 Renewal BFFAS 22,262 21,699 97%
2006-2007 Renewal BFFMS 79,114 71,770 91%
2006-2007 Renewal BFGSV 39 24 62%
2006-2007 148,631 128,557 86% 95% 84% 57% 74% 92%
2007-2008 Initial BFFAS 9,885 9,045 92%
2007-2008 Initial BFFMS 39,097 27,761 71%
2007-2008 Initial BFGSV 1,517 835 55%
2007-2008 Renewal BFFAS 23,730 21,810 92%
2007-2008 Renewal BFFMS 84,852 72,049 85%
2007-2008 Renewal BFGSV 89 61 69%
2007-2008 159,170 131,561 83% 92% 81% 56% 75% 86%ALL
ALL
ALL
ALL
ALL
ALL
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Academic 
Year
Eligibility 
Status
Bright 
Futures 
Award
Students 
Disbursed
Students 
Meeting 
Renewal 
Requirements
Percentatge 
Meeting 
Renewal 
Requirements
FAS FMS GSV
Initial Bright 
Futures 
Students
Renewal 
Bright 
Futures 
Students
2008-2009 Initial BFFMS 40,361 28,706 71%
2008-2009 Initial BFGSV 1,557 887 57%
2008-2009 Renewal BFFAS 25,150 23,025 92%
2008-2009 Renewal BFFMS 91,640 77,899 85%
2008-2009 Renewal BFGSV 79 47 59%
2008-2009 169,366 140,197 83% 91% 81% 57% 75% 86%
2009-2010 Initial BFFAS 11,313 10,165 90%
2009-2010 Initial BFFMS 40,783 27,747 68%
2009-2010 Initial BFGSV 1,424 737 52%
2009-2010 Renewal BFFAS 26,650 23,824 89%
2009-2010 Renewal BFFMS 96,406 79,065 82%
2009-2010 Renewal BFGSV 1,036 791 76%
2009-2010 177,612 142,329 80% 90% 78% 62% 72% 84%
2010-2011 Initial BFFAS 11,501 10,301 90%
2010-2011 Initial BFFMS 40,957 28,052 68%
2010-2011 Initial BFGSV 1,342 662 49%
2010-2011 Renewal BFFAS 27,668 25,522 92%
2010-2011 Renewal BFFMS 96,013 80,875 84%
2010-2011 Renewal BFGSV 1,595 1,272 80%
2010-2011 179,076 146,684 82% 91% 80% 66% 73% 86%
2011-2012 Initial BFFAS 11,614 10,233 88%
2011-2012 Initial BFFMS 38,891 26,424 68%
2011-2012 Initial BFGSV 1,246 638 51%
2011-2012 Renewal BFFAS 28,179 25,384 90%
2011-2012 Renewal BFFMS 92,243 75,415 82%
2011-2012 Renewal BFGSV 1,874 1,208 64%
2011-2012 174,047 139,302 80% 90% 78% 59% 72% 83%
2012-2013 Initial BFFAS 12,084 10,645 88%
2012-2013 Initial BFFMS 32,270 22,886 71%
2012-2013 Initial BFGSV 492 279 57%
2012-2013 Renewal BFFAS 28,529 25,486 89%
2012-2013 Renewal BFFMS 87,869 72,637 83%
2012-2013 Renewal BFGSV 1,736 1,083 62%
2012-2013 162,980 133,016 82% 89% 80% 61% 75% 84%
2013-2014 Initial BFFAS 11,959 10,499 88%
2013-2014 Initial BFFMS 28,684 20,794 72%
2013-2014 Initial BFGSV 499 306 61%
2013-2014 Renewal BFFAS 29,536 25,524 86%
2013-2014 Renewal BFFMS 81,905 65,957 81%
2013-2014 Renewal BFGSV 1,217 753 62%
2013-2014 153,800 123,833 81% 87% 78% 62% 77% 82%
2014-2015 Initial BFFAS 11,005 9,642 88%
2014-2015 Initial BFFMS 12,434 9,756 78%
2014-2015 Initial BFGSV 882 613 70%
2014-2015 Renewal BFFAS 29,757 25,448 86%
2014-2015 Renewal BFFMS 73,636 59,291 81%
2014-2015 Renewal BFGSV 831 473 57%
2014-2015 128,545 105,223 82% 86% 80% 63% 82% 82%
ALL
ALL
ALL
ALL
ALL
ALL
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Appendix E 
Florida Bright Futures Postsecondary Enrollment 
 
 
 
 
 
 
 
 
 
 
Academic 
Year
Number of 
Students 
Disbursed at 
Public State 
Universities
Percentage of 
Students 
Disbursed at 
Public State 
Universities
Number of 
Students 
Disbursed at 
Florida Colleges                
(Public 
Community 
Colleges)
Percentage of 
Students 
Disbursed at 
Florida Colleges                
(Public 
Community 
Colleges)
Number of 
Students 
Disbursed at 4 
Year Private 
Institutions
Percentage of 
Students 
Disbursed at 4 
Year Private 
Institutions
Number of 
Students 
Disbursed at 
Other
1 
Institutions
Percentage of 
Students 
Disbursed at 
Other
1 
Institutions
Total
2
1997-1998 27,209 63.1% 11,034 25.6% 4,738 11.0% 129 0.3% 43,110
1998-1999 38,126 66.6% 12,766 22.3% 6,229 10.9% 99 0.2% 57,220
1999-2000 50,311 68.9% 14,795 20.3% 7,683 10.5% 214 0.3% 73,003
2000-2001 64,137 69.6% 18,329 19.9% 9,503 10.3% 233 0.3% 92,202
2001-2002 71,331 71.1% 17,926 17.9% 10,742 10.7% 268 0.3% 100,267
2002-2003 80,066 71.3% 20,101 17.9% 11,844 10.5% 273 0.2% 112,284
2003-2004 87,593 71.3% 22,501 18.3% 12,531 10.2% 309 0.3% 122,934
2004-2005 94,465 70.9% 24,965 18.7% 13,474 10.1% 271 0.2% 133,175
2005-2006 101,919 71.3% 26,675 18.7% 14,031 9.8% 320 0.2% 142,945
2006-2007 107,534 70.8% 29,471 19.4% 14,549 9.6% 317 0.2% 151,871
2007-2008 112,234 69.0% 34,932 21.5% 15,177 9.3% 360 0.2% 162,703
2008-2009 115,647 66.8% 41,191 23.8% 15,729 9.1% 487 0.3% 173,054
2009-2010 120,640 66.5% 44,176 24.3% 16,135 8.9% 512 0.3% 181,463
2010-2011 123,945 67.6% 42,640 23.3% 16,219 8.8% 470 0.3% 183,274
2011-2012 123,760 69.6% 37,807 21.2% 15,939 9.0% 414 0.2% 177,920
2012-2013 119,171 71.8% 31,305 18.9% 15,156 9.1% 384 0.2% 166,016
2013-2014 115,241 73.7% 26,323 16.8% 14,432 9.2% 351 0.2% 156,347
2014-2015 100,698 77.4% 17,045 13.1% 12,089 9.3% 259 0.2% 130,091
1 
Includes 2 Year Private Institutions and Vocational/Technical Schools
2 
Represents a duplicated count. Some students are disbursed at more than one institution.
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Appendix F 
Data Dictionary 
Variable  Description      Values   
CGPAF09  Cumulative grade point average for   0.00 – 4.00 
fall 2009 semester 
 
CGPAF10  Cumulative grade point average for   0.00 – 4.00 
   fall 2010 semester 
 
CGPAF11  Cumulative grade point average for   0.00 – 4.00 
   fall 2011 semester 
 
CGPAS10  Cumulative grade point average for   0.00 – 4.00 
   spring 2010 semester 
 
CGPAS11  Cumulative grade point average for   0.00 – 4.00 
   spring 2011 semester 
 
CHREF09  Cumulative hours earned fall 2009 semester  0 - ? 
 
CHREF10  Cumulative hours earned fall 2010 semester  0 - ? 
 
CHREF11  Cumulative hours earned fall 2011 semester  0 - ? 
 
CHRES10  Cumulative hours earned spring 2010 semester 0 - ? 
 
CHRES11  Cumulative hours earned spring 2011 semester 0 - ? 
 
EFCG1  Annual Estimated Family Contribution (EFC) 0 = False 
   $0 – 999      1 = True 
 
EFCG2  Annual EFC $1,000 – 1,999    0 = False 
          1 = True 
 
EFCG3  Annual EFC $2,000 – 2,999    0 = False 
          1 = True 
 
EFCG4  Annual EFC $3,000 – 3,999    0 = False 
          1 = True 
 
EFCG5   Annual EFC $4,000 – 4,999    0 = False 
          1 = True 
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Variable  Description      Values   
EFCG6  Annual EFC $5,000 – 5,999    0 = False 
          1 = True 
 
EFCG7  Annual EFC $6,000 – 6,999    0 = False 
          1 = True 
 
EFCG8  Annual EFC $7,000 – 7,999    0 = False 
          1 = True 
 
EFCG9  Annual EFC $8,000 – 8,999    0 = False 
          1 = True 
 
EFCG10  Annual EFC $9,000 – 9,999    0 = False 
          1 = True 
 
EFCG11  Annual EFC $10,000 + or did not file FAFSA 0 = False 
          1 = True 
 
ETHNIC1  Dummy variable representing Native   0 = False 
   American      1 = True 
 
ETHNIC2  Dummy variable representing African   0 = False 
   American      1 = True 
 
ETHNIC3  Dummy variable representing Asian/Pacific   0 = False 
   Islander      1 = True 
 
ETHNIC4  Dummy variable representing Hispanic  0 = False 
          1 = True 
 
ETHNIC5  Dummy variable representing No Response  0 = False 
          1 = True 
ETHNIC6  Dummy variable representing Other   0 = False 
          1 = True 
 
FALL_10  Retention variable denoting student’s return to  0 = Not Retained 
   Institution for fall 2010 semester   1 = Retained 
 
FUND4TOT  Total amount of aid awarded excluding Bright $0 - ? 
   Futures Scholarship award    
 
FINAIDAPP  Descriptive variable denoting student’s   0 = Non-filer 
   Submittal of a Free Application for Federal  1 = Filer 
   Student Aid (FAFSA) form 
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Variable  Description      Values   
FYGPA  First-year cumulative grade point average for  0.0 – 4.0 
   fall 2009 and spring 2010 semesters 
 
FYHRS  First-year credit hours earned during the   0 - ? 
   fall 2009 and spring 2010 semesters 
 
GRKS10  Social fraternity or sorority affiliation during 0 = False 
   first college year (spring 2010)   1 = True 
 
GRKS11  Social fraternity or sorority affiliation during 0 = False 
   second college year (spring 2011)   1 = True 
 
GETBACK_FAS Florida Bright Futures Scholarship recapture  0 = Not Eligible 
   variable denoting whether a student was eligible 1 = Eligible 
   to regain the FAS award by the end of the second  
   year of enrollment 
 
GETBACK_FMS Florida Bright Futures Scholarship recapture  0 = Not Eligible 
   variable denoting whether a student was eligible 1 = Eligible 
   to regain the FMS award by the end of the second  
   year of enrollment 
 
HSGPA  Cumulative high school grade point average  0.00 – 6.00 
   as denoted on a student’s final high school 
   transcript 
 
KEEP_FAS  Bright Futures Scholarship retention variable 0 = Not Eligible 
   denoting whether a student was eligible to  1 = Eligible 
   continue receiving the FAS award after the  
   first year of enrollment 
 
KEEP_FMS  Bright Futures Scholarship retention variable 0 = Not Eligible 
   denoting whether a student was eligible to  1 = Eligible 
   continue receiving the FMS award after the  
   first year of enrollment 
NBG   Total need-based grant awarded during the first  $0 - ? 
   year of enrollment 
 
NBL   Total need-based loan awarded during the first $0 - ? 
   year of enrollment 
 
NNBL   Total non-need-based loan awarded during the $0 - ? 
   first year of enrollment 
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Variable  Description      Values   
OFFCAMPUSF09 Off-campus residence for fall 2009   0 = On campus 
          1 = Off campus 
 
OFFCAMPUSF10 Off-campus residence for fall 2010   0 = On campus 
          1 = Off campus 
 
SCH1   Dummy variable representing the College  0 = False 
   of the Arts as the College housing a student’s 1 = True 
   first major at the Drop/Add period; Fall 2009 
 
SCH2   Dummy variable representing the College  0 = False 
   of Behavioral and Community Sciences  1 = True 
   as the College housing a student’s first  
major at the Drop/Add period; Fall 2009 
 
SCH3   Dummy variable representing the College  0 = False 
   of Business as the College housing a student’s 1 = True 
   first major at the Drop/Add period; Fall 2009 
 
SCH4   Dummy variable representing the College  0 = False 
   of Education as the College housing a student’s 1 = True 
   first major at the Drop/Add period; Fall 2009 
 
SCH5   Dummy variable representing the College  0 = False 
   of Engineering as the College housing a student’s 1 = True 
   first major at the Drop/Add period; Fall 2009 
 
SCH6   Dummy variable representing the College  0 = False 
   of Public Health as the College housing a  1 = True 
   student’s first major at the Drop/Add period;  
   Fall 2009 
SCH7   Dummy variable representing those students  0 = False 
   Responding “Undeclared” to questions about their 1 = True 
   first major at the Drop/Add period; Fall 2009 
 
SEX   Gender      0 = Female 
          1 = Male 
 
SM   SAT Math or converted ACT equivalent  200 – 800 
 
ST   SAT Total or converted ACT equivalent  400 – 1600 
   (SAT Verbal + SAT Math) 
 
SV   SAT Verbal or converted ACT equivalent  200 – 800 
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Variable  Description      Values   
SYGPA  Second-year cumulative grade point average for 0.00 – 4.00 
   fall 2010 and spring 2011 
 
SYHRS  Second-year credit hours earned fall 2010 and 0 - ? 
   spring 2011 
 
 
 
 
 
 
 
 
  
 
 
 
 
 
